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Synthesis Report – Decision Making Processes and Influential Cues in Social Media 

 

 

In the current era of digitization, the extensive utilization of social media has 

revolutionized our communication methods. People can easily share personal stories and 

opinions, connect with loved ones, obtain news from diverse sources, and follow their 

preferred brands. In 2023, a remarkable 5.2 billion individuals were reportedly active users of 

different social media and messaging apps, spending an average of 2.5 hours daily on these 

platforms1. This development has not only enhanced online interaction but also broken down 

geographical and time barriers, challenging the dominance of traditional media with a new 

two-way information exchange. This change has opened up possibilities for both individuals 

and enterprises, redefining how people, as well as brands and consumers, interact. The 

growing impact of social media on consumers has spurred a significant academic 

investigation into its effect on our everyday lives. This thesis, comprising three articles, aims 

to investigate the signals and cues utilized by individuals as they search for information to 

make informed decisions in the online realm. 

The advent of social media has subjected us to a constant influx of information, which, 

while diverse in purpose, consumes a considerable amount of our time daily. However, this 

plethora of data does not assure optimal decision-making. As Herbert A. Simon highlighted 

an excess of information can overwhelm our focus and attention (1971). The human cognitive 

system, known for its limited processing capacities, is likely to experience compromised 

decision-making quality under information excess (Gross, 1964). The rise of social media has 

increased the likelihood of consumers experiencing information overload (Rodriguez et al., 

 
1  https://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/ 



 

 
 

 
 

17 

 
2014), leading to a compromise between efficiency and accuracy in assessing information 

credibility (Fogg, 2003). To navigate this, consumers often employ specific cues and 

heuristics to aid their decisions (Tversky & Kahneman, 1974) and evaluate social media 

content (Hilligoss & Rieh, 2008; Ranganathan, 2012). 

The Elaboration Likelihood Model (ELM) outlines two information processing routes: 

central and peripheral (Petty & Cacioppo, 1986). The central route involves careful evaluation 

of information content, which can be inefficient in an information-rich environment. 

Conversely, the peripheral route employs heuristics, requiring less cognitive effort and aiding 

decision-making amid uncertainty (Tversky & Kahneman, 1974). This dynamic highlights the 

challenge of balancing efficient information gathering with effective decision-making on 

platforms like Twitter, where users typically spend only three seconds per tweet (Counts & 

Fisher, 2011). In this thesis, we concentrate on the peripheral routes of decision-making on 

social media, as these appear to be the common shortcuts that users typically employ for their 

decision-making. 

The first article systematically reviews papers centered on decision-making in digital 

environments. It summarizes the prevailing literature from business, management, and 

communication journals over the past decade, with a focus on the cues and signals individuals 

use for decision-making. This includes assessing the credibility and authenticity of users, their 

social media posts, and the sponsored content influencers produce across various platforms 

such as Twitter, Instagram, and YouTube. Ultimately, the paper identifies research gaps in the 

literature and offers practical suggestions for brands and influencers to align content creation 

more closely with the decision-making strategies of users and consumers. 
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The second article addresses a critical research gap identified in the first essay, 

focusing on how people assess the credibility of social media posts, such as tweets, without 

access to the source of information and relying solely on available post stats (i.e., the number 

of comments and likes). It investigates a phenomenon known as ‘ratioing,’ where a post 

receives more comments than likes. We hypothesized that users find high-ratio posts less 

credible than low-ratio ones, and we explored and tested this through one field study and five 

experiments. Findings indicate that high ratios are perceived as a lack of consensus, affecting 

users’ buying behavior and purchase intention. This article enhances our understanding of 

information processing on social media, offering valuable insights for companies. 

Specifically, we propose a content creation strategy to mitigate the adverse effects of ratioing, 

particularly for potentially controversial posts. 

The third article examines another research gap identified in the first essay, focusing 

on how consumers respond to the comment section of posts, especially when it is restricted by 

the user who made the post. We posit that when social media posts restrict others, such as 

followers, from commenting, it might negatively affect how consumers view the brand behind 

the post. Specifically, consumers might see the inability to comment as stifling free speech, 

leading to unfavorable opinions towards the brand or individual responsible for that post. We 

used a field study and seven online experiments to validate this hypothesis. The studies reveal 

that the act of closing the comment section influences attitudes toward the brand through 

perceived censorship, increasing user suspicion. We also found that this pattern holds true 

across different scenarios, including the significance of the topic and whether blocking 

comments is a consistent communication strategy by the author.  
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Review Paper: Unlocking the Power of Cues and Signals for Informed Decision-Making 

on Social Media 

 

ABSTRACT 

In today’s digital age, the widespread use of social media has transformed how we 

communicate. Individuals effortlessly share personal narratives and opinions, engage with 

family and friends, access news from various outlets, and keep tabs on their favorite brands. 

This has not only enriched the online interactive experience but also shattered geographical 

and temporal boundaries while challenging the information monopoly once held by traditional 

media, by the new bi-directional path of information sharing. This shift has created 

opportunities for both individuals and businesses, reshaping the way people connect, 

particularly for both brands and consumers. The increasing influence of social media on 

consumers has led to extensive academic research exploring its impact on our daily lives. This 

article focuses on the field of business and management studies, specifically examining the 

signals and cues that individuals employ when seeking information for their decision-making, 

whether in the online or offline realm. These signals facilitate or hinder actions like adopting 

new ideas, sharing content, and making online purchases. Our goal is to uncover the 

underlying motivations behind these actions and, in turn, help businesses refine their 

strategies for effective social media engagement. Additionally, we aim to highlight potential 

research gaps in the literature that need addressing to better understand the decision-making 

process of users in social media. 

 

Keywords: Social Media, Information Processing, Decision Making, Social Cues, Heuristics 
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1. Introduction 

Social media have become an integral part of nearly everyone’s daily life. Whether it 

is for entertainment, connecting with friends, staying updated on the latest news, or even as a 

means of livelihood, social media have permeated our existence. In 2023, an astonishing 5.2 

billion people were estimated to be active users of various social media platforms and 

messaging apps, with an average daily usage of 2.5 hours per person on those platforms2.  

Furthermore, in contrast to traditional media, where individuals were often categorized as 

either content consumers or content creators, there is now a blurred line between these roles 

on social media platforms. This is because almost all of us, at some point, have made 

contributions to social media by posting stories on Instagram, tweeting on Twitter, or 

engaging with posts through comments and likes. This surge in usage has not only intensified 

the quantity of information but has also elevated the quality of communication, owing to the 

two-way interaction between users and content creators, including brands, influencers, 

politicians, celebrities, and more (Hudson et al., 2016). For example, currently, more than 25 

million businesses are leveraging Instagram’s robust ecosystem, which includes built-in 

shopping features, sophisticated advertising platforms that offer user targeting and retargeting 

options, and various communication tools. These capabilities enable businesses to engage 

more effectively with both prospective and existing customers, something that was not 

possible before the rise of social media3. 

On the other hand, we are constantly bombarded with information from various 

sources, ranging from textual to visual content. This constant stream serves various purposes, 

whether it is for entertainment, business, or news, and can occupy us for hours each day. 

However, this onslaught of information cannot guarantee the perfect decision-making for us. 

 
2 https://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/ 
3 https://blog.gitnux.com/instagram-shopping-statistics/ 
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Herbert A. Simon’s words, “wealth of information creates a poverty of attention” (1971, p. 

40), aptly capture this predicament. Essentially, when we are inundated with an overload of 

information, our ability to concentrate on any single piece of it diminishes. Compounding this 

challenge is the fact that individuals have a limited capacity to process a vast amount of 

information, leading to what we commonly refer to as “information overload” (Frias et al., 

2008). The rise of social media has only exacerbated this issue, as pointed out by Rodriguez 

and colleagues (2014) by making the information sources more diverse than ever. 

Consequently, people now face the daunting task of efficiently managing their attention 

amidst this information overload (Simon, 1971). Furthermore, they must strike a delicate 

balance between quickly assessing information for its reliability and taking the time for a 

more thorough evaluation (Fogg, 2003). For example, when users typically spend only three 

seconds reading a tweet, the question arises: how can one strike a balance between efficient 

information gathering and effective decision-making on social media platforms such as 

Twitter (Counts & Fisher, 2011)? 

Before jumping into questions related to decision-making based on information, it is 

essential to establish a clear understanding of what information itself constitutes. According to 

the Merriam-Webster Dictionary, information is defined as “knowledge obtained from 

investigation, study, or instruction.” However, to grasp the philosophical essence of this 

abstract concept, we must explore its various dimensions. As Madden (2000) aptly pointed 

out, information exhibits four distinct characteristics. 

Firstly, in alignment with Merriam’s definition, information serves as a representation 

of knowledge. It possesses the capacity to impart fresh insights into our decision-making 

process, allowing our cognitive processes to transition from one state to the next. Secondly, 

information can be gleaned from a variety of environmental stimuli and phenomena, not all of 

which are intentionally designed to convey a message. Nevertheless, when interpreted 
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correctly, these stimuli can be informative and reveal concealed cues and signals. For 

instance, consider the implications of a photograph posted on a social media platform, its 

number of likes, and the comments it garners. Thirdly, it is crucial to recognize that 

information is a component of the communication process itself, rather than constituting the 

entire communication. This dimension is pivotal in understanding the multifaceted nature of 

information and how its interpretation can vary within different contexts. Lastly, information 

can be viewed as a commodity transferred from a sender to a receiver, with its value and 

significance subject to change over time. This dynamic flow of information underscores the 

fluid nature of its meaning. Now armed with this comprehensive definition, we are prepared 

to explore how information is utilized in the decision-making process. 

The heuristic-systematic model (HSM) and elaboration likelihood model (ELM) 

provide a comprehensive framework for understanding how individuals process information 

and change their attitudes based on the central (systematic) or peripheral (heuristic) routes of 

information processing (Chen & Chaiken, 1999; Petty & Cacioppo, 1986). The central route 

involves a meticulous examination of the information’s content to determine its inherent value 

before forming an attitude. In essence, information quality becomes the primary determinant 

of an individual’s attitude in this route, which seems not efficient in today’s digital era with an 

abundance of information. On the other hand, the peripheral route relies on peripheral cues or 

heuristics to shape attitudes, requiring less cognitive effort than the central route. In other 

words, facing an information overload, consumers often resort to specific cognitive shortcuts 

known as heuristics, which serve as mental strategies to facilitate decision-making under 

conditions of uncertainty (Tversky & Kahneman, 1974). 

The primary distinction between the two theories lies in how they explain how 

individuals process information. The HSM suggests that people simultaneously employ two 

modes, heuristic and systematic, while processing perceived information. On the other hand, 
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the ELM contends that individuals can utilize only one mode, either peripheral or central, for 

information processing (Xiao et al., 2018). For example, based on ELM, the extent to which 

individuals employ information quality, peripheral cues, and heuristics in processing 

information hinges on their elaboration likelihood, a concept that encompasses both their 

motivation and ability to evaluate information (Pee, 2012). In essence, it is individuals’ 

willingness and capacity to critically assess the information they encounter on social media 

that dictate whether they delve deeply into content or rely on shortcuts and cues to navigate 

the information overload. Another significant discovery from the ELM is that the central route 

or systematic thinking can result in enduring attitude changes, whereas the peripheral route or 

heuristic thinking can lead to more transient ones (Petty, 2018). 

ELM also sheds light on how decision-making processes differ in digital environments 

compared to traditional media, such as newspapers and television. As previously mentioned, 

users on social media platforms may spend only three seconds reading a post, while they are 

exposed to hundreds of other posts in a single day (Counts & Fisher, 2011). This stands in 

stark contrast to the days of limited newspaper articles and relatively fewer television 

channels, where program repetitions were common. Consequently, individuals had more time 

to ponder newspaper articles or scrutinize the details of TV commercials. According to ELM, 

users of traditional media had the luxury of dedicating more cognitive effort to these contents. 

Therefore, they were more inclined to rely on a systematic route of thinking rather than 

peripheral cues. For instance, factors like source credibility (Hovland & Weiss, 1951) and 

news medium credibility (Graziano & McGrath, 1986) have always been pivotal in traditional 

journalism. However, they also relied on characteristic cues, such as the source’s identity, 

familiarity, or design, to assess the information (Metzger et al., 2003; Lucassen & Schraagen, 

2013). 
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In our current digital era, as the information landscape continues to evolve, 

understanding how individuals navigate the constant stream of information on social media 

using heuristics provides valuable insights into the dynamics of online decision-making. 

Consequently, in this article, we aim to illustrate the primary heuristics and cues that 

consumers routinely employ in their decision-making processes. By doing so, we shed light 

on how brands can utilize these elements to establish more efficient and seamless 

communication with both their existing and potential customers. 

It's important to note that decision-making on social media extends beyond news 

consumption and exposure to social media advertisements. It can be relevant even when we 

are using it purely for entertainment purposes. Take, for example, watching a humorous 

meme on Twitter. You might decide to interact with the post, leave a comment, share it with 

your followers, or even follow the user who posted it. These actions tie your digital persona 

and reputation to the content of the post, particularly the original poster (Metaxas et al., 2015). 

Thus, decision-making is still present in our interactions, albeit on a potentially smaller scale. 

2. Decision-making – central and peripheral 

In our daily lives, we are continually exposed to a wealth of information that plays a 

crucial role in helping us understand our surroundings and make decisions. Even as you read 

this sentence, your brain is not only processing the text but also taking in environmental cues, 

perhaps even listening to music, all while making decisions about whether to continue 

reading. According to the Elaboration Likelihood Model (ELM) proposed by Petty and 

Cacioppo in 1986, you are essentially following one of two paths in making these decisions. 

First, in the context of information processing, one approach is to employ logical and 

systematic reasoning, a process associated with the central route. This route involves a 
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structured, objective assessment of the information, often relying on logical causal 

relationships between the information and the ultimate decision. People typically opt for the 

central route when they are motivated and capable of engaging in this more effortful cognitive 

process (Petty, 2013). For instance, consider a question like “What is the capital of Iran?” In 

this case, you have three options: you may already know the answer, you can take the time to 

search for it on the internet, or you might choose not to answer the question. In all these cases, 

you are employing the central route in your decision-making, which, in this context, is aimed 

at whether or not to answer the question. 

Conversely, the peripheral route becomes relevant when there is a lack of motivation 

or an inability to deeply engage with the information. In such situations, individuals rely on 

correlational cues and signals to guide their decisions, effectively taking a shortcut that 

requires less cognitive effort. This route involves drawing associations and patterns from the 

information rather than delving into the specifics of causality (Petty, 2013). For example, if 

someone were to ask you, “Which of two Iranian cities is more populated, Tehran or Zanjan?” 

there is a good chance you might answer “Tehran,” even if you do not have the exact 

population figures. This tendency to choose Tehran is an application of the recognition 

heuristic (Goldstein & Gigerenzer, 1999). Essentially, you make a decision shortcut based on 

your familiarity with the name of Tehran compared to Zanjan, assuming that the better-known 

city is likely more developed and populated. In this way, you make a decision without 

possessing the actual answer but by using cues and signals embedded in the question itself, 

which actually ends up with the correct answer. In the realm of decision-making via the 

peripheral route, we often rely on various cues, each carrying its own weight in our decision-

making process. These cues are typically gathered through specific search algorithms tailored 

to the situation at hand (Rieskamp & Hoffrage, 1999). What is particularly fascinating is that 

these cues can exhibit different dynamics with each other depending on the context. 
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For instance, in some situations, we may employ the cues in a “compensatory” 

manner. This means that the cues and signals are collected from the context and then 

weighted based on their perceived importance in our minds, allowing for a comparative 

evaluation. On the other hand, in different scenarios, the cues function in a “non-

compensatory” fashion. This implies that the mere presence of a specific cue can conclude the 

decision-making process, rendering further search unnecessary (Meinert & Krämer 2022). 

Furthermore, a heightened level of systematic processing, or availability of systematic 

information, can reduce the impact of heuristic processing on an individual’s evaluation of a 

message. The concept of the additivity effect highlights that both systematic and heuristic 

processing independently influence a person’s assessment of a message when both modes are 

present simultaneously (Maheswaran & Chaiken, 1991).  

For example, consider a scenario where you are pondering whether Tehran or Zanjan 

is the capital of Iran, and which is more populous. If your trusted friend, who happens to be an 

Iranian political scientist, confidently informs you that Tehran holds both distinctions, you 

may well conclude your search for additional cues in your decision-making process. In this 

case, the authority and expertise of your friend’s opinion act as a powerful non-compensatory 

cue, outweighing any prior lack of familiarity with Tehran or Zanjan. Thus, as you process the 

information in this very moment, you may find yourself consciously or unconsciously 

choosing between these two routes—either engaging in thoughtful, systematic reasoning or 

relying on shortcuts and cues to make decisions based on the information at hand. 

Understanding these processes can shed light on how individuals make choices and interpret 

the vast array of information they encounter in their daily lives. 
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3. Peripheral decision-making on social media 

In today’s digital era, the landscape of social media has become an increasingly 

complex and fast-paced ecosystem, replete with diverse information sources, a myriad of 

users, brands, and an ever-changing array of content. This complexity often leaves us with 

little time or inclination to carefully evaluate each piece of information through meticulous, 

systematic reasoning, commonly referred to as the “central path” in decision-making research 

(Rodriguez et al., 2014). As a result, we increasingly resort to heuristics and quick cues to 

navigate this information overload. 

For example, in particular, the way we process news information has been 

fundamentally altered by platforms like Twitter. Unlike the traditional newspaper reading 

experience, which often employs a more systematic approach to spending time reading and 

speculating the news, social media encourage users to rapidly assess the credibility of 

information using heuristic methods (Meinert & Krämer, 2022). These shortcuts might 

include looking at the authority or popularity of the source, or how widely an article has been 

shared. 

The academic literature on decision-making in social media environments is vast. 

Many studies focus on either the features of the content itself or the characteristics of the 

message provider—be it brands, influencers, friends, or regular users. These studies examine 

how these factors influence consumer behavior, particularly in terms of perceived credibility, 

authenticity, usefulness, and subsequent purchase intentions. accordingly, research suggests 

that both the nature of the messenger and the quality of the message play crucial roles in 

shaping the perceived usefulness of reviews (Liu & Park, 2015). 
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Source credibility has been also a focal point in understanding persuasion and 

information processing. While some researchers define source credibility as a feature that 

influences the audience’s perception of the persuasiveness of the speaker (Metzger et al., 

2003), others like O’Keefe (1990) argue that it is a receiver-based construct, meaning that the 

audience grants the speaker a certain level of perceived credibility. Following this line of 

thought, Wathen and Burkell (2002) concluded that source credibility directly impacts the 

credibility of the information itself. 

The challenge of verifying information credibility is exponentially compounded in the 

social media context. The absence of strict regulatory oversight, coupled with the bi-

directional flow of information, makes it an intricate task requiring a multi-faceted evaluation 

(Flanagin & Metzger, 2000). Although some existing literature focuses on central routes of 

perceived credibility, this article aims to explore perspectives related to the elements of Dual 

Coding Theory. 

Dual Coding Theory, first proposed by Paivio, suggests that human cognition operates 

through two interconnected systems: a verbal system for processing language and a non-

verbal system for dealing with visual images. Each system can activate or stimulate the other, 

allowing for a richer understanding of information when both verbal and visual cues are 

provided (Paivio, 2013). Hence, in the following sections, we will go deeper into the types of 

cues—both verbal and non-verbal—that users commonly employ to assess the credibility of 

both message senders and the information they share on social media and review platforms.  

We have organized these cues into four distinct segments (Table 1). The first segment 

focuses on cues utilized for assessing the quality of online content, such as reviews, 

comments, and social media posts. The second segment is about the dynamics between online 

reviews and comments, examining how individuals make decisions when faced with 

inconsistent information on social media platforms. The third segment investigates the use of 
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social cues to evaluate the credibility and expertise of content creators, including influencers 

and bloggers. The fourth and final segment addresses cues employed to assess the validity and 

reliability of sponsored content on platforms such as YouTube. 

It is worth noting that a significant portion of the literature does not solely focus on 

traditional social media platforms like Twitter and Facebook. It also examines platforms that 

may not be inherently social media but possess specific features enabling two-way 

information flow. Examples of such platforms include TripAdvisor and the review sections of 

websites like Amazon. According to Carr and Hayes (2015, p. 49), social media are defined as 

“Internet-based, disentrained, and persistent channels of mass-personal communication 

facilitating perceptions of interactions among users, deriving value primarily from user-

generated content.” This definition encompasses review platforms as a subset of social media.  

However, there is a potential limitation in this definition that may hinder its 

applicability to research in the context of platforms like Twitter. In review platforms, the flow 

of information and the network of influence primarily exist between brands and users. In 

contrast, on traditional social media platforms, the relationships extend beyond brands and 

users to encompass interactions between users themselves. In our literature review, we have 

acknowledged this limitation in our research context (Table 1). Moreover, In the upcoming 

research gap chapter, we will focus deeper into how this limitation may restrict the 

applicability of research findings to platforms like Twitter and Facebook, for example, when 

we are dealing with the visibility of the comments in comparison to the reviews.  
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Table 1 
Review of literature on cues and decision-making in the digital environment. 

Topic Context Major Findings Relevant Literature 

Attitude Toward 
Online Contents 

Platform Reviews 
(Amazon, 
TripAdvisor, 
Booking...) 

Reviews play a pivotal role in 
decision-making, especially on 
service-based websites, when it 
comes to purchases. 

 

Santos, 2014; Xie et 
al., 2014; Tsiakali, 
2018; Goh et al., 2013; 
Liu & Park, 2015 

  Votes, rankings, and star ratings 
on reviews serve as cues for 
perceived usefulness and also 
function as filtering tools. 

 

Mudambi & Schuff, 
2010; Ghose & 
Ipeirotis, 2008; Liu & 
Park, 2015 

  The number of reviews can 
indicate a brand’s popularity. 

Xie et al., 2014; Chen 
et al., 2004 
 

 Social Media, and 
Platform Reviews 

Elaboration matters: Longer 
content is perceived as more 
useful. 

 

Liu & Park, 2015; 
Castillo et al., 2011 

  Context matters: 
Longer headlines tend to be 
viewed as less credible. 

 

Zhang et al., 2015 

  Grammar and Punctuation matter: 
it can increase the perceived 
credibility of online content. 

Morris et al., 2012 

  Framing matters: 
Detailed, specific messages (low 
construal) are seen as more 
credible than abstract, generalized 
messages (high construal). 

 

Reczek et al., 2018 

  Multimedia elements matter: 
Photos from other customers are 
generally seen as more credible 
than those from the company 
itself. However, it can only 
increase the perceived credibility 
only if users engage with them. 

 

Filieri, 2015; Li & 
Sundar, 2022 

Dynamics of 
Online Reviews 
and Comments 

Social Media, and 
Platform Reviews 

Negative comments in isolation 
can damage a brand’s reputation 
and equity. Moreover, negative 
comments/reviews are more 
impactful than positive ones. 

 

Beneke et al., 2016; 
Royo-Vela & 
Casamassima, 2011 

  Constructive responses to 
negative reviews can counteract 
the negative impact and enhance 
trustworthiness. 

 

Könsgen et al., 2018 
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Topic Context Major Findings Relevant Literature 

   
Tie strength matters while reading 
negative comments/reviews: 
In-group (strong tie): acts as a 
diagnostic function, directing to 
the issue. 
Out-group (weak tie): can 
increase the purchase intention. 

 

 
Bitter & Grabner-
Kräuter, 2016; Wen et 
al., 2009; De Maeyer, 
2012 

Attitude Toward 
Online Content 
Generators 

Social Media, and 
Platform Reviews 

Real profile pictures are seen as 
more credible than Avatars. 

 

Riedl et al., 2014 

 Social Media 
Platforms 

Identity cues, authenticity cues, 
and reputation cues can increase 
the perceived credibility and 
perceived usefulness of the 
content.  
 

Mackie et al., 1990; 
Sundar, 2008; Özbölük 
& Akdoğan, 2022 

  Reputation cue is more effective 
when the reputation of the content 
provider (i.e., influencer) is 
aligned with the content. 

 

Metzger et al., 2010; 
Martínez-López et al., 
2020 

  The verification badge can 
increase the perceived 
trustworthiness of the users, but 
not the credibility of their content. 

 

Vaidya et al., 2019 

  The follower-to-following ratio 
can increase the perceived 
credibility of the users. 

 

Valsesia et al., 2020 

Attitude Toward 
the Sponsored 
Content 

Social Media 
Platforms 

Disclosure matters: If it happens 
automatically, it may increase the 
perceived trust and attitude 
toward the content. If it happens 
by the users, the effect is reversed. 

Sah et al., 2018 

  Intention matters: Brand attitude 
and purchase intentions can dip 
when consumers are directed to a 
product sales page instead of a 
generic starting page. 
 

Stubb & Colliander, 
2019; Vrontis et al., 
2021 

  The tone of the voice matters: 
Extremely positive or negative 
reviews often lead to suspicions 
of their authenticity. 

Moon et al., 2019; Ott 
et al., 2013 
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4. Attitude toward online content – verbal and non-verbal 

The interactive nature of social media has amplified the significance of user-generated 

content, making it a key area for analysis in the literature on marketing management. This is 

particularly true when it comes to online reviews and ratings. For example, according to 

Santos (2014), almost half of online consumers actively read and post reviews after trying out 

service products. Moreover, studies reveal that 53% of travelers consult online reviews before 

finalizing a hotel reservation, and 77% often rely on these reviews when choosing a hotel (Xie 

et al., 2014). Online reviews serve as a form of electronic word-of-mouth (eWOM), defined 

as any online statement made by customers, whether actual or potential or churned, about a 

product or service (Hennig-Thurau et al., 2004). The influence of eWOM has grown 

tremendously, as research indicates that user-generated content tends to impact consumer 

behavior more than traditional marketing efforts (Tsiakali, 2018; Goh et al., 2013). 

Given this backdrop, understanding what makes online reviews, or generally, eWOM, 

be perceived useful is pivotal for marketers. Reviews and comments that are deemed useful 

add more value to online platforms and help consumers feel more confident about their 

purchasing decisions (Liu & Park, 2015). So, what makes a review useful? There are several 

factors to consider, and one important aspect is community engagement. 

Many review platforms, like Amazon or 9GAG, allow users to vote on the usefulness 

of reviews, and comments. These votes not only help separate useful reviews from less 

helpful ones (Mudambi & Schuff, 2010) but also serve as a quick filtering tool for consumers 

(Ghose & Ipeirotis, 2008; Liu & Park, 2015). Additionally, the sheer number of reviews can 

indicate a business’s popularity, serving as another guidepost for consumers (Xie et al., 2014). 

Moreover, studies show that people can assess the credibility of a social media post with the 
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ratio between the number of likes and comments that it received, as it can show the level of 

consensus toward the post (Rezaee et al., TBD). 

In terms of the content of the reviews and posts themselves, studies have focused on 

features such as the length and detail of the content. For instance, more elaborate reviews or 

comments are generally perceived as more useful (Liu & Park, 2015; Castillo et al., 2011). 

However, the context matters. While detailed posts are valued, longer headlines in online 

health rumors, for instance, tend to be viewed as less credible (Zhang et al., 2015). The 

framing of the message in a post also affects its perceived usefulness. According to construal 

level theory, detailed, specific messages (low-construal) are usually seen as more credible 

than abstract, generalized messages (high-construal) (Reczek et al., 2018). These detailed 

reviews can positively influence consumer behavior, especially when they come from credible 

sources like nano-influencers (Balaji et al., 2021). 

Another factor to consider is the use of multimedia elements in reviews and posts. 

While photos from other customers are generally seen as more credible than those from the 

company itself (Filieri, 2015), the mere presence of multimedia does not necessarily increase 

credibility (Li & Sundar, 2022). What matters is how actively people engage with the 

available multimedia content (Li & Sundar, 2022), and when consumers choose not to engage 

with the attached media on a post, it does not necessarily make the message appear more 

credible to them. 

5. Dynamics of online reviews and comments 

The rise of user-generated content, especially online reviews, has had a profound 

impact on both consumer behavior and marketing strategies (Tsiakali, 2018; Timoshenko & 
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Hauser, 2019). While these reviews are highly influential, the sheer volume and diversity of 

opinions can be overwhelming for consumers. This highlights the importance of 

understanding the dynamics behind how these reviews aggregate, and how they are affecting 

consumer’s attitudes as a whole. 

Accordingly, the area of negative reviews is particularly intriguing. Studies show that 

inconsistent reviews can damage a brand’s reputation and equity (Beneke et al., 2016). 

However, constructive responses from companies to these reviews can counteract the negative 

impact and actually enhance their trustworthiness (Könsgen et al., 2018). On the other hand, 

while you might assume negative comments would hurt a brand, research tells a different 

story. For example, if you are looking for a restaurant for a special occasion and read mixed 

reviews, those negative comments might not deter you if you already have a favorable view of 

the restaurant. Research shows that negative reviews from random users, rather than friends, 

can increase your purchase intention. This happens because these comments trigger more 

thoughtful, systematic decision-making as opposed to quick, heuristic judgments. As a result, 

for those who already have a positive view of the brand, these negative comments can serve 

as unintentional but effective marketing (Bitter & Grabner-Kräuter, 2016). On the other hand, 

negative reviews from close friends do not generate the same positive influence; instead, they 

tend to serve a more diagnostic function, directing attention specifically to the issues 

mentioned in the comment. 

This highlights the concept of “tie strength,” or the closeness of the relationship 

between the content provider and the reader. In the realm of social media, tie strength is also 

an important factor for advertisers (Wen et al., 2009). While comments from distant 

acquaintances (or “weak ties”) can polarize existing positive attitudes, they can be influential 

when readers have no prior knowledge or opinions about a brand. In those cases, people tend 
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to rely on the familiarity of close personal relationships when assessing reviews (Bitter & 

Grabner-Kräuter, 2016). 

When it comes to the emotional tone of a review or its valence, research shows that 

negative reviews can have more impact than positive ones (Royo-Vela & Casamassima, 

2011). However, strategies such as removing negative reviews or disabling the comments 

section in response to a few negative remarks can be counterproductive. As demonstrated by 

Rezaee and colleagues (TBD), limiting users’ ability to comment on social media posts can 

actually harm the brand. Specifically, such actions lead to an increase in perceived censorship, 

which in turn negatively affects users’ attitudes toward the brand. More interestingly, as 

mentioned before, some studies have even found that negative comments can boost sales. The 

explanation is that negative reviews and comments make people think more carefully about a 

product, increasing their understanding and confidence, which then translates into purchases 

(De Maeyer, 2012). Moreover, having a large number of reviews can reduce a potential 

buyer’s sense of risk and uncertainty, further encouraging them to make a purchase (Chen et 

al., 2004). 

6. Attitude toward online content generators 

Knowing who is behind an online review or comment matters a lot for its perceived 

usefulness. Revealing a real identity, especially through a genuine profile picture, can 

significantly increase the level of trust among users. This idea is rooted in our evolution; 

historically, most of our interactions were face-to-face, allowing us to gauge trustworthiness 

through facial cues. Avatars just do not have the same impact on our trust as human faces do 

(Riedl et al., 2014). However, identity and familiarity and its effect on trustworthiness and 

perceived credibility is a broader concept than just a mere profile picture. 
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Generally, different types of familiarity with the content provider can have different 

effects on the perceived credibility of the information. First, according to identity cue, if the 

reviewer is someone you personally know or identify with, you are more likely to trust their 

opinion, as individuals are more receptive to messages presented by members of their own 

group (Mackie et al., 1990). Second, according to the authenticity cue, expertise matters 

(Sundar, 2008). A review or recommendation from someone known for their expertise in a 

particular area carries more weight. For example, health advice from a doctor is generally 

considered more trustworthy than the same advice coming from a musician (Sundar, 2008). 

This is why marketers spend so much time finding influencers who mirror their target 

audience, both from an identity perspective and authenticity (Özbölük & Akdoğan, 2022). 

The third type of familiarity relates to reputation cues or celebrity status. If you 

recognize a reviewer as someone famous or highly regarded, you are likely to find their 

review more useful (Metzger et al., 2010). Researchers like Ki et al. (2020) have shown that 

the power of influencers stems from the emotional connections they create, which adds to 

their credibility. Likewise, Martínez-López et al. (2020) found that when an influencer’s 

persona aligns well with a product, people are more likely to trust both the influencer and the 

product.  

More interestingly, the study points out that a verified account does not guarantee 

higher perceived credibility. In fact, both verified and non-verified accounts can provide 

accurate and non-accurate information. Despite this, users tend to see tweets from verified 

accounts as more trustworthy, but they do not see their provided information as more credible 

(Vaidya et al., 2019). 
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Lastly, the number of followers can also serve as a cue for judging an account’s 

credibility. The more followers an account has, the more influential it is seen to be. 

Interestingly, accounts that follow fewer people are perceived as more independent, further 

boosting their credibility, thus eventually the ratio between the number of followers to 

following of an influencer matters in marketing (Valsesia et al., 2020). 

7. Attitude toward the sponsored content  

When users encounter an action, particularly one that appears to be marketing-related 

and initiated by another user rather than the company itself, they go through a process to make 

sense of it. According to Weiner’s framework (1974), this involves a three-step process. First, 

the individual notices a specific behavior. Second, they consider whether this behavior was 

intentional. Finally, they decide if the person had no choice but to act in that manner due to 

their circumstances. Applying this to online reviews, if all the reviews consistently agree with 

each other and the numerical ratings, people are likely to attribute this consensus to the actual 

performance of the company being reviewed (Könsgen et al., 2018), as it is less likely that all 

the reviews are just a paid fake comments from the company itself. 

There is a controversy in the literature regarding the disclosure of sponsored content to 

users or not. However, Sah et al. (2018) note that transparency in disclosures can influence 

user perception. If disclosures are processed automatically by the content provider, they can 

enhance trust in the influencer’s expertise, leading to positive actions like sharing the post or 

following the promoted brand. However, if users actively ponder over the disclosure, its 

effects can be lessened or even reversed. 

However, the impact of sponsored content extends beyond the moment users first 

encounter it. For example, brand attitude and purchase intentions can dip when consumers are 
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directed to a product sales page instead of a generic starting page. This happens because it 

raises questions about the influencer’s impartiality (Stubb & Colliander, 2019). It is important 

to note that being transparent about sponsored content can improve trust and perceptions of 

credibility (Vrontis et al., 2021). Yet, the effectiveness of such disclosures can vary based on 

several factors, such as the style of disclosure and the motives people attribute to the 

sponsored post. 

Additionally, the tone or valence of sponsored content also plays a role in consumer 

perception. Extremely positive or negative reviews often lead to suspicions of their 

authenticity (Moon et al., 2019). This is because fake reviews often contain exaggerated 

sentiments, either highly positive or highly negative, in contrast to more balanced views found 

in authentic reviews (Ott et al., 2013). 

8. Research gaps and opportunities for future research  

As explored in preceding chapters, there exists an extensive body of research focused 

on consumer perceptions of online content. This literature scrutinizes various verbal and non-

verbal characteristics inherent to digital media—ranging from text and visuals to interface 

design—and examines how these elements impact user engagement. Among the metrics 

evaluated are the level of attention users accord to the content, their perceptions of its 

credibility and usefulness, and their ultimate attitudes toward the associated brand or their 

purchase intentions. Despite this wealth of information, there are noticeable gaps in existing 

research that could have significant practical and theoretical implications (Table 2). These 

omissions in the literature could represent missed opportunities for both scholars and industry 

practitioners, as they limit our understanding of consumer behavior in a more externally valid 

environment.   
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Table 2 
Review of the literature gap on utilizing cues on social media. 

Topic Subject Central Issue or Research Hypothesis 

General Cue Interaction in 
Controlled Experiments 

 

Cues can have various types of relationships, including 
some cues overriding others, others having a 
cumulative effect, and some possibly being prioritized 
by search algorithms (Maheswaran & Chaiken, 1991; 
Meinert & Krämer, 2022). However, none of the 
selected articles that explored cues and signals delve 
into this nuanced interplay. This limitation poses 
challenges, especially for brands seeking to apply these 
findings in real-world scenarios. 

 
Attitude Toward 
Online Contents 

Concealing Comments 
on Social Media Posts 

 

Can hiding comments trigger “reactance” among users 
(Brehm, 1966), paradoxically making the censored 
replies more, rather than less, visible? Moreover, can it 
decrease the attitude toward the brand due to the 
perceived censorship (Rezaee et al., TBD)? 

 
Dynamics of 
Social Media 
Comments 

 

Addressing Negative 
Posts and Comments 

Should one engage with negative posts or comments 
on social media, considering that responding may 
increase their visibility? Is it advisable to be selectively 
responsive to negativity on social media? What might 
be the most effective tone or strategy for responding to 
complaints on these platforms? 

 
Attitude Toward 
Online Content 
Generators 

 

Introduction of Paid 

Verification Badges 

Vaidya et al. (2019) showed that verified accounts 
were generally seen as more trustworthy. However, 
recent changes on platforms like Twitter and Instagram 
have introduced the option to purchase these 
verification badges. This development raises concerns 
about the ongoing credibility of Vaidya et al.’s 
findings. In particular, does the availability of 
purchasing a verification badge erode its previous 
associations with reputational validity? 

 
 Crafting an Effective 

Bio 
 

Balancing precision and comprehensiveness in a social 
media bio is a common concern. While research 
suggests that using emojis can reduce perceived 
competency (Vareberg et al., 2023), it is also known 
that they can convey additional information and 
enhance text comprehension, particularly within the 
constrained space of a bio (Boutet et al., 2021). The 
question arises: should emojis be included in a bio? 
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Topic Subject Central Issue or Research Hypothesis 
Attitude Toward 
the Sponsored 
Contents 

Contrasting Mixed and 
Homogeneous 
Advertisements 

 

De Maeyer (2012) discovered that negativity can 
stimulate systematic thinking about an advertised 
product, improving comprehension and potentially 
leading to more purchases. Moreover, the systematic 
thinking can have longer attitude change than 
peripheral one (Petty, 2018). Accordingly, the 
perception of impartiality in user-generated reviews or 
sponsored content is crucial for their effectiveness and 
influence on buying choices (Stubb & Colliander, 
2019). Given these findings, it is essential to explore 
the potential advantages of incorporating negative 
aspects in the sponsored content. 

 
 Identifying the Optimal 

Timing for Reciprocity 
 

For YouTube sponsorship, Is it more beneficial to 
initially provide the desired content and then introduce 
the sponsored segment? Could adopting a “give before 
you ask” strategy increase the viewer’s willingness to 
engage with the sponsored message (Regan, 1971)? 
Alternatively, is it more effective to do it at the outset 
when the impact is greatest? 

 

Firstly, as previously mentioned, there are intricate dynamics between central and 

peripheral cues in shaping user perception and behavior. These cues can have varying types of 

relationships: some may override others, some could have a cumulative effect, and some may 

even be prioritized by searching algorithms (Maheswaran & Chaiken, 1991; Meinert & 

Krämer, 2022). However, none of the selected articles that discussed cues and signals focused 

on this nuanced interplay. In the majority of experiments conducted for these studies, all 

confounding variables were carefully controlled, and manipulations focused solely on the cue 

under investigation. While such an approach is invaluable for understanding the isolated 

impact of individual cues, it falls short of offering a comprehensive view. This is particularly 

problematic for brands looking to apply these findings in real-world scenarios. Decision-

making is a complex process that involves a host of variables, and it cannot be fully 

understood by examining cues in isolation. The multifaceted “black box” of decision-making 

takes into account both central and peripheral cues, often in ways that research has not yet 

explored. For instance, the recognition heuristic is often described as non-compensatory, 
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implying that once this cue is received, individuals generally cease to seek additional cues for 

decision-making (Goldstein & Gigerenzer, 2002), therefore the experimental results regarding 

this cue can have high external validity with the real-life scenario. However, it is important to 

note that this characteristic may not universally apply to other cues discussed in this article. 

Moreover, it is also crucial to acknowledge that there is no assurance that individuals will 

encounter this recognition cue when presented with a variety of other cues and signals in a 

given post. This adds another layer of complexity to the understanding of how cues are 

utilized and prioritized in the decision-making process. 

Therefore, it is important to understand how a proposed cue operates in conjunction 

with other prominent cues that may influence user decision-making. For instance, if the 

follower-to-following ratio is a key metric in assessing an account’s credibility (Valsesia et 

al., 2020), what happens to that assessment when other credibility cues are introduced? How 

does the presence or absence of a verification badge (Vaidya et al., 2019), or the account 

holder’s demonstrated level of expertise in a relevant field (Sundar, 2008), affect user 

perception? What about when we see lots of negative comments in a post from a person with 

a perfect follower-to-following ratio? Which one is the most important? Which one can 

override the effect of others without any problem? In summary, understanding the 

overarching algorithm or cognitive framework that users employ to weigh various established 

cues could have a profound impact on both theoretical inquiry and practical application. 

Without this broader understanding, recommendations based solely on isolated cues may offer 

limited utility for brands aiming to influence user behavior in a meaningful way. 

Secondly, Rezaee and colleagues demonstrated that restricting users’ ability to 

comment on a post can negatively impact attitudes toward a brand by increasing the 

perception of censorship (TBD). However, a related yet distinct phenomenon exists on social 

media platforms such as Twitter: the practice of “hiding comments.” Unlike restricting the 
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ability to comment, hiding comments does not stop the negative comments altogether but 

rather minimizes their visibility. Interestingly, this action comes with a visual cue, letting 

users know that certain comments have been hidden. This raises a pertinent question: does the 

act of hiding comments generate a form of “reactance” among users toward the censored 

replies, thereby making those comments more visible rather than less (Brehm, 1966)? In other 

words, could the act of hiding comments pique users’ curiosity to such an extent that they end 

up reading the hidden comments even more than they would the visible ones? 

Thirdly, research indicates that company responses to negative reviews can help 

mitigate their adverse effects on perceived trustworthiness (Könsgen et al., 2018). However, 

the dynamics of social media platforms introduce a unique factor: visibility.  

This point highlights the distinctive characteristics found in social media platforms when 

compared to platforms primarily focused on reviews, like Amazon’s review section. For 

instance, responding to a negative comment on a platform like Twitter, amplifies its visibility 

to other users, when it is not the case for review platforms. When a company replies to a 

complaint tweet, that interaction becomes more visible to those who engage with the company 

online. This nuance may necessitate a reevaluation of Könsgen’s recommendations. 

Furthermore, existing literature lacks studies that specifically explore best practices for 

responding to complaints and negative comments on social media. For example, should the 

response be positive in tone? Does the use of emojis and friendly language enhance 

communication, or does it compromise the message’s authenticity? Answering these 

questions is crucial for PR teams who are continually navigating negative comments and 

controversies on social media, often from dissatisfied or churned consumers. 

Another area for investigation involves the impact of verification badges on social 

media credibility. Vaidya et al. (2019) demonstrated that accounts with verified badges were 

generally perceived as more trustworthy. However, recent changes on platforms like Twitter 
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and Instagram now allow users to purchase these verification badges. This development raises 

questions about the continued validity of Vaidya et al.’s findings. Specifically, does the ability 

to buy a verification badge undermine its previous connotations of reputational validity? 

Furthermore, could this new dynamic potentially backfire, causing users to view badge 

holders more skeptically due to the perception of purchased privilege?  

Another significant gap in existing research pertains to the impact of a user’s social 

media “bio” on their perceived credibility and authenticity. While studies have shown that 

extreme tones in reviews can arouse suspicion (Moon et al., 2019), it remains unclear how 

these principles translate to the limited space of a social media bio, where users often have to 

encapsulate their identity in just a few words, which may lead them to use extreme and 

concise wording. Additionally, the effect of specific elements within a bio, such as emojis or 

academic and professional titles (e.g., Dr., MBA), has not been extensively studied. Do these 

elements enhance a bio’s credibility or diminish it? For example, we know that using emojis 

can decrease perceived competency (Vareberg et al., 2023), but on the other hand, we also 

know that they can convey more information and increase the information procession of the 

text (Boutet et al., 2021), especially in the limited space of a bio. Similarly, does the inclusion 

of formal titles like “Dr.” or “MBA” in a bio automatically confer a sense of authority and 

credibility, or could it induce skepticism in certain contexts? Answering these nuanced 

questions could offer valuable insights for individuals looking to effectively manage their 

personal branding on social media. Understanding the dynamics of bio construction could also 

assist companies in creating more authentic and relatable online profiles, ultimately 

influencing public perception and trust. 

Furthermore, existing research provides intriguing insights into how negative 

comments can sometimes positively influence sales, by increasing the attention to them. For 

example, De Maeyer (2012) found that negative comments can prompt people to think more 
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systematically about an advertised product, thereby increasing their understanding and 

ultimately leading to more purchases. Furthermore, it is worth noting that altering peripheral 

thinking to systematic thinking can influence the duration of the effect on attitude change 

(Petty, 2018). On the flip side, the perception of impartiality in user-generated reviews or 

sponsored content also plays a critical role in their effectiveness and influence on purchasing 

decisions (Stubb & Colliander, 2019). Given these insights, it becomes important to 

investigate the potential benefits of featuring mixed sponsored content—that is, content that 

highlights both the positive and negative aspects of an advertised product or service. This 

approach could offer dual advantages. First, it could enhance the perceived impartiality of the 

reviewer, making the review or content appear more trustworthy. Second, presenting negative 

points could engage users in more systematic thinking, thereby making the advertisement 

more memorable and effective (De Maeyer, 2012). For instance, should companies consider 

strategically highlighting their product’s objective strengths while also openly acknowledging 

its subjective shortcomings? Such an approach could potentially make their marketing efforts 

more impactful, as it leverages both the power of impartiality and the cognitive engagement 

triggered by a balanced perspective. 

Finally, existing research has explored how the disclosure of sponsored content can 

influence users’ perceptions of both the advertisement and the reviewer (Sah et al., 2018). 

However, the literature is notably silent on the optimal timing for such disclosures. For 

example, YouTube influencers often embed sponsored segments within their videos, but it 

remains an open question as to when is the most effective moment to introduce these paid 

endorsements. Should they appear at the beginning, mid-point, or end of the video? 

One critical factor that could influence this timing is the principle of reciprocity. When 

viewers engage with content from their preferred influencers, they are, in essence, receiving 

something they value. This raises the question: Would it be more advantageous to first deliver 
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the sought-after content and only then dive into the sponsored segment? Could a “give before 

you ask” strategy enhance the viewer’s receptivity to the sponsored message (Regan, 1971)? 

Furthermore, Burger et al. (1997) noted that the urge to reciprocate a favor diminishes 

as the time between the initial favor (in this case, the valuable content) and the opportunity for 

reciprocation (such as liking, subscribing, or visiting the website of the sponsored content) 

expands. This introduces a complex trade-off. Presenting sponsored content at the video’s 

start would ensure maximum visibility since all viewers clicking on the video would see it. 

However, introducing sponsored content after delivering valuable information could heighten 

viewers’ sense of obligation to reciprocate, potentially leading to higher engagement rates. 

Therefore, is it more effective to place the sponsored segment immediately following the 

video’s peak to maximize the likelihood of reciprocation, as suggested by Burger et al. 

(1997)? Alternatively, Would it be more effective to slightly temper the immediate urge for 

reciprocity and introduce the sponsored segment at the end of the video? This approach could 

potentially increase the likelihood of viewers following through with a call-to-action, such as 

making a purchase or subscribing, as viewers are generally less inclined to interrupt their 

viewing experience to switch platforms for making a purchase. This question presents an 

important dilemma and highlights an area for further study, as a nuanced understanding of 

these dynamics could offer invaluable insights for content creators and advertisers alike. 

9. Conclusion  

This essay underscores the significance of paying attention to both verbal and non-

verbal cues and signals (Paivio, 2013) that users commonly employ in their everyday social 

media interactions. This emphasis arises from the context of information overload and a 

reduced inclination or motivation for engaging in systematic thinking (Pee, 2012). 
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Consequently, this paper is dedicated to the review and categorization of articles, primarily 

published between 2013 and 2023 in journals related to marketing, business, and 

communication. Ultimately, it aims to draw attention to critical research gaps that have the 

potential for substantial contributions to both academia and practical applications, particularly 

in the realm of understanding the attitudes towards online content and content providers in 

social media. 

In conclusion, it becomes clear that marketers must remain exceptionally mindful of 

the cues and signals within their selected digital communication channels. Even seemingly 

minor cues can wield diverse levels of influence on their target audiences, and any attempts to 

counteract these cues may, in fact, produce unintended adverse effects. Therefore, 

comprehending the underlying dynamics of these cues emerges as a crucial imperative. 

Furthermore, it is crucial for marketers to understand that, before implementing any 

recommendations based on academic findings, conducting tailored tests within the unique 

context of their own business is equally vital when formulating an effective social media 

communication strategy, as the academic research may have limitations, often stemming from 

controlled experimental settings. 
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Getting Ratioed: The Effect of the Comment-to-Like Ratio on the Perceived Credibility 

of Social Media Posts 

 

ABSTRACT 

This article examines a social media phenomenon called ‘ratioing,’ which describes a 

high ratio between the number of comments and the number of likes that a social media post 

such as a tweet receives. Specifically, we develop and test theoretical arguments that 

consumers perceive posts with a high ratio to be less credible than posts with a low ratio. A 

combination of one field study and five experiments provides evidence for this proposition. 

The studies also show that the reason for this effect is that consumers perceive higher ratios as 

an indication that others agree less (i.e., low degree of consensus) with the content of those 

posts compared to posts with lower ratios. An incentive-compatible study using social media 

posts about new products demonstrates that the ratio also affects consumers’ purchase 

behavior. This article contributes to our theoretical understanding of how consumers process 

information on social media and provides practical insights for companies that use social 

media as a means of communication for their products and brands. 

 

Keywords: Social Media Indicators, Perceived Credibility, Degree of Consensus, Information 

Processing on Social Media. 
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1. Introduction 

Consumers constantly process information from various sources. The one source that 

has become more important in recent years is social media (Bradley, 2010). A key difference 

to traditional media is that companies use them not only to communicate information about 

their brands and products to consumers, but also to interact with consumers. Moreover, social 

media enable consumers to directly express their opinions for instance, via posting content, 

commenting on already posted content, and liking that comment.  

Not surprisingly, research shows that while consumers use similar characteristics (e.g., 

by the source, the familiarity, or the design of a website) to judge information from social 

media as for traditional media (Kalbfleisch, 2003; Lucassen & Schraagen, 2013; Wells et al., 

2011), they also form their evaluations based on different characteristics, such as the profile 

picture of the source (Xu, 2014) or the grammar and punctuation of a post (Morris et al., 

2012).  

One particularly novel and unique aspect of social media is the social dimension; users 

can typically see the reactions and responses of fellow users in the form of comments, shares, 

and likes. Despite the common focus of practitioners on, at least some, of those indicators, 

research has to date dedicated only limited attention and effort to examining the impact of 

these social indicators on consumers’ evaluation of social media posts.  

The key proposition of this paper is that consumers use the number of comments 

relative to the number of likes that a social media post receives (hereafter called the ‘ratio’) to 

assess the credibility of that post. Imagine reading two tweets about a new technology product 

on Twitter. One tweet (tweet A) has 1000 comments and 10 likes. Another tweet from the 

same company (tweet B) has 10 comments and 1000 likes. Which of those two tweets, tweet 

A or tweet B, would have a greater effect on consumers’ purchase decisions?  
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In this paper, we propose that the former post (tweet A), which the social media 

community describes as ‘being ratioed’ (Minot et al., 2021) is perceived to be less credible 

than the latter post (tweet B) because consumers use the ratio between the number of 

comments and likes as a cue of the perceived degree of consensus of fellow consumers with 

the post’s content. In other words, the lower ratio is seen as community consent, and the 

higher ratio as community dissent. 

The insights of one field study and five experiments support our proposition that 

consumers use the ratio of a post as a cue to judge that post’s credibility. The field study 

provides preliminary evidence for the process by which we hypothesize the ratio affects 

perceived credibility. Study 1 provides controlled evidence for the main effect, of the ratio on 

perceived credibility. Study 2 demonstrates that the ratio (and not comments or likes alone) 

cause of perceived credibility. While Study 2 also provides correlational evidence (using 

mediations) that the ratio affects perceived credibility via perceived degree of consensus, 

Study 3 demonstrates the causality of this process. Study 4 demonstrates the downstream 

consequences of the ratio using an incentive-compatible design and consumer choice as the 

dependent variable. Finally, Study 5 reveals a boundary condition by demonstrating that 

social media posts that ask for feedback do not lead to reductions in perceived credibility. 

Thereby, this study gives an idea of how to reduce the adverse effects of high comment-to-

like ratios, which might naturally evolve for controversial topics.  

The paper proceeds as follows. First, we review the literature on consumer information 

processing on social media to develop a theory on how the comment-to-like ratio affects the 

perceived credibility of a post and eventually the consumer purchase decisions. Second, we 

present the results of our six studies designed to test the theory and rule out alternative 

explanations. Finally, we conclude with a general discussion of the implications of our 

findings for researchers and practitioners.  
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2. Consumer information processing on social media 

Humans’ cognitive system is known to have limited processing capacities, and when 

subjected to an overload of information, the quality of decision-making is likely to be 

adversely affected (Gross, 1964). The emergence of social media has made consumers even 

more likely to experience an information overload (Rodriguez et al., 2014). As a result, 

consumers face a trade-off between efficiency and accuracy when they judge the credibility of 

information (Fogg, 2003). Consumers often respond to that trade-off by using specific cues 

and heuristics that help them to make decisions (Tversky & Kahneman, 1974) and judge 

social media posts (Hilligoss & Rieh, 2008; Ranganathan, 2012). 

Existing research on social media revealed that people use cues—mainly contextual or 

behavioral—to judge the credibility of posts. Firstly, contextual cues, such as a proper profile 

picture and username, having a verified badge, and the number of followers can increase 

perceptions of authenticity (Morris et al., 2012; Vaidya et al., 2019). Furthermore, the use of 

non-standard grammar and punctuation mistakes can reduce the perceived credibility of a 

social media post (Morris et al., 2012). More importantly, the number of likes and shares can 

affect the perceived credibility as they send signals about the importance, relevance, and 

reliability of information (Avram et al., 2020). Finally, the perceived level of effort that the 

author put into the post could affect the perception of credibility. For instance, using 

supporting multimedia, such as pictures and video (Kiousis, 2006), and the length of the post 

(Castillo et al., 2011) have been shown to increase the perception of credibility. 

Secondly, social cues about the source, such as identity cues and authority cues, can 

play a significant role in information processing on social media (Lin, 2016). Identity cues 

include the degree to which consumers base their judgment of a post based on the identity of 

the individual or organization that posts that tweet (Sundar, 2008). For instance, people trust 
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information from a known source (e.g., a friend) more than from an unknown source (i.e., a 

stranger). Authority cues describe the extent to which a person or organization with authority 

posts information and thus relates to the source (Sundar, 2008). For example, consumers tend 

to assess information about a vaccine as more credible when a doctor (vs. a musician) posts 

that information given the former’s expertise.  

Finally, Valsesia et al. (2020) showed that consumers use the number of accounts an 

individual or organization follows and is being followed by to judge the individual’s or 

organization’s perceived influence and perceived autonomy. In particular, the more users 

follow an account, the more it is perceived as influential, and the fewer other users an account 

is following, the more it is perceived as autonomous, which eventually affects consumers’ 

perceptions of the credibility of that account (i.e., individual or organization). More 

importantly, Valsesia et al. (2020) provide initial evidence that consumers tend to process 

information on social media in the form of ratios. When consuming information on social 

media (e.g., reading posts of the accounts that they follow), consumers often lack the 

motivation and/or ability to thoroughly evaluate (e.g., by fact-checking the information) that 

information. Therefore, consumers tend to use heuristics to judge the credibility of that 

information, for example by using the number of followers on Twitter (Lee & Sundar, 2012). 

This prior work has shed some initial light on several contextual and social cues 

regarding the source and the posts on social media that affect the perceived credibility of a 

post. In this paper, we follow the latter avenue and examine a so-far overlooked social cue by 

which consumers judge the credibility of information on social media, namely the effect of 

‘being ratioed.’ The key proposition of this paper is that consumers use the number of 

comments relative to the number of likes (i.e., the ratio) that a post receives from fellow 

consumers to judge the credibility of a social media post. In the next section, we develop a 

theory on consumers’ interpretation of the comment-to-like ratio of social media posts and 
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provide substantive arguments for why the ratio, and not the individual indicators alone, 

serves as the basis for consumers’ credibility judgments of those posts.  

3. Psychological consequences of the comment-to-like ratio  

The comment-to-like ratio consists of two parts, the number of comments and the 

number of likes. It is important to understand the individual parts to understand the 

consequences of the ratio between them.  

Making a comment on (i.e., responding to) a social media post allows people to add 

additional context and nuances to the initial post but also their own opinions about the content 

of the original post. Social media comments allow users not only to share their own views but 

also to observe the overall responses of other viewers (Waddell & Sundar, 2017). In addition, 

via a comments section, users can react to the news, whether it is political, technical, or a 

piece of gossip from a friend (Almgren & Olsson, 2016). Comments may not only signal 

agreement with a social media post but can also express disagreement to some extent (West, 

2015). Nevertheless, making a comment also requires people to dedicate some amount of 

effort to crafting the response.  

By contrast, liking a social media post merely requires a click. More importantly,  

consumers can interpret ‘liking a post’ in various, however, more positive ways. By liking a 

post people can show others that they have seen the content, or, that they agree with the 

content of the post (Levordashka et al., 2016). Muntinga and colleagues (2011) suggest that 

the ability to easily consent to a social media post by simply clicking the like-button makes 

users who express agreement with a social media post through commenting oftentimes 

provide a like, too—in addition to their comment.  
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In sum, when considering comments and likes on a social media post there are four 

options, three of which are relevant for the ratio: Commenting, liking, or both (i.e., 

commenting and liking). While likes predominantly signal agreement, and providing both 

likes and comments signals strong agreement, we argue that only commenting should be 

interpreted as a disagreement or, at least, not full agreement.  

While the number of likes alone could increase the perceived credibility of a post to 

some extent (Avram et al., 2020), we argue that the ratio between the number of comments 

and likes has a significantly greater influence on perceived credibility. Consistent with prior 

work on consumer information processing on social media (Valsesia et al., 2020), neither the 

number of comments nor the number of likes alone, but the ratio between both should affect 

the perceived credibility of a social media post.  

Using ratios between two indicators to form a judgment is not new to social media. 

Valsesia et al. (2020) showed that consumers use the ratio between the number of accounts an 

individual or organization follows and is being followed to judge the individual’s or 

organization’s credibility. Furthermore, De Vries (2019) posited that the ratio between the 

number of likes and the number of followers can influence the perceived credibility of the 

account owner. Likewise, Permana and Meinarni (2021) have demonstrated the impact of 

certain parameters on TikTok, such as the ‘following-to-like ratio’ and ‘video-share-to-video-

comment ratio,’ on the perceived credibility of TikTok accounts. The use of ratios extends 

beyond TikTok, with Mohan et al. (2018) finding that consumers assess the fairness of 

salaries within a company by comparing the CEO’s compensation to that of the median 

employee, rather than evaluating the CEO’s salary in isolation. 

Given this work and our argumentation that consumers understand making a comment 

as disagreement with the content while liking shows more overt agreement (or, consensus), 

the comment-to-like ratio should be inversely related to consumers’ perception of the level of 
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agreement among their peers with the post. Specifically, consumers should perceive that their 

peers have a lower degree of consensus with the content of a social media post the more 

comments (vs. likes) that post receives, while the opposite is true for a post that receives 

relatively fewer comments than likes.  

Perceived consensus can be defined as one’s perception of the opinion of the majority 

of a group of people about an idea or behavior (Chaiken, 1987). In other words, perceived 

consensus refers to the views of the majority versus a minority of people and not the number 

of people who believe/do something. Importantly, perceived consensus reflects a ratio as it 

expresses an individual’s perceptions of the proportion of people who agree (vs. disagree) 

with a statement, or as Todorov et al. (2002) stated, “the presentation of the result of an 

opinion poll in which the majority of respondents agree with the advocate position.”  

The importance of perceived consensus in shaping attitudes and message credibility has 

been highlighted in the literature (Chaiken & Stangor, 1987). This is particularly pertinent in 

the online context, where perceived consensus can be more visible and influential in shaping 

attitudes towards e-commerce messages (Park and Lee, 2008). Furthermore, the level of 

perceived consensus can mediate the relationship between the number of likes and 

individuals’ attitudes toward a particular topic, as demonstrated in the context of advertised 

products (Lee, 2015). Notably, Perceived consensus can be either implicit, which is based on 

the majority opinion, or explicit, which refers to the percentage of people who agree with a 

statement (Erb et al., 2006). 

Recall the example stated in the introduction. Tweet A received 1,000 comments and 10 

likes and Tweet B received 10 comments and 1,000 likes. While the former has a ratio of 

100/1, the latter has a ratio of 1/100. We argue that consumers perceive the consensus with 

tweet A (ratio: 100/1) to be lower than for Tweet B (ratio: 1/100). Eventually, they should 

perceive Tweet A also to be less credible than Tweet B. Thus, we hypothesize: 
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H1: The greater the comment-to-like ratio of a social media post, the lower the perceived 

credibility of that post. 

H2: The effect of the comment-to-like ratio of a social media post on perceived 

credibility is mediated by the perceived degree of consensus of fellow consumers 

with that post.  

As we hypothesized, an imbalanced comment-to-like ratio often indicates a significant 

number of people who engage with a post by commenting without also liking it. This can 

serve as an indicator of the collective sentiment among individuals who have interacted with 

the post, similar to a large-scale peer review process within the social media sphere. However, 

it is important to note that commenting does not always signify agreement or disagreement; it 

can also be a simple reaction to the content of the post itself. Consequently, altering the post's 

content in a way that guides user interpretation away from mere disagreement may mitigate 

the negative impact of a skewed comment-to-like ratio. 

In this paper, we propose that explicitly seeking feedback within a post can transform the 

way comments on ratioed posts are perceived, emphasizing solicited feedback rather than 

outright negative disagreement. This shift acknowledges that individuals may provide 

feedback without necessarily liking a post. 

H3: The effect of the comment-to-like ratio of a social media post on perceived 

credibility is moderated by the feedback solicitation in the post. 

4. Overview of studies 

We conducted a total of six studies (one field study, and five experiments) to test our 

two hypotheses and examine the effect of the comment-to-like ratio on the perceived 

credibility of the social media posts. The field study uses randomly collected social media 
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posts (N = 1,400) to provide initial evidence that the comment-to-like ratio is correlated with 

the degree of consensus with a social media post. Study 1 (N = 604) tests the main hypothesis 

of this paper (H1) in a controlled experiment. The results show that a high ratio decreases the 

perceived credibility of a social media post while a low ratio increases the perceived 

credibility of that post. Study 2 (N = 1,002) is a pre-registered between-subjects experiment 

that uses a more conservative design. The results not only corroborate that a high (vs. low) 

ratio decreases (increases) the perceived credibility of a social media post but also shed light 

on the process underlying this effect by revealing degree of consensus as a key mediator. 

Study 3 (N = 403) is pre-registered and manipulates the degree of consensus and thus 

provides causal evidence on its role as the mediator of the effect of the ratio on perceived 

credibility and thus support for H2. Study 4 (N = 1,000) uses a consequential setting with high 

realism to show that the ratio not only affects perceived credibility but also consumers’ actual 

purchase behavior. The pre-registered Study 5 (N = 401) demonstrates that soliciting 

feedback in a post can attenuate the negative effect of the ratio.  

Together, the studies provide strong evidence that a high ratio reduces the perceived 

credibility of a social media post and that the (low) perceived degree of consensus causes the 

effect. According to the studies, the comment-to-like ratio of the posts on social media can 

have an impact on consumer purchase intention and behavior. However, firms can use 

strategies to frame the content of the post in a way that bypasses the effect of ratioing on 

perceived credibility, particularly for potentially controversial posts that are likely to receive a 

lot of comments. 
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5. Field study 

The objective of the field study is to provide an initial test of the relationship between 

the ratio of a social media post and consumers’ perceptions of the degree of consensus with 

the content of a social media post. This study examines the main proposition of this paper in a 

naturalistic setting (with high ecological validity). 

5.1. Procedure  

For this study, we randomly collected 1,400 social media posts from five consecutive 

days in January 2021 from Twitter. We obtained the number of comments and the number of 

likes that each of the social media posts received. We also collected the first ten comments 

shown in response to the post. In the second phase of this study, we employ a decision tree 

analysis to assess the relative significance of the comment-to-like ratio when compared to 

other coded variables. 

5.2. Measurement 

5.2.1. Ratio 

The ratio was calculated by dividing the number of comments on each post by the 

number of likes.  

5.2.2. Degree of consensus 

Two research assistants blind to the hypotheses of this project (and the ratios of the 

tweets) coded each of the comments regarding the degree to which the responses agreed with 

the social media post on a 9-point scale (1 = “No agreement” to 9 = “High agreement”).  

5.2.3. Content 

We enlisted the help of a third research assistant to label the content of the tweets. 

Their task was to read each tweet and categorize it as ‘news’, ‘daily tweets’ (such as talking 
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about daily life and personal experiences), ‘ads’, or ‘response’. This approach enabled us to 

ensure that the content of the tweets did not confound the relationship between the degree of 

consensus and the ratio. Appendix 11 provides a summary of the descriptive statistics for the 

field study and the subsequent experiments. 

5.3. Results  

A linear regression model with the ratio as the independent variable and the degree of 

consensus as the dependent variable showed that the ratio was marginally correlated with the 

degree of consensus (B = -.03, t = -1.75, p = .08). We repeated the linear regression but 

controlled for the content type, word count, number of used emoji, and number of used 

hashtags. The results showed that the ratio was significantly negatively correlated with the 

degree of consensus (B = -.03, t = -2.05, p = .04). We again repeated the linear regression and 

included the number of comments and likes as additional control variables (besides the 

previously reported ones). The results of the prior regression prove to be robust given that the 

effect of the ratio on the degree of consensus remained significant and negative (B = -.03, t = -

2.04, p = .04). Neither the number of comments (B < .001, t = .19, p = .85) nor the number of 

likes (B < .001, t = -.88, p = .38)  alone had a significant effect on the perceived degree of 

consensus. Table 3 shows the results of each of the three regressions.



  
 

Table 3  
Results of the regression analyses (Field Study).  

 

Non-controlled regression Control: Tweet characteristics Controls:  
Number of comments & likes 

B SE t p B SE t p B SE t p 
Ratio -.03 .02 -1.75 0.08 -.03 .02 -2.05 .04 -.03 .02 -2.04 .04 

# of likes - - - - - - - - <.001 <.001 -.88 .38 

# of comments - - - - - - - - <.001 <.001 .18 .85 

Type: Daily tweets - - - - -.07 .28 -.25 .80 -.07 .29 -.24 .81 

Type: News - - - - -1.22 .29 -4.21 <.001 -1.22 .29 -4.20 <.001 

Type: Response - - - - -.37 .30 -1.22 .22 -.37 .30 -1.22 .22 

# of emojis - - - - .05 .03 1.66 .10 .05 .03 1.66 .10 

# of hashtags - - - - .09 .06 1.48 .14 .09 .06 1.45 .15 

# of words - - - - <.001 .003 .19 .84 <.001 .003 .17 .89 

Constant 6.39 .05 138.65 <.001 6.83 .29 23.47 <.001 6.83 .29 23.48 <.001 

R2 .001 .10 .10 
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The ratio was negatively correlated to the degree of consensus (as coded by the 

assistants), while the number of comments or likes was uncorrelated to that measure. The 

correlation between the ratio and the degree of consensus supports the proximal path of the 

proposed mediation (H2).  

5.4. Decision tree analysis 

We additionally conducted a decision tree analysis to ascertain the hierarchical 

importance of the comment-to-like ratio in relation to other coded variables, including the 

number of likes, comments, retweets, emojis, and more. Furthermore, we employed three 

dictionaries, namely LIWC, PARA, and Harvard, to code various aspects of the tweets that 

might influence perceived credibility. 

The decision tree analysis (Figure 1) reveals that, following the content type (whether 

the tweet falls into categories such as advertising, news, daily talk, or is a response to another 

tweet), the comment-to-like ratio emerges as the most crucial predictor for determining the 

level of agreement between comments on a tweet and the original tweet. Notably, it surpasses 

the significance of the absolute counts of likes and comments, further reinforcing our 

hypothesis (Additional details on the decision tree analysis can be found in Appendix 12). 

Importantly, the results of the decision tree reveal a critical threshold of .24 for the 

ratio, signifying its substantial impact on the level of agreement. In the dataset comprising 

random English tweets collected in July 2023 (N = 45,435), this threshold corresponds to 

approximately 15.2% of the total tweets, highlighting its significance in the real data. 
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Fig. 1. Hierarchical Predictors of Level of Agreement (Depth Limited to 8 Levels) 

5.5. Discussion 

This field study provided a first indication that the ratio and the degree of consensus 

are negatively correlated. In particular, the greater the comment-to-like ratio of a social media 

post, the lower the degree of consensus with the content of the original post. Furthermore, the 

decision tree underscores the relative importance of the ratio as a predictor of the level of 

agreement with the tweet, underscoring the substantial contribution of our findings. 

As any field study, this one has its limitations: This study used uncontrolled field data 

with a correlational design and thus cannot show causality. Our measure of perceived 

consensus builds on the last ten comments on each tweet. Using the last ten comments also 

could affect our result as the last ten comments are not shown at random (i.e., they depend on 

their popularity as well as information about the account). However, this is also the case in 

real life as customers do not always see and read all comments on a social media post. Finally, 

this study provided correlational evidence on the effect of the ratio on the mediator—degree 

of consensus. However, this study did not examine the key hypothesis of this article, i.e., that 

the ratio negatively affects the perceived credibility of a tweet.   
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6. Study 1 

The objective of Study 1 is to examine whether a high (vs. low) ratio decreases the 

perceived credibility of a social media post (H1). It uses an experimental design to manipulate 

the ratio.  

6.1. Procedure 

We recruited 604 participants (MAge = 40.7, SDAge = 13.1, 43.6% male) from Amazon 

Mechanical Turk (“MTurk”) in exchange for a monetary payment. Using an online sample 

fits the research question well, given that the phenomenon of ‘ratioing’ is inherently observed 

online (i.e., on social media). 

This study used a mixed-subjects design with three conditions (ratio: high vs. low vs. 

control condition), whereby each participant saw and rated a total of ten social media posts of 

a total of twenty social media posts. The posts covered various fictitious topics, such as news 

about non-existent events or advertisements for non-existent products, to prevent any prior 

knowledge that participants may have had about the topics from affecting the results. After 

introducing participants to the survey, participants were randomly assigned to view the ten 

posts in a sequence (one by one), with a varying number of comments and likes for each post 

shown below it. Thus, each person saw different posts of all conditions (e.g., the first post 

could be in the high ratio condition, while the second post could be in the low ratio condition). 

This sequential exposure resembles consumers’ real experience on social media where 

different posts have different ratios.   

The ratio was manipulated as follows: In the ‘high ratio’ condition, the ratio between 

comments and likes was approximately 440 (i.e., 440 comments and 1 like, or 865 comments 

and 2 likes, etc.), while in the ‘low ratio’ condition, the ratio was approximately 1/440 (i.e., 1 

comment and 440 likes, or 2 comments and 865 likes, etc.). The ratios varied within the 

conditions (440± 5%, and 1/440± 5%) to avoid participants guessing the hypothesis of this 
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work. These subtle variations also allowed us to control for the number of likes and comments 

of each post in a subsequent regression analysis. In the ‘control’ condition, participants 

neither learned about the number of comments nor likes on a post. An example of the stimuli 

is available in Web Appendix 1. 

Importantly, the stated manipulations on the ratio (number of comments and likes) 

were based on 70,000 posts that we randomly selected and obtained from Twitter. The mean 

comment-to-like ratio for this dataset was 0.01, while the median was 0. To create social 

media posts with a low ratio, we used the ratios from the bottom 5th percentile, which were 

440, and for high ratios, we used the reciprocal of this value, 1/440. While this manipulation 

seems heavy-handed, future studies employed more subtle manipulations. 

6.2. Measurement 

At the initiation of the study and following the attention check, we measured 

participants’ levels of attention to textual and non-textual information, as well as their 

susceptibility to social influence, aiming to control for potential confounding variables in our 

main model. This was accomplished using three one-item Likert-type scales, wherein 

participants were prompted to indicate the extent to which they focus on textual information 

within the provided content, the extent to which they direct their attention to non-textual 

information in the text, the extent to which display susceptibility to social influence when 

making decisions regarding the information. Ratings were gathered on three one-item Likert-

type scale, ranging from 1 (indicating “Totally disagree”) to 7 (indicating “Totally agree”). 

Participants evaluated the perceived credibility (M = 4.49, SD = 1.59) using a 

modified version of the 9-item scale of Ad Trust (Soh et al., 2009). Specifically, participants 

rated “This post was…” “honest,” “truthful,” “credible,” “reliable,” “dependable,” “accurate,” 

“factual,” “complete,” and “clear” ranging from (1 = “Strongly Disagree” to 7 = “Strongly 

Agree;” Cronbach ɑ = .96).  
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Participants were tasked with assessing multiple aspects of the tweets in order to 

control for potential variables that could impact their perceived credibility. These aspects 

included quantifying the order of magnitude of likes and comments for each tweet, evaluating 

the perceived sentiment of the tweets, showing the level of interest toward the content, and 

analyzing the length of the tweets. These measurements were conducted with the primary aim 

of exploration. All the aforementioned variables were evaluated using single-item Likert-type 

scales. 

Before asking demographic questions, participants responded to two hypothesis-guess 

questions. Participants could guess the hypothesis in an open-ended format. Participants also 

could choose one of six available answers regarding what they believed was the purpose of 

the study. All available answers were reasonable, such as “the impact of post grammar on 

perceived credibility” or “the influence of the number of likes on perceived credibility.” 

Finally, all participants indicated their age (in groups), gender, and experience in using social 

media. 

6.3. Results 

6.3.1. Perceived credibility 

Given that the responses are nested due to the within-subjects design, we used a linear 

mixed model to analyze the data, controlling for tweets, participants, number of comments, 

number of likes, and the content type. In addition, we added a dummy variable to distinguish 

tweets about news from commercial topics. The results of the linear mixed model showed that 

a high ratio (marginally significant) reduces perceived credibility (B = -.14, SE = .07, t = -

1.94, p = .052). Thus, a high ratio reduces perceived credibility, supporting our key 

proposition. More interestingly, neither the number of comments nor likes had a significant 

effect on perceived credibility. The control condition, which did not have any number of 

comments or likes, was excluded from the first regression as no information on the number of 
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likes or comments was available. Furthermore, we conducted an additional iteration of the 

model, this time incorporating all of our control variables. These variables encompassed 

factors like focus on textual and non-textual content, susceptibility to social influence, and the 

level of experience in utilizing social media platforms. The results show a significant effect 

between our manipulation and perceived credibility (B = -.14, SE = .07, t = -1.97, p = .048). 

We used a second linear mixed model, only with controlling the tweet, its’ content 

type, and the participants, to be able to include the control condition which did not have any 

comments or likes. The results showed that respondents perceived posts with a high ratio as 

less credible than posts with a low ratio (B = -.23, SE = .03, t = -7.56, p < .001) and that also 

less credible than in the control condition (B = -.15, SE = .03, t = -5.08, p < .001). The control 

condition was not significantly different from the low ratio condition (see Figure 2). Thus, a 

high ratio decreased the perceived credibility of the social media posts.  

 
Fig. 2. A High (vs. Low) Ratio Reduces (Increases) the Perceived Credibility of a 

Social Media Post. 
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 Additional irritation of this model Including all the measured control variables, such as 

focus on textual and non-textual content, susceptibility to social influence, the level of 

experience in using social media, perceived length, perceived interest toward the content, and 

perceived sentiment, replicates the significant difference between the High Ratio group and 

Low Ratio (B = -.19, SE = .03, t = -6.58, p < .001). However now, the difference between the 

control group and the Low ratio became marginally significant (B = -.05, SE = .03, t = -1.69, 

p = .09). 

6.3.2. Content type as moderator 

We conducted another linear mixed model regression with ratio as the independent 

variable, and content type as the moderator while controlling for tweets and participants as 

fixed effects. The results indicated that content type did not have a significant interaction 

effect (t = -.36, p = .72, and t = -.49, p = .62), while the main effect again only replicated for 

the High and Low Ratio group (B = -.22, SE = .04, t = -5.10, p < .001) and not for the control 

group (t = -1.40, p = .16). This finding is important as it demonstrates that the ratio affects 

perceived credibility independent of the content of the social media posts. 

6.4. Discussion 

Study 1 used a controlled setting and revealed that a high ratio decreases the perceived 

credibility of social media posts compared to posts that have a low ratio (H1) or that contain 

no information about the ratio at all. results also showed that our model is robust against the 

content type (i.e., marketing tweets vs. news).  

7. Study 2 

Study 1 showed that the comment-to-like ratio of a social media post affects how 

credible consumers judge that post. However, Study 1 did not rule out the possibility that 
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either the number of comments or likes alone could cause this effect (instead, as 

hypothesized, the ratio).  

Study 2, has the objective of demonstrating that the ratio (and not the comments or 

likes alone) affects consumers’ perceived credibility. Study 2 also aims to shed initial light on 

the process by which the ratio affects the perceived credibility of social media posts—which 

we hypothesized to be the perceived degree of consensus (H2). It is noteworthy that Study 2 

uses more subtle manipulations of the ratio than Study 1 and a self-created social media 

platform (instead of one that resembles Twitter to generalize across platforms). The study was 

pre-registered at aspredicted.org (see Web Appendix 9). 

7.1. Procedure 

We recruited 1,002 participants (MAge = 40.7, SDAge = 12.6, 40.6% male) from MTurk 

in exchange for a monetary payment. Participants of the previous study were not eligible to 

participate in this study. Study 2 used a 2(ratio: high vs. low) × 5(format: indicators available 

to participants; see description of conditions below) between-subjects design.  

First, participants learned about a new social media platform. They received 

information that this platform had similar characteristics that resembled current social media 

platforms. After familiarizing participants with the unique characteristics of the new social 

media, we presented them with a manipulated post from a company introducing their new 

smart bottle that can measure water intake throughout the day. 

Participants were randomly assigned to either the ‘high’ or ‘low’ ratio condition. In the 

high ratio conditions, the social media post had 15 comments and 5 likes. In the low ratio 

condition, the same post had 5 comments and 15 likes. Thus, the sum of the number of 

comments and likes was equal across the conditions.  

We also manipulated the format of indicators that participants could see. Participants 

in the ‘number of comments’ condition were shown only the number of comments of the 
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posts. Participants in the ‘number of likes’ condition only learned about the number of likes. 

In the ‘number of comments and likes’ condition, participants learned about both the number 

of comments and likes. In the ‘number of comments, likes, and ratio’ condition, consumers 

not only learned about the number of comments and likes, but also about the ratio. In the 

‘ratio’ condition, participants learned only about the ratio, but did not receive any information 

about the underlying number of comments and likes (see Web Appendix 2).  

As the motivation of this study was to show whether—as hypothesized—the ratio or 

the individual comments affected perceived credibility, we collapsed the conditions in which 

participants only learned about either comments or likes to ‘No Ratio.’ We also collapsed the 

conditions in which participants explicitly learned about the ratio to ‘Explicit Ratio.’ The 

remaining condition (in which participants learned about both comments and likes) was the 

‘Implicit ratio.’ This allowed us to test whether the ratio and not just the number of comments 

or likes in isolation, was what mattered for perceived credibility. Web Appendix 10 shows 

additional analyses of the conditions.  

7.2. Measurement 

We measured the perceived credibility as in previous studies (Cronbach ɑ = .96). 

Perceived consensus was measured using a single-item Inclusion of Other in the Self (IOS) 

scale (Aron et al., 1992). To measure perceived consensus, participants had to indicate the 

extent to which they believed the comments on the post agreed with its content on a scale 

from 1 to 7. The scale contains two circles that participants were told represent people and the 

account, and they were instructed that the closer the circles are, the more consensus there is 

between them regarding the post’s content. We additionally assessed participants’ perceptions 

of the scale of likes, comments, and the ratio of each item using distinct one-item Likert-type 

scales. Web Appendix 11 summarizes the descriptive statistics of the study. 
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7.3. Results 

7.3.1. Degree of consensus 

A two-way ANOVA with the ratio and the collapsed conditions as independent 

variables and degree of consensus as the dependent variable was significant (FInteraction(2, 996) 

= 10.43, p < .001, η2 = .02, FRatio(1, 996) = 43.29, p < .001, η2 = .04, FCollapsedFormat(2, 996) = 

10.41, p < .001, η2 = .02, MExplicitRatio_High = 3.05, SD = 1.43, MImplicitRatio_High = 3.14, SD = 

1.43, MNoRatio_High = 3.97, SD = 1.50, MExplicitRatio_Low = 4.00, SD = 1.55, MImplicitRatio_Low = 

4.11, SD = 1.38, MNoRatio_Low = 4.04, SD = 1.54). Planned contrasts revealed that the effect of 

the high ratio was significant in the explicit (t = -6.48, p < .001) and implicit ratio (t = -4.69, p 

< .001) conditions, but not in the no ratio conditions (t = -.52, p = .61). Thus, a high (vs. low) 

ratio affected the degree of consensus only in conditions that explicitly or implicitly (i.e., 

revealing both comments and likes) revealed the ratio, but not in conditions that revealed 

individual indicators (i.e., either comments or likes).  

7.3.2. Perceived credibility 

Another two-way ANOVA using the ratio and the collapsed conditions as independent 

variables and perceived credibility as dependent variable was significant (FInteraction(2, 996) =  

9.76, p < .001, η2 = .02, FRatio(1, 996) = 24.87, p < .001, η2 = .02, F CollapsedFormat( (2, 996) = 

8.36, p < .001, η2 = .01, MExplicitRatio_High = 4.40, SD = 1.22, MImplicitRatio_High = 4.36, SD = 1.08, 

MNoRatio_High = 4.97, SD = 1.02, MExplicitRatio_Low = 5.00, SD = .96, MImplicitRatio_Low = 4.86, SD = 

1.05, MNoRatio_Low = 4.94, SD = 1.03). Follow-up contrasts revealed that the effect of the high 

ratio was significant in the explicit (t = -5.72, p < .001) and implicit ratio (t = -3.40, p < .001) 

conditions, but again not in the no ratio conditions (t = .33, p = .74). Thus, a high (vs. low) 
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ratio only affected perceived credibility in conditions that explicitly or implicitly revealed the 

ratio, but not in conditions that revealed individual indicators (Figures 3A, B). 

Figs. 3. The Effect of a High (vs. Low) Ratio on (A) Degree of Consensus and (B) 
Perceived Credibility Depends on the Format of the Ratio. 

 
7.3.3. Mediation analysis (no ratio) 

A mediation analysis using model 4 of Preacher Hayes with ratio as independent 

variable, degree of consensus as mediator, perceived credibility as dependent variable 

revealed that for the ‘no ratio’ condition, there is no significant indirect (B = -.01, SE = .03, 

CI95% = [-.07; .04]) or direct (B = .05, SE = .10, CI95% = [-.15; .25])  effect. 

7.3.4. Mediation analysis (implicit ratio) 

Another mediation analysis using model 4 of Preacher Hayes with ratio as the 

independent variable, degree of consensus as mediator, and perceived credibility as the 

dependent variable showed that for the ‘implicit ratio’ condition, there is a significant indirect 

effect (B = -.21, SE = .07, CI95% = [-.36; -.10]) while the direct effect (B = -.29, SE = .15, p 

= .05, CI95% = [-.59; .01]) is marginally significant. 
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7.3.5. Mediation analysis (explicit ratio) 

Another mediation analysis using model 4 of Preacher Hayes with ratio as independent 

variable, degree of consensus as mediator, perceived credibility as dependent variable showed 

that for the ‘explicit ratio’ condition, there is significant indirect (B = -.24, SE = .05, CI95% = 

[-.34; -.15]) and direct effect (B = -.36, SE = .11, CI95% = [-.57; -.15]). 

7.3.6. Moderated mediation analysis 

A final moderated mediation analysis using model 4 of Preacher Hayes with ratio as 

the independent variable, degree of consensus as mediator, perceived credibility as dependent 

variable, and whether the participants had access to the ratio or not as moderator, revealed a 

significant indirect effect for the ratio present conditions (B = -.22, SE = .04, CI95% = [-.30; -

.16]), while the indirect effect for the ratio absent conditions was insignificant (B = -.02, SE = 

.04, CI95% = [-.09; .05]). The index of moderated mediation was also significant (B = -.21, 

SE = .05, CI95% = [-.31; -.11]). 

7.4. Discussion 

Study 2 revealed that the comment-to-like ratio, and not the individual numbers of 

comments or likes, drives the degree of consensus and perceptions of the credibility of a post. 

More precisely, participants who only learned about comments or likes (instead of both) did 

not report a greater or lower degree of consensus or perceived credibility while those who 

learned about the ratio (implicitly or explicitly) did so.  

Interestingly, explicitly calculating the ratio increases the effect of a high (vs. low) 

ratio above and beyond not doing so. However, also the implicit ratio is sufficient to affect 

perceptions of credibility. This is suggestive that consumers automatically, or heuristically 

calculate the ratio, and no effortful calculation or evaluation takes place.  
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This study also identified perceived consensus as a potential cause of the variations in 

perceived credibility. Specifically, a high ratio decreased the degree of consensus and 

eventually perceived credibility of a social media post.  

Finally, the design of this study (i.e., using a self-created social media platform and 

more conservative ratios) had several implications: First, the effects should be generalized 

across platforms. Second, the ratios did not rely on participants’ prior comprehension of the 

magnitude of comments or likes on commonly used social media platforms (e.g., on Twitter).  

We conducted another study (see Web Appendix 3) that rules out other potential 

mediation paths for the model such as ambiguity, interest in the post, positive and negative 

feelings toward the post, and involvement with the topic. 

8. Study 3 

The previous studies provided the first indications that the degree of consensus 

explains why the ratio affects the perceived credibility of social media posts. However, the 

evidence was purely correlational and did not afford causal conclusions.   

Study 3 was designed with the objective of providing causal evidence on whether 

degree of consensus indeed causally mediated the effect of the ratio on perceived credibility. 

This study also provides an initial test of the downstream consequences of the ratio by testing 

whether the ratio and perceived credibility of social media posts ultimately also affect 

purchase intention for products included in those posts. This study was pre-registered at 

aspredicted.org (Web Appendix 9).  

8.1. Procedure 

We recruited 403 participants (MAge = 45.9, SDAge = 13.3, 44.6% male) from MTurk 

in exchange for a monetary payment that all participants who completed the study received. 
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Those who participated in one of the previous studies could not participate. This study used a 

2(ratio: high vs. low) × 2(consensus cue: present vs. absent) between-subjects design.  

At the beginning of the study, participants saw a timeline of a non-branded technology 

account. The timeline included three social media posts about different new brands of 

smartwatches (see Web Appendix 5). Participants learned that the social media posts 

represented the most recent reviews of the products that the account posted. Notably, the 

content of the tech account resembled actual descriptions of the products on Amazon.com and 

thus was realistic. We also informed participants that all three smartwatches resembled in 

terms of quality and price.  

We manipulated the ratio of the second tweet as in the previous studies. In the ‘high 

ratio’ conditions, the ratio was almost 208 (i.e., 807 comments and 4 likes). In the ‘low ratio’ 

conditions, the ratio was 1/208 (i.e., 4 comments and 807 likes).  

We manipulated the degree of consensus cue as follows. In the ‘consensus absent’ 

conditions, participants did not receive any additional information. In the ‘consensus present’ 

conditions, participants learned that most of the comments on the manipulated post supported 

the content of the post. Thus, the ‘consensus absent’ condition resembled those of prior 

studies, while the ‘consensus present’ conditions should increase the degree of consensus cue. 

We expect that the consensus attenuates the effect of the ratio on the perceived credibility.  

8.2. Measurement 

Participants rated the perceived credibility of each of the social media posts using the 

same scale as in the previous studies (Cronbach ɑ = .96).  

We assessed purchase intention by a one-item measure (“How likely would it be for 

you to purchase the stated smartwatch in the future?” ranging from 1 = “Unlikely” to 7 = 

“Very likely”).  
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Moreover, perceived degree of consensus cue, age, gender, and experience level in 

using social media were measured as in Study 2. Web Appendix 11 shows the descriptive 

statistics. 

8.3. Results 

8.3.1. Manipulation check (perceived degree of consensus cue) 

A two-way ANOVA with consensus cue and ratio as independent variables and 

perceived degree of consensus cue as dependent variable (MHighRatio_AbsentConsensus = 3.54, SD = 

1.60, MHighRatio_PresentConsensus = 4.85, SD = 1.34, MLowRatio_AbsentConsensus = 4.26, SD = 1.44, 

MLowRatio_PresentConsensus = 4.62, SD = 1.49) showed that the manipulation of consensus cue had 

a significant effect (F(1, 399) = 32.45, p < .001, η2 = .07) on perceived degree of consensus 

cue. Thus, the manipulation worked as intended.  

8.3.2. Perceived credibility 

A two-way ANOVA with consensus cue and ratio as independent variables and 

perceived credibility as dependent variable (MHighRatio_AbsentConsensus = 4.85, SD = 1.15, 

MHighRatio_PresentConsensus = 5.33, SD = 1.06, MLowRatio_AbsentConsensus = 5.30, SD = 1.03, 

MLowRatio_PresentConsensus = 5.42, SD = 1.09) revealed a marginally significant interaction (F(1, 

399) = 2.84, p = .09, η2 = .01) and significant main effects of ratio (F(1, 399) = 6.62, p = .01, 

η2 = .02) and consensus cue (F(1, 399) = 7.90, p = .005, η2 = .02). In the absent conditions, 

the ratio had a significant negative effect on perceived credibility (t = -3.00, p = .003), while 

in the consensus present conditions this effect was non-significant (t = -.59, p = .55). Thus, a 

high (vs. low) ratio again reduced (increased) the perceived credibility of the focal social 

media post, while providing a consensus made this effect vanish. The results are shown in 

Figure 4. 
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Figs. 4. The Effect of the Ratio on (A) Perceived Credibility and (B) Purchase Intention is 
Moderated by Degree of Consensus Cue. 

 
 

8.3.3. Purchase intention 

A two-way ANOVA with consensus cue and ratio as independent variables and 

purchase intention as dependent variable (MHighRatio_AbsentConsensus = 3.54, SD = 1.53, 

MHighRatio_PresentConsensus = 4.28, SD = 1.53, MLowRatio_AbsentConsensus = 4.27, SD = 1.61, 

MLowRatio_PresentConsensus = 4.21, SD = 1.70) revealed a significant interaction (F(1, 399) = 6.30, 

p = .01, η2 = .02). Moreover, the main effect of ratio (F(1, 399) = 4.40, p = .04, η2 = .01) and 

consensus cue (F(1, 399) = 4.64, p = .03, η2 = .01) were significant. In the consensus absent 

conditions, the ratio had a significant negative effect on purchase intention (t = -3.24, p = 

.001), while in the consensus present conditions, this effect was non-significant (t =.32, p = 

.75). Thus, a high (vs. low) ratio again reduced the purchase intention for the product shown 

in the social media post, while providing a consensus cue made this effect vanish.   
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8.4. Discussion 

This study demonstrated that manipulation of the consensus cue can moderate the 

mediation of the impact between the ratio and perceived credibility, thereby confirming that 

the findings of Study 2 are not affected by the endogeneity of perceived consensus in our 

model. These results offer compelling causal evidence that the degree of consensus is 

responsible for the effect of the ratio on perceived credibility. Moreover, the study revealed 

that perceived credibility has a significant influence on purchase intention. 

9. Study 4 

The previous studies revealed that a high ratio decreased the perceived credibility of the 

social media post. However, they did not show whether this effect is directly relevant for 

marketers. Prior literature showed that the perceived credibility of online ads affects 

purchases (e.g., Kim & Song, 2020; Muda & Hamzah, 2021; Flanagin et al., 2014; Floh et al., 

2009).  

Study 4 was designed to test whether the ratio not only affected perceived credibility of a 

social media post and purchase intention, but also purchase behaviors in an incentive-

compatible setting. Moreover, this study used more realistic stimuli and a more realistic 

experimental setting to increase the ecological validity of the results.  

9.1. Procedure 

We recruited 1,000 participants (MAge = 40.0, SDAge = 12.9, 46.3% male) from MTurk 

in exchange for a monetary payment that all participants who completed the study received. 

Participants of previous studies were excluded.  

This study used a 2(ratio: high vs. low) between-subjects design. After the 

introduction and the attention check at the beginning of the study, participants were initially 

presented with a timeline of a user that featured three tweets related to three distinct new 
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brands of smartwatches (see Web Appendix 6). Participants learned that the account discusses 

technology-related news, and these three tweets represented their most recent reviews. The 

content of the tweets reflected the products’ actual descriptions (as seen on Amazon.com). 

Participants also learned that the price ($200) and quality of all products were similar. We 

also informed participants that one of them would receive the product that they chose in the 

study as a bonus after completing the study—making the design incentive-compatible. This 

design closely mimicked the actual setting in which consumers are exposed to tweets, 

specifically Twitter and its timeline. 

Controlling the quality and price of the brands, the ratio (number of comments and 

number of likes) of the second of the three tweets was manipulated to arrive at a high (vs. 

low) ratio. In the ‘high ratio’ condition, the ratio was 90.22 (number of comments = 812, 

number of likes = 9). In the ‘low ratio’ condition, the ratio was 9/812 (number of comments = 

9, number of likes = 812).  

9.2. Measurement 

The credibility of each tweet was evaluated by participants using the same scale as in 

prior studies (Cronbach α = .95). To assess purchase behavior, we measured product choice 

intention by asking participants to select one of the three options available in the tweets as 

their preferred choice. To do so in a consequential manner, we informed participants that one 

of them (selected at random) would receive their chosen product or the monetary equivalent 

as a bonus. The order of all measures was randomized. We assessed the susceptibility to 

social influence using a 4-item scale on a range from 1 (indicating “Totally Disagree”) to 7 

(indicating “Totally Agree”), as established by Stöckli & Hofer (2020) with a Cronbach’s α 

reliability coefficient of .88. This assessment was conducted at the conclusion of the study, 

aimed at examining the potential impact of this construct on our subsequent investigation. 

Placing this assessment after the survey questions and before demographic inquiries was a 



 

 78 

deliberate choice, designed to emulate a real-life consequential event. Age, gender, and 

experience level in using social media were also measured as before. Web Appendix 11 

shows the descriptive statistics. 

9.3. Results 

9.3.1. Perceived credibility of the focal tweet 

We first examined whether the perceived credibility of the focal tweet differed across 

conditions. A t-test with conditions as the independent variable and perceived credibility as 

the dependent variable showed that a high ratio significantly decreased the perceived 

credibility (t(998) = -5.27, p < .001, Cohens d = -.33, MHighRatio = 5.20, SD = 1.14, MLowRatio = 

5.55, SD = .94). Thus, a high (vs. low) ratio again reduced the perceived credibility of the 

focal tweet.  

9.3.2. Perceived credibility of all tweets 

Next, we examined whether the effects were specific to the focal tweet with the 

manipulated ratio, or, whether the effects even spilled over to the perceived credibility of the 

other two tweets. A linear mixed model with conditions as the independent variable and 

perceived credibility as the dependent variable and the tweet (focal tweet vs. non-focal 

tweets) as moderator for all tweets showed that a high ratio decreased the perceived 

credibility of the tweet significantly (BHighRatio = -.35, SE = .06, t = -5.75, p < .001). For the 

tweets whose ratios were not manipulated, the moderation was significant and positive 

(BHighRatio×NonFocalTweet = .28, SE = .04, t = 6.89, p < .001); Thus, only the credibility of the 

focal, manipulated tweet was affected (see Figure 5).  

9.3.3. Choice intention 

Only focusing on the focal tweet, a logit regression with conditions as the independent 

variable and choice intention as the dependent variable showed that a high ratio decreased the 

product choice intention of the tweet significantly (B = -.44, SE = .13, z = -3.47, p < .001). 
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Thus, a high (vs. low) ratio again reduced the product choice intention for the product shown 

in the focal tweet. Moreover, repeating the same model including the control variables such as 

susceptibility to social influence and level of expertise in social media, replicated the results 

(B = -.44, SE = .13, z = -3.44, p < .001). 

Fig. 5. (A) The Ratio of the Focal Tweet Primarily Affects the Perceived Credibility of the 
Focal Tweet (And Not of Other Tweets) and (B) the Percentage of the Participants Who 

Chose the Focal Tweet 
 

9.3.4. Mediation by perceived credibility 

Next, we analyzed whether perceived credibility mediated the effect of ratio on 

purchase. Using the PROCESS Model (Hayes, 2012; Model 4, NBootstraps = 10,000) with ratio 

as independent variable, perceived credibility as mediator, and choice intention of the focal 

tweet as the dependent variable, revealed a significant direct effect (B = -.32, SE = .1, CI95% 

= [-.58; -.07]) and significant indirect effect (B = -.10, SE = .04, CI95% = [-.19; -.01]) of our 

manipulation on choice intention. Thus, perceived credibility partially mediated the effect of 

ratio on product choice intention.  
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9.4. Discussion 

This study provides strong evidence that the ratio has a practically relevant effect. 

Specifically, the results document that a high ratio not only decreases perceived credibility of 

a social media post but also purchase intention for a product that is presented in a social media 

post. Notably, this study assesses consumer purchase behavior in a consequential manner and 

by using a design that closely resembles a realistic environment: the timeline of Twitter. 

Taken together, this study demonstrates the downstream consequences of the ratio of social 

media posts in a setting of high ecological validity.  

10. Study 5 

The studies presented so far showed that the comment-to-like ratio affects perceived 

credibility of social media posts and demonstrated its significance to marketers. However, it is 

unclear how to mitigate the negative impact of ratioing on perceived credibility for posts that 

may receive a substantial number of comments (i.e., posts regarding a controversy 

surrounding the brand). Therefore, the objective of Study 5 is to test whether the content type, 

in particular, requesting feedback in the social media post, could attenuate the negative effects 

of ratioing on potentially controversial content. This study was pre-registered at 

aspredicted.org (Web Appendix 9). 

10.1. Procedure 

We recruited 401 participants (MAge = 40.5, SDAge = 12.4, 49.1% male) from MTurk 

in exchange for a monetary payment that all participants who completed the study received. 

Participants of the previous studies were excluded. 

Participants were randomly assigned to one of the four conditions of the 2 (high vs 

low ratio) ´ 2(feedback: solicited vs. not solicited) between-subjects experiment.  
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In the first stage, participants were introduced to a new social media platform identical 

to the one used in Study 2. After acquainting participants with the social media platform, they 

saw a social media post from a company that introduced a new smart bottle (same as in Study 

2).  

In the ‘high ratio’ conditions, the social media posts had 15 comments and 5 likes, 

while in the ‘low ratio’ conditions, the same posts had 5 comments and 15 likes. Thus, the 

sum of likes and comments was equal for both conditions. Participants in the ‘no feedback 

solicited’ conditions saw the normal post about the smart bottle. Participants in the ‘feedback 

solicited’ conditions saw the same social media post with the exception that a request for 

feedback was included at the end of the post “Please share your feedback about our smart 

bottle in the comment section” (see Web Appendix 7).  

10.2. Measurement 

Participants rated perceived credibility of the tweet (Cronbach ɑ = .96) with the same 

9-item scale used in other studies. We include a one-item manipulation check for feedback 

solicitation, asking participants about their agreement to the statement “The post was asking 

for feedback from customers” (from 1= “Totally disagree” to 5= “Totally agree”). Eventually, 

age, gender, and level of experience in using social media were measured as before. 

10.3. Results 

10.3.1. Manipulation check 

A two-way ANOVA with feedback and ratio as independent variables and perceived 

feedback solicitation as dependent variable (MHighRatio_AbsentFeedback = 2.24, SD = .99, 

MHighRatio_PresentFeedback = 3.73, SD = 1.14, MLowRatio_AbsentFeedback = 2.25, SD = .83, 

MLowRatio_PresentFeedback = 3.72, SD = 1.26), showed that the feedback solicitation conditions 

resulted in greater perceptions of feedback solicitation (F(1,397) = 194.59, p < .001, η2 = .33). 

The manipulation worked as intended. 
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10.3.2. Perceived credibility 

A two-way ANOVA with feedback solicitation and ratio as independent variables and 

perceived credibility as dependent variable (MHighRatio_AbsentFeedback = 4.35, SD = 1.24, 

MHighRatio_PresentFeedback = 4.58, SD = 1.22, MLowRatio_AbsentFeedback = 5.17, SD = .86, 

MLowRatio_PresentFeedback = 4.99, SD = 1.07) revealed a marginally significant interaction on 

perceived credibility (F(1, 397) = 3.47, p = .06, η2 = .01). Neither the ratio (F(1, 397) = 32.11, 

p < .001, η2 = .01) nor soliciting feedback had a significant effect (F(1, 399) = .06, p = .80, η2 

< .001). Follow-up contrasts showed that a high ratio significantly reduced perceived 

credibility in the no feedback solicitation conditions (B = -.82, t = -5.42, p < .001), but this 

effect for the feedback solicitation conditions was significantly smaller (B = -.40, t = -2.44, p 

= .02). The results are shown in Figure 6.  

 
Fig. 6. The Effect of Ratioing Being Attenuated After Asking for Feedback in the Content of 

the Post. 

10.4. Discussion 

This study demonstrates that marketers can potentially mitigate the negative impact of 

ratioing on perceived credibility by soliciting feedback in the post. This way consumers may 
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interpret the number of comments—and thus the comment-to-like ratio to be less negative 

(i.e., less in terms of disagreement). 

11. General discussion 

This paper examined the phenomenon of ‘ratioing’ in social media, which describes 

the situation when a social media post receives a (significantly) greater number of comments 

than likes. Six studies—one field study and five online experiments—reveal that the ratio 

between the number of comments and likes has a significant effect on the perceived 

credibility of a social media post and that this perceived credibility eventually affects 

consumer purchase behavior. The studies also demonstrate that this effect is caused by 

consumers using the ratio as a cue for the perceived degree of consensus of others with the 

content of the social media post.  

The results show that the ratio of comments to likes affects the perceived credibility of 

a post and not the magnitude of the individual numbers of comments or likes in isolation. 

Whether the calculated ratio was explicitly presented or only implicitly through the individual 

numbers of comments and likes did not affect the perceived credibility of a post. If a post 

receives 10 or 1000 comments is not sufficiently informative to judge consensus because the 

number of exposures is not known. The number of likes not only provides a benchmark 

against which the number of comments can be judged as high or low, but it also provides 

information about the valence of the reaction. Consequently, a post featuring 100 comments 

and 1000 likes should be perceived as equally credible as a post with 1000 comments and 

10000 likes, all else equal. 

This paper also reveals a potential strategy for mitigating the negative effects of high 

comment-to-like ratios by changing the content framing strategy of the social media post. In 

particular, by soliciting feedback for a ratioed post, consumers perceive the post to be less 
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negative (in terms of perceived credibility), by changing the way that users may interpret the 

ratio as a heuristic cue. While this strategy could not entirely prevent the negative effect of a 

high ratio, it reduced the effect. Future work could complement the current findings and test 

different other strategies to mitigate the effect of the ratio. 

It is important to note that the term “ratioing” is commonly used to describe a social 

media post that has received more comments than likes, with a ratio of 1 being the threshold 

for such a post to be considered “ratioed.” However, in this paper, our focus is not on this 

specific definition of “being ratioed.” Instead, we concentrate on the ratio between the number 

of comments and likes as a continuous metric. 

Finally, it is important to mention that even while several of our studies used 

manipulations that resembled Twitter, there are significant indications that the effects 

documents are more general and apply to other social media platforms. We created a social 

media platform for Studies 2, 5, and the study reported in Web Appendix 8 to show that the 

observed effects generalize to other platforms—as long as they reveal both the number of 

comments and likes. This practice is commonplace, with platforms like Facebook, LinkedIn, 

Instagram, TikTok, and Twitter all following similar approaches. 

11.1. Theoretical contributions 

This paper makes several contributions to the growing literature on how consumers 

process information on social media. Prior research revealed that consumers use 

characteristics of the source, such as the profile picture (Xu, 2014), or specific characteristics 

of a post like grammar and punctuation (Morris et al., 2012), as well as the ratio between the 

number of accounts who follow an account and the number of accounts that are followed by 

an account (Valsesia et al., 2020) to judge the content of a social media post. In this paper, we 

identify a social cue by which consumers assess the content of a post. We show that the ratio 

affects the degree to which consumers perceive a post to be credible from the mediation 
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channel of perceived degree of consensus. In essence, it functions as a peer-review process 

and thus accounts for the assessment of fellow consumers’ judgments in an aggregated way 

(i.e., the number of comments and the number of likes that a post receives). The findings of 

Study 2 are particularly noteworthy because they demonstrate that the number of comments or 

likes alone do not affect the perceived credibility of a social media post; it is the comment-to-

like ratio that is critical in assessing credibility.  

This paper also provides strong evidence about the mechanism behind the effect of the 

ratio on the perceived credibility of a social media post. In particular, the results show that the 

perceived degree of consensus operates as a mediator of the effect of the ratio on perceived 

credibility. Prior work on the perceived degree of consensus on social media is sparse. Lee 

(2015) showed that perceived consensus is theoretically relevant but not significantly related 

to the number of likes alone. The results of our studies, in contrast, show that it is the ratio 

between comments and likes and not the absolute number of likes that drives perceived 

consensus.  

Finally, identifying the level at which the ratio starts backfiring was not the objective 

of this paper and future research should fill this gap. However, the Study in Web Appendix 3 

provides a first indication of this level. It finds that starting at a ratio of about eleven 

consumers begin to judge the credibility of a social media post as significantly lower. 

Nevertheless, Studies 2, 5, and the study in Web Appendix 8 show that perceived credibility 

is negatively and significantly affected at a much lower ratio. This contributes to how the ratio 

functions in the context of social media as it provides a first indication of the specific 

threshold while prior work on ratios lacks revealing such concrete ratio levels. While only one 

single study tests various levels of the ratio, this finding is consistent with our argument that 

consumers assume that a positive comment would most likely be accompanied by a like. 
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Thus, a greater number of comments than likes would imply that those comments are 

negative. Further research is needed to confirm this assumption.  

11.2. Practical contributions  

The insights of this article can directly be used by practitioners who use social media 

to communicate about their companies or products. First, our studies show that even a ratio 

that is based on a small number of comments and likes affects consumers’ judgment of the 

credibility of a social media post. This is significant because firms can use this information to 

evaluate the credibility of their posts, even when they receive little consumer feedback (e.g., 

comments and likes). For example, a brand can monitor the ratios of each post as a general 

metric of its social credibility, along with other metrics such as impressions and the number of 

likes. This can help the company to continuously control and adjust its content marketing 

strategies on social media in response to the aggregated reaction of its real audiences. If a 

particular type of post receives more comments than likes (more than the critical threshold), 

for instance, the brand may decide to replace that specific type of content. Additionally, this 

metric can serve as a marketing research tool on a macro level, allowing companies to 

understand the perceived credibility of different segments of users towards new technologies, 

brands, or ideas on social media. 

Study 4 demonstrates that the ratio and the perceived credibility eventually could 

promote purchases of the product mentioned in the post, which highlights the practical 

relevance of the revealed mechanism. Study 5 indicates that content-framing strategies can 

directly impact how people perceive ratioing as a cue for perceived consensus. In essence, 

marketers can use feedback-seeking strategies for controversial posts to reduce the strength of 

the ratioing cue. This strategy makes it more likely that users will perceive the number of 

comments as indicative of positive discussion rather than disagreement. In that way, the study 

demonstrates a boundary condition of ratioing on perceived credibility.  
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We also conducted an additional study (refer to Study Web Appendix 8) to evaluate 

the impact of the content of comments themselves on consensus and credibility, as opposed to 

solely their quantity. The study’s findings demonstrate the robustness of our model against the 

comments shown below the post, indicating that a positive first comment (which is typically 

the only comment automatically displayed to users) fails to counteract the negative impact of 

ratioing. This emphasizes the significance of marketers and PR teams being proactive, rather 

than reactive, in managing potentially controversial posts and considering implementing the 

‘feedback seeking’ strategy beforehand. 

While the key hypothesis of this paper was that the comment-to-like ratio affects the 

perceived credibility of a social media post, we are aware of arguments for reverse causality 

in practice. Consumers could make comments and likes based on their judgments of the 

credibility of those posts. Nevertheless, it is important to distinguish between perceived 

credibility (which is subjective) and credibility (or factuality, which can be objective). For 

example, a fake advertising post may prompt individuals with knowledge of the topic (who 

helps them to label the content as not true) to comment in disagreement without liking the 

post, resulting in an initial pool of comments and likes that could influence the perception of 

the post’s credibility among those unaware of the issue. Even if we assume that reality is 

subjective (and, therefore, there is no difference between perceived credibility and actual 

credibility), we still face a simultaneous causal relationship between the ratio and perceived 

credibility, which makes the phenomenon a dynamic system. Although our model does not 

explain how the system reaches the point of being ratioed, could be a valuable area for future 

research, it examines the downstream effects of such ratioing on other users, and our findings 

suggest that this effect is significant.  

In sum, this paper examines the consequences of the number of comments and likes 

that a post receives. Future research could examine other responses by consumers, such as 



 

 88 

retweets, along with their consequences on consumer judgments. It is also worthy studying 

the effect of ratioing on social media platforms with different ‘liking’ structures, for example 

on Amazon when we have scaled ratings (ranging from 1 to 5), or for LinkedIn when we can 

have different kinds of reactions, with different valence, to the post. Furthermore, researchers 

could examine additional boundary conditions of the revealed effect. For instance, one could 

examine whether the ratio has more or less impact on the perceived credibility of a social 

media post given a source that might already be disputable or not. Finally, it is worth noting 

that ratioing can have additional implications for consumers’ attitudes toward the brand or 

advertising. For example, if ratioing undermines users’ sense of autonomy or freedom in 

relation to a post, it may motivate them to respond to the social media post (Brehm, 1966), 

such as by reading the comments or researching the topic, to reconcile any perceived 

incongruency in their assessment of the post’s credibility. 
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Do not limit the comments! The effect of restricting the ability to comment on 

social media, on suspicion and attitude toward the brand of users. 

ABSTRACT 

This paper examines the repercussions of undermining one of the central 

characteristics of social media, i.e., restricting people’s ability to comment on social media 

posts. The authors hypothesize that social media posts that do not allow others (e.g., 

followers) to comment on those posts may potentially harm consumers’ perceptions of the 

brand making that post. Precisely, consumers could consider social media posts that do not 

allow for commenting, as a tool for suppression of freedom of speech which eventually 

cultivates negative attitudes towards the brand or person that posted that specific post. A 

combination of a field study and seven online experiments substantiate this claim. The studies 

demonstrate that the impact of closing the comment section on attitude towards the brand is 

mediated by perceived censorship, which heightens user suspicion. We also show that this 

relationship is robust across various contexts, including the importance of the topic and 

whether the author consistently prohibits comments as a communication strategy for all the 

posts. This work provides novel insights into a recent phenomenon—restricting consumers’ 

ability to comment on social media posts—and how consumers respond to this. The results 

also furnish actionable insights to companies for refining their communication management 

strategies in the digital environment. 

 

Keywords: Social Media Indicators, Perceived Censorship, Suspicion, Information Processing 

on Social Media, Attitude Toward Brands. 
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1. Introduction 

Social media are characterized by their interactive, bi-directional nature. This 

characteristic allows companies to engage with their current and prospective consumers while 

also serving as a user-friendly way for people to share their opinions and experiences with the 

online world (Dellarocas, 2003). Despite this openness, recent strides in social media—across 

platforms like Twitter, YouTube, and Instagram—have introduced a new dimension: the 

option for users to restrict the ability to comment on their posts.  

While the reason for granting this option from social media platforms is to allow for 

greater control over privacy, it is unclear whether and how consumers respond to their fellow 

users or companies using this option. Thus, the question “What are the consequences of such 

actions on users’ attitudes?” arises.  

Consumers constantly process information from a wide array of channels (Jang et al., 

2017), whether for receiving news, following their favorite brands, or even making purchase 

decisions. What is unique to social media platforms and thus sets them apart from 

conventional media is its multifaceted role for companies, serving not solely as a 

communication platform (e.g., about their brand and products), but also to engage with their 

consumers. This paradigm shift has redefined the interactions between brands and users, 

affording both parties increased insight into one another, thereby altering the landscape 

(Sashi, 2012). 

Moreover, social media have empowered consumers to directly voice themselves 

through actions such as crafting content, engaging with existing posts, or utilizing the 

comments and views of other users under a post as a reference for potential brand purchases, 

thus reconfiguring the very essence of their relationship (Westerman et al., 2014). 

Consequently, consumers are not just users of these platforms, but also content generators for 

each other. User-generated comments support developing more genuine characteristics about 
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a brand’s offerings, reducing potential information asymmetry between consumers and 

companies, and thereby increasing the transparency of the consumer-brand association (Xiao 

et al., 2018). Furthermore, the ability to comment allows consumers to ask questions or raise 

concerns, which allows brands to excel in responsiveness and interactivity, both of which can 

increase the perceived credibility of the responses of the brand (Le et al., 2021). 

In other words, the ability to comment on social media posts serves as an important 

cue that allows consumers to express their opinions but also facilitates positive judgments 

about the person or brand that allows for those comments. Users can make decisions that are 

closer aligned with their preferences and needs. Furthermore, the ability to comment on social 

media posts also has a crucial role also for forming purchase decisions (Algi, 2018). The 

interactive nature of social media creates a sense of community engagement and offers the 

ability to exchange insights, and opinions, and to receive advice from their peers, which can 

eventually lead to customer loyalty and satisfaction (Brodie et al., 2013). 

As the platforms evolve, recent developments such as the ability to limit or restrict 

comments on posts introduce a layer of control on privacy, yet also prompt an inquiry into the 

potential consequences of such choices. This paper explores whether restricting users’ ability 

to comment on a social media post could have adverse consequences. Specifically, it 

investigates the potential repercussions of using this option on post-engagement and 

consumers’ overall brand perception. By investigating these dynamics, we aim to shed light 

on the evolving interplay between brands, consumers, and the ever-shifting landscape of 

social media communication. 

2. The psychology of restricting the ability to comment on social media posts 

One of the key functions of social media is the ability to interactively exchange, and 

therefore also to respond (i.e., “comment”) to one another’s posts. While restricting the ability 
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to comment on social media posts might have both positive (e.g., enhanced privacy, 

avoidance of negative content) and negative consequences, we propose that consumers’ 

intuitive responses are adverse—they tend to perceive any restrictions to comment on others’ 

posts as an act against the freedom of speech. In a nutshell, for those who use the commenting 

function, that function is valuable, independent of the purpose (e.g., engaging with brands, 

gaining insights), as it serves as a medium for users to exchange their ideas and opinions on 

various topics. 

The concept of freedom of speech is closely intertwined with individualism and 

independence, standing in contrast to the specter of potential government intervention (Riedl 

et al., 2021). Given the prevailing norm on social media platforms that users can comment 

publicly, we propose that users could consider any restrictions as a form of censorship, 

potentially translating into a perceived loss of their freedom of expression (Oh & Aukerman, 

2013), thus making restricting comments as an even more general signal of censorship. The 

significance of scrutinizing this phenomenon intensifies, as numerous individuals regard 

freedom of speech as their paramount right in society (Shugan, 2006). 

Censorship is basically defined as stopping someone from expressing their thoughts or 

speech, which were presumed to be free or not restricted before (Freshwater, 2004). 

Censorship encompasses a wide array of actions, not just the deliberate concealment or 

manipulation of information, which often involves disrupting communication channels, 

making them inaccessible to users, as highlighted by Varol and Uluturk (2019). Censorship 

can be harmful for many reasons, as it can allow powerful organizations to control what 

information gets out, hiding truths that might be unpopular which can hurt free markets by 

limiting choices and competition (Shugan, 2006).  

Thus, according to the definition of censorship, restricting the ability of users (or 

fellow consumers) to comment on a post can be considered an act of censorship, just as 
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deleting a piece of news or someone’s review can be. This is because it disrupts 

communication channels and probable information that could have been provided in the 

comment section. However, the question remains whether users perceive this act as 

censorship, or more as a protective measure for privacy and information. 

To address this question, a preliminary, exploratory investigation (NMTurkers = 100, 

MAge = 36.3, SDAge = 10.8, 59% male) took place which exposed participants to a social media 

post of a brand introducing a product. Notably, the ability to comment was visibly restricted. 

Participants then shared their perceptions of the brand in an open text box. Text analysis 

revealed that this practice made them suspicious about the content of the post, felt a 

manipulative intent of the brand (e.g., removal of negative comments), and expressed their 

perceptions of censorship (e.g., impeding users from expressing their views), even though 

some users stated that the reason for this act could be related to preempting hate speech or, in 

extreme cases, trolling behavior from social media users, potentially safeguarding oneself, the 

brand, or other users, from reputational harm. Appendix 18 provides additional details on this 

study. 

In the context of our Pre-Study, it becomes clear that most users primarily interpret the 

restriction of comments as a signal for brands to assert control over information. This cue 

emerges even in the absence of direct evidence suggesting such control, supporting the idea 

that censorship is not only removing or hiding information, but also the interruption of the 

communication channel, which here is the ability to comment. This unintended consequence 

of censorship can obstruct open dialogue and, notably, foster suspicion among users. 

Utilizing cues and signals is not a new concept in decision-making. Recent research 

showed that individuals extensively rely on informational cues and signals in their decision-

making processes on social media. These cues encompass various elements that indirectly 

convey the credibility of information within the social media realm. For instance, individuals 
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assess a user’s authenticity based on factors like their profile picture (Xu, 2014), the presence 

of a verified badge, and even specific aspects of their posts, such as grammar and punctuation 

(Morris et al., 2012). Moreover, individuals also consider nuanced social indicators, such as a 

user’s follower-to-following ratio (Valsesia et al., 2020) or the ratio of comments to likes on a 

post (Rezaee et al., TBD), when forming judgments about a user or their posts in the social 

media sphere.  

Considering that individuals adeptly leverage these nuanced cues for their decision-

making processes, it is plausible to deduce that users may similarly interpret a brand’s 

decision to disable comments on a post as a significant cue that influences their judgments, 

regardless of their intention to comment on the post. The lack of comments, once symbolic of 

open engagement, has the potential to morph into a trigger that leads users to view the content 

as edited or questionable. Consequently, this paper aims to thoroughly examine this 

phenomenon, delving into whether restricting post comments can indeed alter user attitudes 

by manipulating perceptions of censorship and suspicion. 

Suspicion, a product of uncertainty and triggered by perceived deceptive actions, plays 

a crucial role in shaping customer perceptions and responses. As Burgoon et al. (1996) 

elucidate, suspicion revolves around a belief held without concrete evidence, hinting at 

potential dishonesty in an individual’s speech or actions. It embodies a lingering doubt that 

questions the authenticity of presented information, often arising from the identification of 

deceptive traits within an action. Researchers like Bart et al. (2005) and Zhuang et al. (2018) 

emphasize how perceived deceptive attributes can sow doubt around an action, prompting 

individuals to approach it with heightened skepticism. 

Deception, especially in the realm of communication, occurs when an individual 

intentionally attempts to instill false beliefs, as explained by DePaulo and DePaulo (1989). 

This entails manipulating information to establish or perpetuate beliefs that the communicator 
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knows to be untrue. Similarly, the act of censoring information or disrupting conversations 

can exert a similar influence on user behavior and may be considered a form of deception 

(Varol & Uluturk, 2019). Such manipulation extends to the domain of marketing, where 

dishonest actions or messages can influence individuals’ purchasing decisions by encouraging 

belief in unverifiable claims or by sowing uncertainty about the buying process (Aditya, 

2001).  

Consumer suspicion, as defined by Buller and Burgoon (1996), revolves around the 

uncertainty regarding the truthfulness of a sender's message. This suspicion, fueled by 

enduring uncertainty arising from perceived deception, creates an environment in which the 

credibility of presented information is questioned. Oza et al. (2010) underscore the role of 

consumer awareness in instigating suspicion and promoting vigilance against deceptive 

tactics, especially within product reviews. 

Moreover, the proliferation of technology and social media has concurrently witnessed 

an escalation in deceptive practices by brands. The mounting suspicion among users toward 

online environments can be attributed to several key factors, leading to the perception that 

restricting comments may be more deceptive than protective. Notably, recent observations 

have unveiled the employment of varied strategies by sellers to mitigate the impact of 

negative reviews, as elucidated by Hendy (2019). These strategies include manipulating the 

visibility and sentiment of reviews and comments, such as concealing unfavorable reviews, 

and potentially distorting perceptions of product quality. As users become more attuned to 

these maneuvers, their inherent skepticism toward the authenticity of online content deepens. 

Additionally, media coverage and practitioner studies have underscored a disconcerting trend 

where unknown digital brands accumulate unverified reviews on platforms like Amazon, as 

highlighted by Woollacott (2019). This surge of potentially unauthenticated reviews not only 
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dilutes the credibility of online testimonials but also fuels reservations concerning the 

genuineness and trustworthiness of digital information. 

Zhuang et al. (2018) shed light on the predisposition of individuals who have fallen 

victim to online fraud to question the accuracy and credibility of information presented in 

product reviews. These prior experiences with deceitful practices contribute to a prevailing 

wariness that taints their perception of online content, extending to measures like restricting 

the comments. Thus, interpreting the restriction of the comments becomes increasingly 

crucial, as more individuals may encounter censored information, inevitably evaluating 

subsequent limited comments with heightened skepticism. 

Thus, another salient factor that amplifies the significance of scrutinizing the 

restriction of comments is its incongruence with the typical norms of social media posts. In 

essence, when brands opt to post content with restricted comments, they deliberately deviate 

from the prevalent pattern. This deliberate divergence signals that there is an underlying 

motive behind this unconventional approach. Regrettably, the prevailing climate of skepticism 

towards social media posts and digital information at large complicates users’ ability to 

readily attribute this action to a positive and authentic rationale. Instead, the prevailing 

climate of skepticism inclines users to lean towards interpreting this measure as an act of 

censorship, driven by motives other than safeguarding the online environment. 

In amalgamation, these references underscore the evolving landscape of digital mistrust, 

where deceptive practices, the influx of unverified information, personal encounters with 

online fraud, and manipulative seller conduct coalesce to render users markedly skeptical of 

online environments. Within this context, users are inclined to perceive the restriction of the 

comments as an act of deception rather than protection, aligning with their heightened 

apprehension towards the authenticity of digital content. 
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H1: Restricting consumers’ ability to comment on social media posts (vs. not) increases 

consumers’ perceived suspicion about the post. 

H2: The impact of restricting consumers’ ability to comment on social media posts on 

suspicion is mediated through the perceived degree of censorship. 

3. Reactance theory and attitude toward the brand 

The perception of limited comments as indicative of censorship holds the potential to 

trigger intricate dynamics in users’ attitudes. Anchored in congruent theory, when individuals 

confront incongruent attitudes, they are inclined to rectify this incongruence. One plausible 

way of achieving this congruency is by seeking additional information (Osgood and 

Tannenbaum, 1955). Consequently, the restriction of people’s ability to comment on a social 

media post may prompt consumers’ suspicion. This, in turn, could potentially result in 

reduced purchase intentions and a less favorable view of the brand (DeCarlo, 2005). Hence, if 

there is indeed something to conceal, it might be more beneficial to make it transparent to 

users rather than keeping it hidden. 

Expanding the framework, reactance theory (Brehm, 1966) furnishes a lens to 

comprehend user responses to restricted comments. If users construe the closure of comments 

as an endeavor to suppress dissenting opinions, they may be propelled to resist such 

censorship and reclaim the liberty of expression curtailed by this action. In this context, users 

could counteract the comments’ restriction by generating adverse word-of-mouth, drafting 

negative reviews, engaging in unfavorable quote retweeting, and other analogous behaviors. 

The application of reactance theory adds a layer of depth to the understanding of user conduct 

in the wake of restricting the ability to comment, particularly within the realm of social media 

platforms. This theoretical construct serves as an invaluable tool to explore the intricate 

dynamics underlying user reactions to the curtailed interactive space. It affords the potential 



 

 98 

to elucidate how individuals navigate the intersection of their perceived freedom of 

expression and the platform’s regulatory mechanisms, yielding insights into the broader 

ramifications of such actions on user engagement and discourse. 

Furthermore, the discontent stemming from perceived freedom loss, or perceived 

censorship, might extend beyond the platform with restricted comments. Reactance theory 

suggests that individuals may actively seek alternative avenues to express their opinions and 

regain a sense of control (Brehm, 1966). In such instances, users who have been restricted to 

one platform might be inclined to share their negative experiences on uncensored platforms. 

This could materialize as the dissemination of negative word-of-mouth on these alternative 

platforms. This reactance effect can sometimes significantly undermine the intended objective 

of censorship. For instance, as noted by Rappaport (1997), attempts to censor a book or movie 

can paradoxically increase users’ inclination to read or watch them. 

H3: The impact of restricting the ability to comment on users’ suspicion can decrease the 

user’s attitude toward the brand. 

However, the interplay of diverse contextual factors, encompassing variables like the 

subject matter’s consistency, the historical context, and the perceived importance of the topic, 

could potentially moderate these effects (Eckstein, 1997), as they can explain the motive 

behind such acts. Therefore, it is plausible that the consistency of the act of restricting the 

comments (whether applied to all of a brand’s posts or not), the level of importance attributed 

to the topic (whether there might be a significant reason for censoring the information), and 

the historical context of the brand (whether the brand has faced issues like trolling, hate 

speech, or misleading comments in the past) may change the impact of restricting comments 

on users’ behavior and perception. These factors contribute to the complexity of user 

reactions to the absence of comment sections, highlighting the intricate web of variables that 

shape users’ perceptions and responses in the digital landscape. 
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4. Overview of studies 

We conducted a total of eight studies—one field study and seven pre-registered online 

experiments—to examine our hypotheses and assess the impact of restricting the ability to 

comment on users’ brand attitudes. The field study provides initial evidence of the 

relationship between restricting the ability to comment and users’ attitudes using social media 

posts (N = 45,435 tweets). Study 1 (N = 202) tested the core hypothesis through a controlled 

experiment, revealing that restricting the comments diminishes brand attitude by amplifying 

perceived censorship and suspicion. Study 2 (N = 202) meticulously explored the mediation 

channel of perceived censorship, while effectively ruling out other potential mediators like 

consistency, customer responsiveness, and trolling history. This study solidified that the 

analyzed effect indeed stems from the mediation channel of perceived censorship. Study 3 (N 

= 400) manipulated the level of censorship to furnish causal evidence for its role as the 

primary mediator between closing the comments and suspicion/brand attitude. Study 4 (N = 

499), Study 5 (N = 401), and Study WA1 (N = 400) delved into theoretically proposed 

moderators that could mitigate or counteract the negative effect of closing the comments on 

users’ attitudes. These three studies underscored the model’s robustness against parameters 

such as “level of importance of the topic,” “within-account consistency of the brand’s action 

in closing comments on social media,” and “providing a legitimate historical context to 

explain the rationale behind closing the comments.” Finally, Study 6 (N = 501) demonstrates 

that not only is restricting the ability to comment after receiving negative replies worse than 

doing so before posting, but it also reveals that having negative replies is preferable to 

restricting comments after receiving such feedback. You can find the link to the pre-registered 

studies in Appendix 13. 
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5. Field study 

The purpose of this field study is to conduct an initial assessment of the correlation 

between the closure of comments on social media posts and consumers’ attitudes toward the 

post. This investigation focuses on the primary hypothesis of this research within a 

naturalistic setting, ensuring a high level of ecological validity. 

5.1. Procedure  

In this study, a total of 49,981 English-language social media posts were randomly 

collected from Twitter during August 2023. The primary objective was to uncover any 

significant correlation between the tweet status and the attitude of the response that the tweet 

received from other users. Specifically, we used the quote-retweets that the tweets received 

(whether they conveyed negativity or positivity in the quotes) to assess the attitude of the 

users toward the tweets.  

Since the posts with restricted comments didn’t have any direct comments attached to 

them, we had to rely on quote-retweets of the tweets as the user responses to those tweets. To 

do this, we gathered all the quote-retweets from tweets with closed comments (totaling N = 

328). We then utilized the assistance of two RA to evaluate the attitude toward the main tweet 

of these quotes. To provide a basis for comparison, we also collected N = 232 random quote-

retweets from normal (control) tweets from the same database. This approach allowed us to 

assess how users’ responses in quote-retweets of posts with closed comments differed from 

those of typical tweets, shedding light on the impact of comment restrictions on user 

engagement and attitude. 
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5.2. Measurement 

5.2.1. Attitude 

The attitude of the quote-retweets toward the original tweet was assessed with the help 

of two research assistants, blind to the hypothesis, who coded the last 20 quote-retweets of 

each tweet separately. In our study, research assistants were tasked with evaluating the 

attitude of quotes in relation to the original tweets. Using a 0-10 scale, assistants rated quotes 

based on their disposition towards the content of the original tweet, rather than the general 

tone of the comment itself. A score of 0 indicated complete disagreement with the original 

tweet, 10 represented full agreement, and 5 signified neutrality. It was emphasized that 

alignment with the tweet’s content could result in a high score, even if the content was 

negative (e.g., agreeing with a tweet that dislikes a movie, with a negative tone, would result 

in a positive attitude). In cases where the language of a quote was not understood, a neutral 

score of 5 was assigned.  

The coding from the two research assistants showed a high correlation (r = .82, p < 

.001), with an intraclass correlation coefficient of .81 (F(388,389) = 9.25, p < .001), 

underscoring the validity of the labeling process. The final measurement for assessing user 

attitudes toward the tweets was derived from the average of the scores provided by the two 

assistants. 

5.2.2. Content Type 
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We also used the help of a research assistant to categorize the tweet content aiming to 

control for any confounding effects related to the topic of each tweet. Tweets were labeled as 

ads (promotional content, whether commercial or personal), opinions (comments on various 

topics or other tweets), news (discussions directly related to news events, whether verified or 

not), or daily-tweets (general commentary on the individual’s day-to-day life, without a 

specific focus). 

Appendix 14 provides a summary of the descriptive statistics for the field study and 

the subsequent experiments. 

5.3. Result 

In our analysis of a subset of 389 tweets with coded quote-retweets, we conducted a 

linear regression using the average attitude score of quote-retweets as the dependent variable 

and the tweet’s status (Restricted vs. Control) as the independent variable. Our findings 

indicate that restricting the ability to comment on a tweet significantly lowers the attitude 

expressed towards it in quote-retweets (B = -.64, SE = .18, t = -3.58, p < .001). Even when 

controlling for variables such as content type, verification status, and the account’s follower-

to-following ratio, the results remained consistent (B = -.77, SE = .18, t = -4.20, p < .001). 

These findings were also replicated when using the coding from either the first or the second 

research assistant individually (first RA: B = -.49, SE = .21, t = -2.36, p = .02; second RA: B 

= -1.05, SE = .18, t = -5.93, p < .001). Thus, the evidence strongly suggests that restricting 

comments harms the sentiment expressed in quote-retweets toward the original tweet. 
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Furthermore, our argument, grounded in reactance theory, posits that restricting the 

ability to comment has the potential to amplify negative word-of-mouth interactions among 

users, creating a sense of congruency. To investigate this further, we harnessed the complete 

dataset, comprising 49,981 collected tweets. We employed an alternative regression model 

with the natural logarithm of the number of quotes as the dependent variable, given the 

substantial skewness in the distribution of this variable (skewness = 47.9, p < .001). The 

independent variable in this model was the tweet’s commenting status. In addition, we 

controlled for various factors, including content type, verification status, and the account's 

follower-to-following ratio. The results of this regression analysis revealed a significant 

increase in the number of quote retweets when the ability to comment was restricted (B = .26, 

SE = .05, t = 4.80, p < .001). This finding provides initial evidence supporting the notion that 

limiting comments can indeed foster greater negative word-of-mouth interactions among 

users. 

5.4. Discussion 

This field study offered an initial insight into the negative correlation between 

restricting the ability to comment on social media posts and consumers’ attitudes toward the 

post. Specifically, the data show that the tweets with restricted comment sections receive 

more negative quotes than the tweets with not restricted comments. As with any field study, 

this investigation is not without limitations. The study utilized uncontrolled field data within a 

correlational design, which inherently precludes the establishment of causality. Our 

assessment of attitudes toward brands relies on correlational metrics, which can potentially 

introduce measurement errors specific to this construct. Nonetheless, we employed this study 

to underscore the correlated associations among our focal parameters using real-world data. In 

upcoming studies, our emphasis will shift towards investigating causality more 

comprehensively. 
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6. Study 1 

The primary goal of Study 1 is to explore the potential impact of comment restrictions 

on attitudes towards the brand. This will be achieved by investigating whether such 

limitations lead to an increase in perceived censorship and suspicion among users. To achieve 

this objective, an experimental design will be employed to manipulate the comment section of 

the posts under examination. 

6.1. Procedure  

We recruited 202 respondents (MAge = 40.0, SDAge = 12.7, 47.0% male) from Amazon 

Mechanical Turk (“MTurk”) in exchange for monetary compensation.  This study was 

conducted using a between-subjects design featuring two distinct conditions (Restricted vs. 

Control). At the study’s commencement and following the introduction, we gauged 

participants’ value priorities employing a modified version of Rokeach’s original Value 

Survey (1968). Specifically, participants were tasked with ranking the provided values: (1) “A 

Comfortable Life,” (2) “A Sense of Accomplishment,” (3) “A World at Peace,” (4) 

“Equality,” (5) “Family Security,” (6) “Freedom,” (7) “Inner Harmony,” and (8) “Wisdom.” 

This measurement was implemented to ascertain whether the emphasis placed on freedom 

within participants’ value systems could influence perceived censorship and its subsequent 

impact on suspicion levels.  

Subsequently, participants were presented with a tweet originating from a fictional 

brand named “Kheyzaran,” promoting their latest smartwatch to their target audience 

(Appendix 15). These participants were randomly divided into two groups: one exposed to the 

normal version of the tweet (control version with open comment section), and the other 

exposed to the tweet with a restricted comment. Following their exposure to the tweet, 

participants were prompted to evaluate their perceived censorship of the post, levels of 
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suspicion, and attitudes towards the brand. Participants viewed the assessment in a 

randomized order. 

6.2. Measures 

6.2.1. Attitude toward the brand 

After the exposure to the manipulations, participants were tasked with evaluating their 

attitude towards the brand. To gauge this, we employed a modified version of the 5-item scale 

of Attitude toward the Brand in the Ad, adapted from the work of Lee et al. (1999). (Cronbach 

ɑ = .85). 

6.2.2. Suspicion 

We assessed participants’ levels of suspicion using an adaptation of a 9-item scale 

originating from the work of Obermiller et al. (1998), specifically designed to measure 

skepticism towards advertising (Cronbach ɑ = .93). 

6.2.3. Perceived censorship 

Perceived censorship was evaluated using a straightforward 1-item Likert-type scale. 

Participants were prompted to indicate their level of agreement with the statement, “The 

brand (Kheyzaran) was trying to censor information from users,” utilizing a scale ranging 

from 1 (Totally disagree) to 7 (Totally agree).  

6.2.4. Manipulation check 

We assessed the efficacy of our manipulation by directly inquiring about the number 

of comments the observed posts received from a selection of four available options: 10, 230, 

75, and the indication that the post’s comments were restricted. 

6.2.4. Demographics 

Preceding the demographic inquiries, participants engaged in addressing two 

hypothesis guess questions. In an open-ended format, participants had the opportunity to 

speculate about the underlying hypotheses. Additionally, they could select from six potential 
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answers regarding the study’s purpose. Notably, all provided options were plausible, such as 

“the influence of post grammar on consumers” or “the effect of the number of likes on 

consumers.” Concluding the survey, all participants furnished information about their age 

(grouped), gender, and their familiarity with using social media. You can find the descriptive 

statistics of this study in Appendix 14. 

6.3. Results 

6.3.1. Manipulation check  

 We conducted a one-way ANOVA using our manipulation (Restricted vs. Control) as 

the independent variable and the manipulation check as the dependent variable (MRestricted = 

3.79, SD = .68, MControl = 2.75, SD = 1.33). The results indicate that our manipulation was 

effective in the study (F(1, 200) = 49.7, p < .001, η2 = .2). 

6.3.2. Direct effects 

6.3.2.1. Perceived censorship 

 Utilizing a one-way ANOVA (F(1, 200) = 36.40, p < .001, η2 = .15), with our 

manipulation serving as the independent variable and perceived censorship as the dependent 

variable, we observed a significant effect in relation to the restriction of the comments. The 

mean perceived censorship was higher in the ‘Restricted’ condition (M = 3.89, SD = 1.70) 

compared to the ‘Control’ condition (M = 2.58, SD = 1.37), indicating that closing the 

comments indeed led to an increase in perceived censorship by the participants. 

 Furthermore, our interest extended to examining whether the incorporation of freedom 

as a value priority and the users’ social media experience could potentially alter the impact of 

our model. To address this, we employed a linear regression approach. Here, the manipulation 

served as the independent variable, freedom priority was introduced as the moderator, and the 

degree of experience with social media was introduced as a control variable. The results of 

this analysis demonstrated the persistence of the primary effect (B = .94, SE = .45, t = 2.10, p 
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= .04), indicating that the manipulation retained its significance. However, it is worth noting 

that no significant moderating effect was observed for the freedom value priority (t = .93, p = 

.35), suggesting that the influence of freedom priority did not substantially change the 

relationship within the model. 

6.3.2.2. Suspicion 

Conducting another one-way ANOVA (F(1, 200) = 16.90, p < .001, η2 = .08), 

utilizing our manipulation as the independent variable and suspicion as the dependent 

variable, revealed a significant effect of conditions on suspicion levels. Specifically, in the 

“Limited” condition (M = 4.28, SD = 1.06) compared to the “Control” condition (M = 3.64, 

SD = 1.15), closing the comment section led to a significant increase in participants’ levels of 

suspicion. 

6.3.2.3. Attitude toward the brand 

Employing an additional one-way ANOVA (F(1, 200) = 7.54, p = .01, η2 = .04), 

where the manipulation served as the independent variable and attitude toward the brand was 

the dependent variable, a significant direct influence of conditions on the dependent variable 

emerged. Specifically, within the “Limited” condition (M = 2.62, SD = 1.15) in contrast to the 

“Control” condition (M = 3.03, SD = .97), the act of closing the comment section yielded a 

significant reduction in participants’ attitude toward the brand (Figure 7). 

6.3.3. Mediation Analysis 

 Utilizing the PROCESS Model (Hayes, 2012; Model 6, NBootstraps = 10,000), with 

conditions as the independent variable, attitude toward the brand as the dependent variable, 

and perceived censorship and suspicion as mediators, reveals a significant indirect effect 

between closing the comments and attitude toward the brand. This effect operates through the 

serial mediation of perceived censorship and suspicion (B = -.24, SE = .13, CI95% = [-.38; -

.14]). Meanwhile, the indirect effects for alternative pathways, such as from manipulations to 
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perceived censorship to attitude toward the brand (B = -.07, SE = .06, CI95% = [-.21; .04]), 

and the pathway from manipulations to suspicion to attitude toward the brand (B = -.12, SE = 

.09, CI95% = [-.30; .05]), along with the direct effect (B = .03, SE = .13, CI95% = [-.23; 

.28]), remain insignificant. Moreover, changing the order of the mediators in the serial 

mediation, makes the mediation path insignificant (B = -.02, SE = .02, CI95% = [-.07; .01]), 

which again supports our hypothesis. These findings suggest the presence of a meaningful 

mediated pathway through perceived censorship and suspicion, influencing attitude toward 

the brand. 

 

Fig. 7. The Effect of restricting the ability to comment on the post on (A) suspicion and (B) 
attitude toward the brand. 

 

6.4. Discussion 

 The outcomes of Study 1 furnish a more heightened level of controlled and causal 

evidence concerning the association between the restriction of the comments and the brand 

attitude. Notably, this investigation substantiates the suggested sequential mediation involving 

perceived censorship, suspicion, and attitude toward the brand. An additional noteworthy 

observation from this study is that the emphasis on freedom as a value in life does not exert a 

moderating influence on the relationship between closing the comments and perceived 

censorship, which enhances the robustness of the model. 
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7. Study 2 

Study 2’s principal objective is to scrutinize the alternative potential explanations for the 

mediation pathway between the restriction of the comments and perceived credibility. 

However, it is worth mentioning that there could be also other probable mechanisms to 

explain restricting consumers’ ability to comment on social media posts that we need to rule 

out. As stated before, the default on social media is that consumers are able to comment on 

others’ posts and responses (Ahluwalia & Burnkrant, 2004). Consumer suspicion tends to rise 

when actions deviate from established expectations or norms. In such cases, consumers seek 

cues to gauge the significance of these deviations (Ahluwalia & Burnkrant, 2004) and cues to 

identify potential suspicious acts (Friestad & Wright, 1994; Plotkina et al., 2020). Therefore, 

if a brand consistently restricts consumers’ ability to comment on a social media post it may 

be considered as the consistent communication strategy of the brand (Šerić, 2020), which may 

eventually outweigh the negative consequences.  

Another explanation could be about the relationship dynamics between the users and the 

brand, and not the censoring itself. The act of closing the comments could reduce the extent to 

which consumers perceive a brand to be customer-responsive, thereby fostering a more 

negative attitude toward the brand. Perceived customer responsiveness and centricity, 

recognized for its influence on customer relationship performance and customer satisfaction 

(Habel et al., 2020; Agnihotri et al., 2016), entails a strong emphasis on addressing customers’ 

interests (Bolton 2004; Shah et al. 2006). By curbing open dialogue and inhibiting customer 

participation through closed comments, brands might inadvertently convey a reduced focus on 

addressing customers’ interests and a lesser commitment to actively engaging with their 

concerns which may negatively influence users’ attitudes toward the brand. 

The act of restricting the comments can also be interpreted as a measure to address 

cyberbullying, trolls, and hate speech, providing an alternative perspective to users’ 
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perceptions. Cyberbullying, as outlined by Johnson (2011), encompasses hostile or aggressive 

actions carried out through information and communication technologies with the intention of 

harming or causing discomfort to others. In this context, by restricting the comments, brands 

could be seen as taking proactive steps to mitigate potential cyberbullying instances and 

protect users from exposure to offensive content. This perception suggests that the limitation 

might be a strategic approach to maintaining a safer and more respectful online environment, 

thus presenting a justifiable reason for users to interpret the action as an effort to curb 

negativity rather than an act of censorship. 

In this study, we will examine the influence of these alternative explanations on our 

process model. This investigation aims to confirm that the observed effect indeed stems from 

the hypothesized relationship between perceived censorship and suspicion, rather than 

potential factors like inconsistency or a decline in perceived customer responsiveness 

affecting the outcomes. 

7.1. Procedure  

We recruited 202 participants from Amazon Mechanical Turk (“MTurk”) in exchange 

for monetary compensation. This study employs a between-subject design (Restricted vs. 

Control) to investigate the potential mediating factors between the closure of comments and 

attitudes toward a brand (MAge = 39.8, SDAge = 13.0, 42.6% male). The design closely 

resembles Study 1, with the exception that a different fictional brand, “Aqua-Z,” is utilized to 

promote its new fat burner (see Appendix 16). This specific manipulation was chosen to 

assess the impact on posts that inherently raise more suspicion than typical content. 

The study commenced by having participants assess their prioritized life values, 

mirroring the approach taken in Study 1. Subsequently, participants were exposed to the 

manipulations, after which they engaged in a structured examination of multiple behavioral 

concepts, in a randomized order. These concepts were meticulously designed to uncover the 
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probable mediating mechanisms that establish a connection between the restriction of 

comments and the attitude toward the brand. The central aim was to methodically exclude 

alternative potential mediators, including customer responsiveness, consistency of action, and 

trolling which were introduced in the theory part. These factors were considered as they could 

plausibly contribute to the observed effect within the model. 

7.2. Measures  

7.2.1. Attitude toward the brand 

In this study, we once again employed a modified version of the 5-item Attitude 

toward the Brand in the Ad scale, which was adapted from the research conducted by Lee et 

al. (1999). (Cronbach ɑ = .92). 

7.2.2. Suspicion 

We assessed participants’ levels of suspicion using the modified version of the 9-item 

scale of skepticism towards advertising of Obermiller et al. (1998) (Cronbach ɑ = .95). 

7.2.3. Perceived censorship 

Perceived censorship was measured using a simple 1-item Likert-type scale as 

implemented in Study 1.  

7.2.4. Perceived cyberbullying 

We measured the perceived extent of cyberbullying targeting the user “Aqua-Z” 

through a 5-item scale. This scale was an adapted variant of the “perceived cyberbullying 

severity scale” originally formulated by Camacho et al. (2014). (Cronbach ɑ = .97). Our 

primary aim was to investigate whether the act of observing a post with restricted comments 

could potentially suggest that the associated account had previously encountered unfavorable 

comments from cyberbullies, leading to the restriction of the comments. This exploration 

sought to discern whether the apparent reason for the closure was indicative of a response to 

negative interactions rather than being driven by censorship. 
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7.2.5. Customer responsiveness 

We also measured customer responsiveness using a modified version of the 6-item 

scale of perceived customer centricity (Habel et al., 2020). (Cronbach ɑ = .95). The 

motivation behind measuring this concept was to ensure that any adverse impact on brand 

attitude resulting from the restricted comments was not influenced by participants perceiving 

the brand as less customer-responsive. By examining this factor, we aimed to verify that the 

observed negative effects were not merely attributed to a reduced perception of customer-

centricity in relation to the brand. 

7.2.5. Consistency 

Employing a 1-item Likert-type scale, we inquired whether the behavior of the “Aqua-

Z” user aligned with that of other users on social media. This approach was intended to 

ascertain whether any inconsistencies in actions could potentially serve as an alternative 

explanation for the observed effect. 

Conclusively, the manipulation check, along with demographic variables such as age, 

gender, and level of social media experience, were assessed using the same way as was 

implemented in Study 1. The descriptive statistics for the study can be found in Appendix 14. 

7.3. Results 

7.3.1. Manipulation check  

We performed a one-way ANOVA, utilizing our manipulation (Restricted vs. Control) 

as the independent variable and the manipulation check as the dependent variable (MRestricted = 

3.78, SD = .77, MControl = 2.51, SD = 1.38). The outcomes of the analysis confirm the 

effectiveness of our manipulation within the study (F(1, 200) = 66.10, p < .001, η2 = .2). 

7.3.2. Main mediation path 

 Applying the PROCESS Model (Hayes, 2012; Model 6, NBootstraps = 10,000) and 

utilizing manipulations as the independent variable, attitude toward the brand as the 
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dependent variable, and perceived censorship along with suspicion as serial mediators, unveils 

a significant indirect effect linking the closure of the comments to attitudes toward the brand. 

This effect is established through the sequential mediation of perceived censorship and 

suspicion (B = -.57, SE = .12, CI95% = [-.81; -.36]), while the direct effect became 

insignificant (B = -.12, SE = .09, CI95% = [-.30; .06]). 

7.3.3. Alternative explanations 

 By employing the PROCESS Model (Hayes, 2012; Model 4, NBootstraps = 10,000) and 

using the manipulations as the independent variable, suspicion as the dependent variable, and 

perceived censorship along with customer-responsiveness, consistency, and perceived 

cyberbullying as parallel mediators, the results demonstrate a significant indirect effect that 

links the closure of the comments to suspicion. This effect is mediated by perceived 

censorship (B = .44, SE = .13, CI95% = [.19; .71]). Importantly, the mediation paths for 

consistency (B = -.003, SE = .07, CI95% = [-.15; .14]), perceived cyberbullying (B = .02, SE 

= .03, CI95% = [-.02; .09]), and customer-responsiveness (B = .16, SE = .09, CI95% = [-.001; 

.36]) remain insignificant. This outcome provides empirical support for excluding these 

potential explanations from our mediation model. 

7.4. Discussion 

 Study 2 not only replicated the findings of Study 1 within a distinct context but also 

effectively eliminated the theoretical explanations that could have been posited to account for 

the observed relationship between the restriction of comments and brand attitude. 

8. Study 3 

The preliminary studies initially hinted at the role of perceived consensus in mediating 

the impact of comment restriction on suspicion and brand attitude. Nonetheless, it is important 

to acknowledge the potential presence of endogeneity due to the probable measurement errors 
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in quantifying perceived censorship. To address this concern, Study 3 was meticulously 

crafted with the primary aim of offering causal evidence regarding the mediating role of 

perceived censorship in the relationship between comment restriction and suspicion. 

8.1. Procedure  

We recruited 400 participants (MAge = 41.6, SDAge = 12.4, 47.7% male) from Amazon 

Mechanical Turk (“MTurk”) in exchange for monetary compensation. Those who participated 

in one of the previous studies could not participate. Employing a 2´2 between-subjects 

design, this study encompassed two independent variables: Restricted vs. Control and the 

presence or absence of a censorship cue. In essence, our objective is to examine whether the 

manipulation of perceived censorship, achieved through the provision of cues indicating its 

presence, can moderate the impact of comment restriction on suspicion. 

In this study, we adopted the identical design employed in Study 2, complete with the 

same manipulations. However, a novel element was introduced for participants preceding 

their observation of the manipulated tweet. The participants in the present cue condition were 

exposed to a text that conveyed the following message: “Certain brands intentionally disable 

their comment sections as a means to suppress any critical or unfavorable information 

related to their advertisements; By doing so, they aim to maintain a carefully crafted image 

and shield themselves from potential backlash or public scrutiny.” In contrast, participants in 

the absent cue condition were presented with the following text: “In response to the growing 

concern surrounding online hate speech, brands are taking measures to create safer digital 

spaces for their customers; One such measure includes the decision to disable comment 

sections on platforms like Twitter.”  
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8.2. Measures  

All measurements employed in this study were consistent with those used in Study 2. 

These encompassed attitude toward the brand (Cronbach’s α = .92), suspicion (Cronbach’s α 

= .95), perceived censorship, age, gender, level of experience in using social media, and a 

manipulation check specifically related to the limitation of the comments. In addition to these, 

a supplementary manipulation check for the censorship cue was introduced in this study. 

Participants were presented with a query: “If you come across a post with a disabled comment 

section from this brand, what conclusions would you draw regarding the motive behind it?” 

Two response options were provided: “censoring information” and “creating a safe and 

private space”. The descriptive statistics for this study can be found in Appendix 14. 

8.3. Results 

8.3.1. Manipulation checks 

 A two-way ANOVA was conducted, utilizing our manipulation (Restricted vs. 

Control) and the presence of the censorship cue as independent variables, with the censorship 

manipulation check as the dependent variable (MRestricted_PresentCue = 1.28, SD = .40, MControl_ 

PresentCue = 1.24, SD = .43, MRestricted_ AbsentCue = 1.29, SD = .45, MControl_ AbsentCue = 1.34, SD = 

.48). The outcomes underscore the effectiveness of our manipulation within the study, as 

evidenced by the significance of the effect of the censorship cue on the manipulation check 

(F(1, 396) = 4.44, p = .04, η2 = .01).  

 To assess the effectiveness of the censorship cue manipulation, we employed a Chi-

Square test to examine its association with the corresponding manipulation check. The 

analysis yielded a significant result (χ² = 20, p = .002), indicating that the manipulation was 

successful in achieving its intended effect. 
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8.3.2. Censorship cue 

 A two-way ANOVA with suspicion as dependent variable, and status of the tweet 

(Restricted vs. Control), and censorship cue presence as independent variable shows a 

significant moderating effect of censorship cue (F(1, 396) = 6.41, p = .01, η2 = .02). Planned 

contrasts revealed that the effect of the comment restriction was significant in the present 

censorship cue (t = -2.69, p = .01), but not in the absent censorship cue condition (t = .91, p = 

.37). 

 Furthermore, utilizing the PROCESS Model (Hayes, 2012; Model 7, NBootstraps = 

10,000) and incorporating the tweet condition as the independent variable, attitude toward the 

brand as the dependent variable, suspicion as the mediator, and censorship cue as the 

moderator, an interesting outcome emerges. The analysis reveals a significant index of 

moderated mediation for the consensus cue (B = -.52, SE = .21, CI95% = [-.93; -.12]), where 

the indirect effect for consensus cue absent condition was insignificant (B = .13, SE = .15, 

CI95% = [-.16; .43]), while the indirect effect for consensus cue present condition remains 

significant (B = -.39, SE = .14, CI95% = [-.66; -.11]). Thereby reinforcing the findings from 

the previous regression model. 

8.4. Discussion 

This study effectively showcased that the manipulation of perceived censorship using 

censorship cues possesses the capacity to moderate the influence of comment restriction on 

suspicion. This confirmation reinforces the robustness of the Study 2 findings, demonstrating 

that they remain unaffected by potential endogeneity concerns linked to perceived censorship 

in our model. These outcomes provide robust and compelling causal evidence, affirming that 

perceived censorship undeniably underpins the impact of comment limitation on both 

suspicion and attitudes toward the brand. 
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9. Study 4 

This study centers on investigating the potential moderating impact of within-account 

consistency in restricting comments on perceived censorship and suspicion. In Study 3, we 

established that overall consistency—whether closing comments aligns with the behavior of 

other users on social media—does not exert any effect within our focal model. However, the 

current study focuses on a distinct phenomenon: exploring whether within-consistency, which 

refers to whether the user consistently employs comment restriction as part of their 

communication strategy or only for specific posts, influences users’ perceptions of this action. 

Furthermore, this study diverges by operating within a unique context—utilizing a 

self-designed social media platform instead of Twitter. This shift aims to scrutinize the 

generalizability of our hypothesis across diverse social media platforms. 

9.1. Procedure  

We recruited 499 participants (MAge = 41.9, SDAge = 13.6, 50.7% male) from Amazon 

Mechanical Turk (“MTurk”) in exchange for monetary compensation. Individuals who had 

taken part in any of the prior studies were ineligible to participate. In this study, a 2´2 

between-subjects design was employed, featuring two independent variables: Status 

(Restricted vs. Control) and the within-consistency of account in limiting comments (High vs. 

Low). 

Initially, participants were introduced to a new social media platform and received 

information that highlighted its resemblances to existing platforms. Upon familiarizing 

participants with the distinct attributes of this new social media, including metrics like the 

number of likes, number of comments, and the presence or absence of restriction of 

comments, we proceeded to present them with a manipulated post from a company known as 

“XuGu GadgetWorld,” which introduced their latest smartwatch. 
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Participants were randomly assigned to either the ‘Restricted’ or ‘Control’ comments 

condition. Subsequently, after viewing the post, participants were exposed to the timeline of 

the user “XuGu GadgetWorld,” encompassing their preceding posts. Here too, participants 

were randomly allocated to either the ‘High’ or ‘Low’ within-consistency group. In the high 

consistency group, complete within-consistency was maintained across all posts’ statuses, 

while this coherence was not sustained for the low consistency group (Appendix 17) 

9.2. Measures  

All measurements incorporated in this study remained in alignment with those adopted 

in previous studies. This encompassed attitude toward the brand (Cronbach’s α = .91), 

suspicion (Cronbach’s α = .94), perceived censorship, age, gender, level of experience in 

using social media, and a manipulation check tailored to the limitation of the comments. 

Furthermore, an additional manipulation check was introduced to assess the within-

consistency of comment limitation. In this regard, participants were requested to evaluate 

their agreement with the statement: “XuGu, the user, maintains a consistent strategy 

regarding their comment section on social media,” utilizing a scale ranging from totally 

disagree (0) to totally agree (7). The descriptive statistics for this study can be found in 

Appendix 14. 

9.3. Results 

9.3.1. Manipulation checks  

A two-way ANOVA was executed, incorporating our status manipulation (Restricted 

vs. Control) and within-consistency (High vs. Low) as the independent variables, while 

utilizing the consistency manipulation check as the dependent variable (MRestricted_HighConsistency 

= 5.81, SD = 1.18, MControl_HighConsistency= 5.49, SD = 1.06, MRestricted_LowConsistency = 3.85, SD = 

1.84, MControl_LowConsistency= 3.85, SD = 1.69). The results showed that the consistency 

manipulation worked as intended (F(1, 495) = 180.27, p < .001, η2 = .27). 
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Another two-way ANOVA was executed, using our status manipulation (Restricted 

vs. Control) and within-consistency (High vs. Low) as the independent variables, while 

utilizing the status manipulation check as the dependent variable (MRestricted_HighConsistency = 

3.60, SD = 1.00, MControl_HighConsistency= 1.32, SD = .85, MRestricted_LowConsistency = 3.35, SD = 

1.19, MControl_LowConsistency= 1.62, SD = 1.14). The results showed that the status manipulation 

also worked as intended (F(1, 495) = 440.76, p < .001, η2 = .47). 

9.3.2. Perceived suspicion 

 A two-way ANOVA with our status manipulation and within-consistency as the 

independent variables, and suspicion as dependent variable (MRestricted_HighConsistency = 5.07, SD 

= 1.23, MControl_HighConsistency= 4.30, SD = 1.28, MRestricted_LowConsistency = 5.15, SD = 1.04, 

MControl_LowConsistency= 4.31, SD = 1.35), shows no significant moderation effect (F(1, 495) = 

.11, p = .74, η2 < .001), and direct effect of the within-consistency (F(1, 495) = .16, p = .68, η2 

< .001) on suspicion, while the main effect of post’s status remains significant (F(1, 495) = 

54.05, p < .001, η2 = .1). 

9.3.3. Brand attitude 

Moreover, another two-way ANOVA with our status manipulation and within-

consistency as the independent variables, and attitude toward the brand as dependent variable 

(MRestricted_HighConsistency = 2.20, SD = 1.36, MControl_HighConsistency= 2.87, SD = 1.07, 

MRestricted_LowConsistency = 2.09, SD = 1.15, MControl_LowConsistency= 2.87, SD = 1.12), shows no 

significant moderation effect (F(1, 495) = 0.27, p = .60, η2 < .001), and direct effect of within-

consistency effect (F(1, 495) = 0.22, p = .64, η2 < .001) on attitude toward the brand, while 

the main effect of post’s status remains significant (F(1, 495) = 47.35, p < .001, η2 = .09). 

Thus, the results show that the model is robust against the within-account consistency of the 

brand in limiting the comments (Figure 8). 
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Fig. 8. The Effect of within-consistency of restricting the ability to comment of the posts on 
(A) suspicion, and (B) attitude toward the brand. 

 

9.4. Discussion 

This study convincingly demonstrates that the relationship between comment 

limitation and brand attitude remains entirely robust, regardless of the within-account 

consistency of brands in implementing this practice. Furthermore, the study’s design, which 

involves the use of a self-created social media platform and employs less suspicious content 

for the posts, enhances the external validity and generalizability of our model, showcasing its 

relevance across various social media platforms. 

 10. Study 5 

This study had the objective to examine whether explanations could moderate the 

negative effect of restricting the ability to comment on perceived censorship and suspicion. 

Specifically, this study tests whether offering a “legitimate” justification—e.g., revealing 

attacks and hate speech from cyberbullies—could alleviate the adverse impact of limiting the 

comments on consumers’ brand attitudes. 
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10.1. Procedure  

We recruited 401 participants (MAge = 40.6, SDAge = 12.5, 44.1% male) from Amazon 

Mechanical Turk (“MTurk”) in exchange for monetary compensation. Furthermore, 

individuals who had participated in any of the previous studies were excluded from eligibility 

for this study. Employing a 2´2 between-subjects design, the study comprised two 

independent variables: Status (Restricted vs. Control) and the provision of a legitimate 

explanation regarding the act of limiting the comments (Absent vs. Present). 

The study’s design and the manipulations of the social media post and its comment 

section mirror those of Study 2, involving the promotion of the “Aqua-Z” brand’s new fat 

burner. However, following the observation of the tweet, participants were randomly assigned 

to either the ‘Present’ or ‘Absent’ explanation group. In the present explanation group, 

participants were exposed to a text stating: “We have noticed that certain brands like Aqua-Z 

are currently grappling with cyberbullying and hate speech on their social media. As a result, 

they are seeking strategies to better manage the information on their social media platforms.” 

Conversely, the other group did not receive any form of explanation. 

10.2. Measures  

All measurements implemented in this study remain consistent with those utilized in 

prior studies. This encompassed attitude toward the brand (Cronbach’s α = .92), suspicion 

(Cronbach’s α = .95), perceived censorship, age, gender, level of experience in using social 

media, and a manipulation check related to the limitation of the comments. Moreover, an 

additional manipulation check was introduced to gauge the efficacy of the manipulation 

concerning the provision of an explanation. Participants were prompted to assess their 

agreement with the statement: “Aqua-Z, the user, has recently experienced a distressing 

incident of cyberbullying,” using a scale that ranged from totally disagree (0) to totally agree 

(7). Comprehensive descriptive statistics for this study are available in Appendix 14. 
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10.3. Results 

10.3.1. Manipulation check  

A two-way ANOVA was conducted, employing the status manipulation (Restricted 

vs. Control) and explanation legitimacy (Absent vs. Present) as the independent variables, and 

the explanation manipulation check served as the dependent variable (MRestricted_PresentExp = 

5.24, SD = 1.49, MControl_ PresentExp = 4.76, SD = 1.49, MRestricted_ AbsentExp = 3.02, SD = 1.25, 

MControl_ AbsentExp = 2.55, SD = 1.40). The results underscore the effectiveness of our 

manipulation within this study, evident through the significant influence of providing the 

explanation on its associated manipulation check (F(1, 397) = 247.10, p < .001, η2 = .38), thus 

the manipulation of explanation legitimacy worked as intended. 

Another two-way ANOVA was executed, using our status manipulation (Restricted 

vs. Control) and explanation legitimacy (Absent vs. Present) as the independent variables, 

while utilizing the status manipulation check as the dependent variable (MRestricted_PresentExp = 

3.81, SD = .70, MControl_ PresentExp = 2.16, SD = 1.40, MRestricted_ AbsentExp = 3.73, SD = .84, 

MControl_ AbsentExp = 2.31, SD = 1.45). The results showed that the status manipulation also 

worked as intended (F(1, 397) = 181.29, p < .001, η2 = .31). 

10.3.2. Moderation of explanation legitimacy 

 A two-way ANOVA with the status manipulation and explanation legitimacy as the 

independent variables, and perceived censorship as dependent variable (MRestricted_PresentExp = 

4.55, SD = 1.83, MControl_ PresentExp = 3.24, SD = 1.58, MRestricted_ AbsentExp = 4.98, SD = 1.74, 

MControl_ AbsentExp = 3.14, SD = 1.67), shows no significant moderation effect (F(1, 397) = 2.24, 

p = .12, η2 = .01) and direct effect of explanation legitimacy (F(1, 397) = .99, p = .32, η2 = 

.002)  on perceived censorship, while the main effect of post’s status remains significant (F(1, 

495) = 84.94, p < .001, η2 = .18). In the absent conditions, restricting the comments had a 
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significant effect on perceived censorship (t = 7.62, p < .001), while in the present explanation 

conditions, this effect remains significant as well (t = 5.44, p < .001). 

 A two-way ANOVA with our status manipulation and explanation legitimacy as the 

independent variables, and suspicion as dependent variable (MRestricted_PresentExp = 4.64, SD = 

1.30, MControl_ PresentExp = 4.54, SD = 1.27, MRestricted_ AbsentExp = 5.03, SD = 1.26, MControl_ 

AbsentExp = 4.70, SD = 1.43), shows no significant moderation effect of explanation legitimacy 

(F(1, 397) = .77, p = .38, η2 = .002) on suspicion, while the main effect of post’s status 

becomes insignificant (F(1, 495) = 2.59, p = .11, η2 = .01). In the absent conditions, limiting 

the comments had a marginally significant effect on suspicion (t = 1.79, p = .07), while in the 

present explanation conditions this effect was non-significant (t = .55, p = .58). 

Performing another two-way ANOVA with our status manipulation and explanation 

legitimacy as the independent variables, and attitude toward the brand as the dependent 

variable (MRestricted_PresentExp = 1.96, SD = 1.37, MControl_ PresentExp = 2.24, SD = 1.27, MRestricted_ 

AbsentExp = 1.48, SD = 1.26, MControl_ AbsentExp = 1.85, SD = 1.45), unveils that there is no 

significant moderation effect of providing the legitimate explanation on brand attitude (F(1, 

397) = .13, p = .72, η2 < .001). However, the main effect of the post’s status remains 

significant (F(1, 495) = 5.63, p = .02, η2 = .01). Within the ‘Absent’ explanation conditions, 

limiting the comments significantly influenced attitude toward the brand (t = -1.98, p = .048), 

while in the ‘Present’ explanation conditions, this effect was non-significant (t = -1.47, p = 

.14). 

10.4. Discussion 

This study demonstrates that the effect of restricting the ability to respond to social 

media posts on brand attitude is robust, independent of a legitimate explanation for doing so. 

Marketers can learn from this study as it suggests that they should refrain from restricting 

comments, given that consumers might even ignore valid justifications. Moreover, the same 
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design in another study (Study WA1) shows that even the level of importance of the topic 

cannot have a moderating effect on our model (Appendix 19). 

11. Study 6 

The primary objective of this study was to investigate whether the timing of restricting 

the ability to comment had any impact on users’ perceptions of censorship, suspicion, or their 

attitude toward the brand. In other words, we aimed to determine if it makes a difference 

whether comment restrictions are imposed before or after receiving negative comments, and, 

critically, whether having negative comments is more advantageous than having a post with a 

restricted comment section. This research holds significant implications for marketers dealing 

with negative feedback on their posts. 

11.1. Procedure  

We recruited 501 participants (MAge = 39.9, SDAge = 13.4, 41.7% male) from Amazon 

Mechanical Turk (“MTurk”) in exchange for monetary compensation. Furthermore, 

individuals who had participated in any of the previous studies were excluded from eligibility 

for this study. Employing a between-subjects design, the study encompassed five distinct 

conditions: “Restricted before posting,” “Restricted after posting without any comments,” 

“Restricted after posting with negative comments,” “Control without any comments,” and 

“Control with negative comments.” 

At the outset, participants were introduced to a novel social media platform and 

provided with information that emphasized its similarities to well-established platforms. After 

acquainting the participants with the unique features of this new social media platform, such 

as metrics like the number of likes, number of comments, and the option to restrict comments 

(even after posting), we then presented them with a manipulated post from a company known 

as “SmartX Company,” which unveiled their latest smartwatch.  
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Participants were randomly assigned to one of the five aforementioned conditions as 

follows: In the ‘Restricted before posting’ condition, they viewed a post in which the ability 

to comment was restricted prior to posting. In the ‘Restricted after posting, without any 

comment’ condition, they observed the post in which commenting was restricted after 

posting, and prior to any comments being made. In the ‘Restricted after posting with negative 

comments’ condition, they were presented with the post where comments were restricted only 

after receiving a notably negative comment. In the ‘Control without any comments’ condition, 

participants saw the post in its normal state without any comments. In the ‘Control with 

negative comments’ condition, they viewed the post that had received negative comments, yet 

no comment restrictions were applied (Appendix 20 for the stimuli). 

11.2. Measures  

All measurements utilized in this study remain consistent with those in prior studies. 

This included attitude toward the brand (Cronbach’s α = .88), suspicion (Cronbach’s α = .93), 

perceived censorship, age, gender, level of experience in using social media. Furthermore, a 

manipulation check was implemented to assess the effectiveness of the manipulation related 

to the timing of comment section restrictions. Participants were asked to select the status of 

the comment section of the post from among the available provided options: “The ability to 

comment was restricted before posting,” “The ability to comment was restricted after 

posting,” and “The comment section was open.” 

11.3. Results 

11.3.1. Manipulation check  

We conducted a one-way ANOVA using our conditions as the independent variable 

and the manipulation check as the dependent variable (MRestricted-AfterPosting-NegativeComment = 1.90, 

SD = .30, MRestricted-AfterPosting-NoComment = 2.35, SD = .64, MRestricted-BeforePosting = 2.89, SD = .40, 
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MControl-NegativeComment = 1.29, SD = .46, MControl-NoComment = 1.51, SD = .82). The results indicate 

that our manipulation was effective in the study (F(4, 496) = 136, p < .001, η2 = .5). 

11.3.2. Perceived censorship  

We conducted another one-way ANOVA using our conditions as the independent 

variable and the perceived censorship as the dependent variable (MRestricted-AfterPosting-

NegativeComment = 5.36, SD = 1.45, MRestricted-AfterPosting-NoComment = 4.38, SD = 1.69, MRestricted-

BeforePosting = 4.98, SD = 1.67, MControl-NegativeComment = 3.36, SD = 1.68, MControl-NoComment = 2.95, 

SD = 1.72). The results (Figure 9 for more details) indicate that our manipulation had a 

significant effect on perceived censorship (F(4, 496) = 39.6, p < .001, η2 = .24). More 

specifically, the planned contrast shows that there is significant difference in perceived 

censorship between the condition of ‘Restricted after posting with negative comments’ with 

conditions such as ‘Restricted after posting without any comments’ (t = 4.21, p < .001), 

‘Control with negative comments’ (t = 8.59, p < .001), and ‘Control without any comments’ (t 

= 10.4, p < .001). The only insignificant planned contrasts are between ‘Restricted after 

posting without any comments’ and ‘Restricted before posting,’ (t = 1.63, p = .1), and 

between ‘Control without any comments’ and ‘Control with negative comments’ (t = 1.78, p 

= .08), which again shows that censorship is about disturbing the communication channel, and 

not erasing a piece of information. 
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Fig. 9. The Effect of the Different Conditions on Perceived Censorship  

 

11.3.3. Suspicion 

 We conducted another one-way ANOVA utilizing our conditions as the independent 

variable and the suspicion as the dependent variable (MRestricted-AfterPosting-NegativeComment = 5.02, 

SD = 1.05, MRestricted-AfterPosting-NoComment = 4.26, SD = 1.16, MRestricted-BeforePosting = 4.48, SD = 

1.31, MControl-NegativeComment = 5.23, SD = .91, MControl-NoComment = 3.92, SD = 1.25). The results 

(Figure 10 for more details) indicate that our manipulation had a significant effect on 

suspicion (F(4, 496) = 12.6, p < .001, η2 = .1). In greater detail, the planned contrast shows 

that there is significant difference in suspicion between the condition of ‘Restricted after 

posting with negative comments’ with conditions such as ‘Restricted after posting without 

any comments’ (t = 4.67, p < .001), ‘Restricted before posting’ (t = 3.36, p < .001), ‘Control 

with negative comments’ (t = 3.05, p = .002), and ‘Control without any comments’ (t = 6.87, 

p < .001). 
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Fig. 10. The Effect of the Different Conditions on Suspicion  

 

11.3.4. Attitude toward the brand 

We utilized another one-way ANOVA utilizing our conditions as the independent 

variable and the attitude toward the brand as the dependent variable (MRestricted-AfterPosting-

NegativeComment = 1.81, SD = 1.18, MRestricted-AfterPosting-NoComment = 2.56, SD = 1.01, MRestricted-

BeforePosting = 2.25, SD = 1.19, MControl-NegativeComment = 2.09, SD = .90, MControl-NoComment = 2.74, 

SD = 1.04). The results (Figure 11 for more details) indicate that our manipulation had a 

significant effect on attitude toward the brand (F(4, 496) = 12.1, p < .001, η2 = .09). 

especially, the planned contrast shows that there is significant difference in the measured 

attitude toward the brand between the condition of ‘Restricted after posting with negative 

comments’ with conditions such as ‘Restricted after posting without any comments’ (t = -

4.96, p < .001), ‘Restricted before posting’ (t = -2.95, p = .003), and ‘Control without any 

comments’ (t = -6.21, p < .001), while this effect was partially significant between ‘Restricted 

after posting with negative comments’ and ‘Control with negative comments’ (t = -1.88, p = 

.06). 
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Fig. 11. The Effect of the Different Conditions on Suspicion  

 

11.4. Discussion 

This study demonstrates that the adverse consequences of constraining the ability to 

respond to social media posts on a brand outweigh the negative effects from the received 

comments. However, if we can anticipate negative comments, such as those related to a post 

discussing a company controversy, it is preferable to limit commenting before posting rather 

than after receiving such comments.  

12. General discussion 

This paper scrutinized the phenomenon of limiting the comments on social media, 

which pertains to the scenario where a user restricts or disables the ability to comment, 

preventing others’ commenting. Through a series of seven studies—comprising one field 

study and six online experiments—the research unveiled that limiting the comments holds a 

significant impact on suspicion, ultimately leading to a decrease in attitude toward the brand 

for users who employ this limitation. Furthermore, the studies underscored that this effect is 

attributed to consumers interpreting the restriction of comments as a cue of information 

censorship. 
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The findings indicate that despite the introduction of the option to restrict the ability to 

comment with the intention of safeguarding privacy—a practical and valuable consideration 

in the current internet landscape—its implementation in real-life scenarios could potentially 

jeopardize users’ perceptions of both the post and its author. The prevalence of extensive bots 

on social media, fabricated reviews and comments, deceptive online advertisements, and 

instances of cyberbullying have rendered individuals more vigilant and skeptical toward 

online information. Consequently, the strategy of limiting the comments appears to fall prey 

to this overarching suspicion. The results of this paper underscore that even when a legitimate 

rationale is present and effectively communicated to users, it fails to counteract the adverse 

impact of limiting the comments on users’ attitudes.  

More interestingly, our findings highlight a significant insight: even in instances where 

there is no discernible rationale for information censorship—such as when sharing content of 

low importance or with no possible hidden information—individuals still harbor suspicion 

and negativity toward the post. This phenomenon could be attributed to the notion that 

encountering a post with a restricted comment, even if no censorship is actually warranted, 

triggers a perception of censorship. This perception stems from the fundamental role of the 

comment section as a means of communication for each post. Consequently, the exclusion of 

this feature for seemingly random posts might evoke a sense of diminished freedom of 

speech, contributing to the observed suspicion and negative sentiments. 

 In conclusion, it is crucial to emphasize that although a majority of our studies 

incorporated manipulations resembling Twitter, substantial evidence suggests that the 

documented effects possess broader applicability and extend to various other social media 

platforms. For instance, Study 4 introduced a self-designed social media platform to 

demonstrate the generalizability of observed effects across different platforms, so long as a 

visual cue indicating the limitation of the comments on the post is present. This visual cue is 
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prevalent across all contemporary social media platforms. Furthermore, our exploration of 

diverse content types and industries underscores the resilience of our model concerning the 

nature of the post’s content. 

12.1. Theoretical contributions 

The phenomenon of consumer suspicion, as elucidated by Buller and Burgoon (1996), 

revolves around the inherent uncertainty tied to the authenticity of a sender’s message. This 

overarching sense of skepticism, fueled by the ongoing ambiguity stemming from perceived 

deception, creates an atmosphere where the trustworthiness of presented information is 

subject to doubt. The unregulated terrain of today’s internet landscape has amplified public 

awareness of potential deceptive practices on social media platforms. Whether through the 

dissemination of brand propaganda via automated bots or the prevalence of misleading 

advertisements that drastically deviate from actual product realities (Hendy, 2019), 

individuals find themselves increasingly exposed to an expanding spectrum of deceitful 

content. 

Furthermore, individuals in the modern era grapple with an overwhelming influx of 

information on a daily basis. Engaging in exhaustive rational analysis to grasp and process 

this torrent of data proves to be an impractical endeavor. The volume of information 

encountered through social media continually swells. As Simon (1971. P.40) astutely 

observed, information demands the attention of its recipients, thereby ushering in a “wealth of 

information creates a poverty of attention” scenario. The rise of social media platforms has 

further exacerbated the information overload experienced by consumers (Rodriguez et al., 

2014). 

In light of this predicament, consumers are compelled to allocate their attention 

judiciously among a multitude of information sources (Simon, 1955), invariably necessitating 

a trade-off between efficiency and accuracy when assessing the credibility of information 
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(Fogg, 2003). As a response, consumers often resort to specific cues and cognitive shortcuts 

that enable them to make decisions (Tversky & Kahneman, 1974) and discern the credibility 

of content on social media (Hilligoss & Rieh, 2008). 

For instance, individuals gauge a user’s authenticity based on factors such as their 

profile picture (Xu, 2014), the presence of a verified badge, and even linguistic aspects within 

their posts, such as grammar and punctuation (Morris et al., 2012). Additionally, people might 

delve into intricate social cues, such as a source’s follower-to-following ratio (Valsesia et al., 

2020) or the ratio of comments to likes on a post (Rezaee et al., TBD), in their quest to gain 

insights into content credibility. In summary, the escalating climate of consumer skepticism 

within the realm of social media directly stems from the evolving landscape characterized by 

pervasive deception and information overload. The conscious reliance on distinct social cues 

for decision-making underscores consumers’ strategic adaptation to navigate this intricate 

digital environment. 

Accordingly, this paper demonstrates that consumers perceive the restriction of the 

comments as a potent cue for potential deceptive information censorship. Irrespective of the 

presence of valid and legitimate reasons for limiting comments, our studies reveal that the 

mere act itself evokes a sense of censorship among users, even when there might be no cause 

for concern. Our findings support the hypothesis that encountering a post with restricted 

comments fosters increased suspicion toward the content, and individuals may respond by 

seeking additional information, disseminating negative word-of-mouth, and generally 

harboring negative attitudes toward the brand as a whole. 

Furthermore, this paper thoroughly investigates the mediating pathway between 

limiting the comments and the resulting attitude toward the brand, with the goal of identifying 

the central mechanism underlying this phenomenon. Study 2 demonstrates that the effect 

indeed arises from perceived censorship, dispelling other theoretically plausible explanations 
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in the literature. These explanations encompass concerns about customer-responsiveness, 

negative reactions to content due to inconsistency with the actions of others, and even 

potential positive brand attitudes stemming from the acknowledgment of the brand’s 

resilience against cyberbullying attacks.  

12.2. Practical contributions  

The insights presented in this article offer direct applicability to practitioners who 

leverage social media as a communication platform for their companies or products. Firstly, 

the findings underscore the importance of maintaining an open two-way communication 

channel, regardless of the validity of the reasons for limiting the comments. The research 

highlights that a considerable number of consumers heavily rely on comments as a primary 

source for decision-making and engaging with brands. Consequently, even in scenarios where 

there is no intent to censor or withhold information, the act of limiting the comments might be 

interpreted as constraining users’ freedom of expression. This can potentially lead to a decline 

in brand attitude. Study 5, for instance, provides concrete evidence that even when confronted 

with hate speech or trolling, restriction of the ability to comment can adversely impact brand 

perception, despite explanations being provided to users. 

Furthermore, certain brands and influencers opt for a consistent strategy of restricting 

comments across their social media posts. In such cases, one could argue that users might 

perceive this as a standard mode of communication for the brand, rather than an indicator of 

censorship. However, Study 4 refutes this assumption by demonstrating that even when the 

limitation is consistently applied, it still contributes to a decrease in users’ brand attitudes. 

Study 6 provides a crucial insight for marketers: when it comes to managing your 

brand’s reputation on social media, it is essential to carefully weigh the consequences of 

restricting user engagement. Interestingly, the research demonstrates that the detrimental 
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impact of limiting responses can be more significant than the potential harm caused by 

negative feedback itself. 

What is particularly intriguing is that this study offers a strategic approach to address 

this challenge. If you possess the ability to foresee the likelihood of negative comments, 

especially in cases where your post delves into a controversial issue related to your company, 

the most prudent course of action is to proactively restrict commenting before the post is 

made. In other words, exercising control before the content is published can be more effective 

in safeguarding your brand's online image than waiting to react after encountering negative 

comments. 

In essence, these findings suggest that regardless of the context or reasoning, limiting 

the comments can inadvertently signal suspicion and curtailment of communication. The 

practical implication is clear: brands are advised to exercise caution when considering the 

restriction of comments, even for posts that may seem less significant or for consistency 

purposes. Open dialogue and engagement on social media platforms remain pivotal to 

fostering positive brand perceptions and mitigating potential skepticism among consumers. 

In a nutshell, the central contribution of this paper can be distilled into a succinct 

guideline: Do not limit the comments! 

12.3. Limitations and future research  

Indeed, exploring the information-seeking behavior that individuals might undertake 

after encountering a post with restricted comments is a valuable avenue for future research. 

Understanding how users respond to this perceived censorship by actively seeking out 

information that might have been hidden could shed light on the intricate dynamics between 

restriction of ability to comment, suspicion, and information retrieval. Investigating whether 

individuals, driven by reactance theory or curiosity, are prompted to focus deeper into other 

sources or platforms to uncover potentially censored information could provide a more 
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comprehensive view of the consequences of limiting comments. This aspect not only adds 

depth to the understanding of the phenomenon but also offers practical insights for brands and 

content creators aiming to maintain transparency and retain consumer trust in an environment 

increasingly defined by skepticism.  

Moreover, if we broaden our perspective to consider the act of blocking a user as a 

manifestation of online censorship, this phenomenon emerges as a valuable area of 

investigation. Such an exploration is particularly pertinent due to its potential to generate 

actively negative attitudes and lead to the dissemination of negative electronic Word-of-

Mouth (eWOM) concerning brands. In essence, studying the impact of user blocking as a 

form of online censorship on brand reputation could provide critical insights into how it 

influences consumer behavior and brand perception. 

 Furthermore, certain brands and influencers opt to disable the comments as a strategic 

move to enhance their content’s virality. This strategy rests on the belief that by restricting 

comments, individuals seeking to express their opinions are compelled to resort to sharing the 

content (or quote-retweeting it) to effectively convey their sentiments. This is thought to 

leverage the greater visibility that sharing can offer compared to simple commenting. 

However, it is now pertinent to explore the implications for individuals who hold a strong 

affinity for a brand or product and habitually leave positive comments. How might their 

behavior shift if they encounter restricted comments? Could this lead to an increase in content 

sharing, or does it potentially transform their positive feedback into negative sentiment toward 

the brand due to the limitation on comments? This investigation could unveil the delicate 

balance between encouraging user engagement and preserving a positive brand perception 

amid comment limitations. 
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Conclusion 

This dissertation comprises three distinct essays, all centered on the intricate dynamics 

of decision-making processes within the realm of social media. It explores the multifaceted 

aspects of how individuals employ various heuristics, cues, and signals to navigate the vast 

landscape of social media platforms when making decisions, whether it be for staying 

informed about current news, patronizing their preferred brands, or following celebrities and 

influencers. 

The impetus for this investigation is rooted in the ever-expanding digital age. In this 

era, an overabundance of information inundates users, leading to a noticeable decline in the 

inclination and motivation for engaging in central, systematic thinking, as pointed out by Pee 

(2012). This dissertation strives to shed light on the cognitive shortcuts and mechanisms that 

individuals rely on when navigating the complex social media environment, ultimately 

contributing to our understanding of decision-making processes in the digital era. 

The first article conducts a systematic review of literature centered on decision-making 

within digital environments, summarizing the research from business, management, and 

communication journals spanning the last decade. The primary focus of this review was on 

the cues and signals that individuals rely on when making decisions. These cues encompass 

the assessment of user credibility, the authenticity of social media posts, and the sponsored 

content generated by influencers across various platforms, including Twitter, Instagram, and 

YouTube. In conclusion, this essay categorized the literature and identified gaps in the 

existing research, and provides practical recommendations for brands and influencers to better 

align their content creation with the decision-making processes of their target users and 

consumers. 

Addressing a crucial research gap identified in the first article, the second essay 

centers on the assessment of social media post credibility, specifically tweets, when users lack 
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access to the source of information and rely solely on available post statistics, such as the 

number of comments and likes. This research explores the concept of ‘ratioing’ and its effect 

of the perceived credibility of social media posts. The hypothesis tested in this study posits 

that users consider high-ratio posts to be less credible than low-ratio ones. This hypothesis 

was investigated through a field study and five experimental studies. The findings suggest that 

high ratios are perceived as a lack of consensus, which, in turn, impacts users’ purchasing 

behavior and intentions. This article contributes to our comprehension of information 

processing on social media and provides insights valuable to companies. It offers a content 

creation strategy aimed at mitigating the adverse effects of ratioing, particularly in the case of 

potentially controversial posts. 

The third article addresses another research gap highlighted in the first essay, focusing 

on how consumers react to the comment sections of posts, particularly when the user who 

made the post restricts comments from others, including their followers. The hypothesis posits 

that when social media posts restrict others from commenting, it may adversely affect 

consumers’ perceptions of the brand associated with the post. Specifically, consumers may 

interpret the inability to comment as an infringement on free speech, leading to unfavorable 

opinions about the brand or individual responsible for the post. To validate this hypothesis, a 

field study and seven online experiments were conducted. The results demonstrate that 

closing the comment section influences attitudes toward the brand due to perceived 

censorship, resulting in increased user suspicion. Furthermore, this essay shows that receiving 

negative comments has less of a negative effect on users’ attitude toward the brand than 

restricting the ability to comment after receiving such negative feedback. 

In conclusion, it is abundantly clear that marketers need to maintain a high level of 

vigilance when it comes to the cues and signals present in the online communication 

platforms they utilize. Even seemingly minor or inconspicuous cues can wield significant 
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influence over their target audiences, and neglecting to study and comprehend these cues can 

lead to unexpected and adverse consequences. Therefore, gaining a deep understanding of the 

fundamental dynamics of these cues is paramount for successful online marketing strategies. 

Furthermore, marketers can harness these cues, such as the comment-to-like ratio, as 

invaluable social media metrics to continuously gauge and manage the audience’s perception 

of their posts. This metric offers a real-time and actionable insight into how well their content 

is resonating with their audience. By carefully monitoring and responding to changes in these 

cues, marketers can adapt and refine their strategies to ensure that they maintain a positive 

and engaging online presence. In the ever-evolving landscape of digital marketing, staying 

attuned to these cues is not just a choice, but a necessity for those looking to thrive and 

succeed in the online realm. 
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WEB APPENDIX  

Web Appendix 1: Sample stimuli (Study 1).  

High Ratio vs. Low Ratio Conditions 

  

  

Control Conditions 
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Web Appendix 2: Some of the stimuli used in Study 2.  

 High ratio  Low ratio  
Likes only  

  
Comments 
only 

  
Likes and 
comments 

  
Ratio, 
likes, and 
comments 

 
 

Ratio only 
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Web Appendix 3: Study WA3 – Alternative explanations.  

The objective of this study is to shed light on the process by which the ratio affects 

perceived credibility of a social media post in a controlled environment. This study was pre-

registered at aspredicted.org (Web Appendix 9). 

Procedure 

We recruited 504 (MAge = 39.5, SDAge = 13.4, 42.2% male) participants from Mturk in 

exchange for a monetary payment that all participants who completed the study received. 

Participants of the previous study were excluded.  

This study used a between-subjects design with five levels of the ratio. We 

manipulated the ratio by varying the number of likes of that tweet across conditions. The very 

low condition had a ratio of 0.011 (110 comments, 10,000 likes), the low condition had a ratio 

of 0.11 (110 comments, 1,000 likes), the medium condition had a ratio of 1.10 (110 

comments, 100 likes), the high condition a ratio of 11.0 (110 comments, 10 likes), and the 

very high a ratio of 110 (110 comments, 1 likes). As we showed in Study 2, the effect is 

coming from the ratio itself and not the number of likes or comments; therefore, our 

manipulation of the number of likes, is basically a mere manipulation of ratio. It is worth 

mentioning that the content of the comments was not visible to the participants. 

Each of the participants saw one single tweet. The content of the tweets was identical 

across conditions. We chose a post about the non-ionizing radiation and its effect on electro-

hypersensitivity, such that prior knowledge, and thus knowledge about the credibility of the 

tweet’s content, was unlikely to play a role. The manipulations are shown below (Figure 12). 
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Ratio Stimulus 
110 

 
11 

   
1.1 

 
0.11 

 

Fig. 12.  Very High vs. High vs. Medium vs. Low Ratio Conditions 
 

Measurement 

We measured perceived degree of consensus as explicit and implicit measures. To 

gauge explicit consensus, participants rated the percentage of the comments they believed to 

agree with the content of the tweet. Implicit consensus was measured using a single-item 

Inclusion of Other in the Self (IOS) scale (Aron et al. 1992). We also used overall perceived 
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consensus using a four-item scale, that reflects prior literature about perceived consensus 

(Cronbach ɑ = .92).  

We measured the perceived credibility with the same 9-item scale used in previous 

studies (Cronbach ɑ = .96).  

To gain further insight into the evaluation process, we also measured other probable 

mediators. The reason for this action is more exploratory than explanatory. Firstly, we 

measured positive and negative affect using the 20-item Positive and Negative Affect Scale, 

which ranges from 1 (‘very slightly or not at all’) to 5 (‘extremely’) (PANAS; Watson & 

Tellegen 1988). This was done to check whether the number of comments and likes could 

have any significant effect on the users’ emotions, which could make our findings 

endogenous. The Cronbach alpha for positive affect was .92 and for negative affect was .92. 

We also measured ambiguity using the 3-item Attitude Toward the Ad (Confusion) 

Scale (Ewing et al., 2005). This was done to check whether a high number of likes and 

comments could confuse users since ratioing does not occur frequently. The Cronbach alpha 

for this measure was .72. 

Source credibility was measured using the modified version of the 9-item 

Spokesperson Credibility Scale (Eisend, 2006), as this construct is highly correlated with 

perceived credibility of the content. The Cronbach alpha for this measure was .96.  

Involvement with the tweet was measured on a 10-item scale (Zaichkowsky, 1994). 

This was done to check whether exposure to something controversial with a high number of 

comments, which is again not frequent on social media platforms, can affect the way users 

want to be, or feel, involved in the topic. One of the justifications for measuring involvement 

is the probable reaction of the users due to the incongruency that they may find in the post 

because of the rare ratio of the post (Brehm, 1966). The Cronbach alpha for this measure was 

.96. 
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For the same reason, consumers’ interest in the tweet was also measured using a 

modified version of the 3-item Interest in the Advertisement (Maclnnis et al., 2002). This was 

done as the heat created by the high number of likes and comments could make the topic of 

the post more interesting. The Cronbach alpha for this measure was .72. All measures were 

collected in randomized order.  

All participants indicated their age (in groups), gender, and experience in using social 

media. 

Results 

Perceived credibility. A one-way ANOVA (F(4, 499) = 9.72, p < .001, η2 = .072, 

M0.011 = 4.71, SD = 1.22, M0.11 = 4.62, SD = .97, M1.1 = 4.65, SD = 1.08, M11 = 4.16, SD = 

1.39, M110 = 3.83, SD = 1.48) with conditions as independent variable and perceived 

credibility as dependent variable showed that conditions had a significant effect on perceived 

credibility. Thus, higher ratios significantly reduced the perceived credibility of the post. The 

results are shown in Figure 13.  

Explicit perceived consensus. A one-way ANOVA (F(4, 499) = 15.42, p < .001, η2 = 

.11, M0.011 = 3.09, SD = 1.19, M0.11 = 3.00, SD = 1.04, M1.1 = 3.45, SD = 1.33, M11 = 2.16, SD 

= 1.10, M110 = 2.30, SD = 2.06) with conditions as independent variable and explicit 

perceived consensus as dependent variable showed that conditions had a significant effect on 

perceived credibility. Thus, higher ratios significantly reduced the explicit consensus of the 

comments with the content of the post.  

Perceived degree of consensus. A one-way ANOVA (F(4, 499) = 25.05, p < .001, η2 = 

.17, M0.011 = 4.58, SD = 1.28, M0.11 = 4.51, SD = 1.20, M1.1 = 4.68, SD = 1.32, M11 = 3.34, SD 

= 1.39, M110 = 3.31, SD = 1.43) with conditions as independent variable and implicit 

perceived consensus as dependent variable showed that conditions had a significant effect on 
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perceived credibility. Thus, higher ratios significantly reduced the implicit consensus of the 

comments with the content of the post.  

Implicit perceived consensus. A one-way ANOVA (F(4, 499) = 26.86, p < .001, η2 = 

.18, M0.011 = 3.97, SD = 1.47, M0.11 = 4.00, SD = 1.23, M1.1 = 4.30, SD = 1.50, M11 = 2.90, SD 

= 1.39, M110 = 2.65, SD = 1.49) with conditions as independent variable and the degree of 

perceived consensus as dependent variable showed that conditions had a significant effect on 

perceived credibility. Thus, higher ratios significantly reduced the degree of consensus of the 

comments with the content of the post.  

The results of the one-way ANOVAs for all other alternative explanations are as 

follows.  

PANAS positive. The one-way ANOVA was non-significant (F(4, 499) = 1.72, p = .14, 

η2 = .01, M0.011 = 2.11, SD = .90, M0.11 = 1.86, SD = .78, M1.1 = 1.97, SD = .79, M11 = 1.91, 

SD = .82, M110 = 1.85, SD = .88. 

PANAS negative. The one-way ANOVA was non-significant (F(4, 499) = .81, p = .52, 

η2 = .01, M0.011 = 1.29, SD = .59, M0.11 = 1.18, SD = .35, M1.1 = 1.23, SD = .50, M11 = 1.26, 

SD = .50, M110 = 1.22, SD = .42. 

Interest in the social media post. The one-way ANOVA was significant (F(4, 499) = 

4.97, p = .001, η2 = .04, M0.011 = 1.74, SD = 1.28, M0.11 = 1.38, SD = 1.23, M1.1 = 1.67, SD = 

1.09, M11 = 1.24, SD = 1.25, M110 = 1.12, SD = 1.25. 

Involvement with the social media post. The one-way ANOVA was significant (F(4, 

499) = 7.98, p < .001, η2 = .06, M0.011 = 4.44, SD = 1.25, M0.11 = 4.23, SD = 1.14, M1.1 = 4.40, 

SD = 1.06, M11 = 3.67, SD = 1.34, M110 = 3.83, SD = 1.31. 

Perceived source credibility. The one-way ANOVA was significant (F(4, 499) = 7.64, 

p < .001, η2 = .06, M0.011 = 4.85, SD = 1.14, M0.11 = 4.64, SD = 1.02, M1.1 = 4.75, SD = 1.05, 

M11 = 4.21, SD = 1.28, M110 = 4.14, SD = 1.34. 
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Fig. 13. A High Ratio Reduces the (A) Perceived Credibility, (B) Explicit Consensus, (C) 

Implicit Consensus, and (D) Perceived Degree of Consensus.  
 

Mediation by perceived degree of consensus. We ran several mediation models to test 

whether the degree of consensus not only varied across conditions but also whether it 

predicted the perceived credibility of a social media post. First, we ran individual mediations 

with each of the three measures of consensus entered individually as mediators.  
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Using the PROCESS Model (Hayes, 2012; Model 4, NBootstraps = 10,000) with 

conditions as the independent variable, implicit consensus as the mediator, and perceived 

credibility as the dependent variable, revealed a significant indirect effect (B = -.14, SE = .02, 

CI95% = [-.19; -.10]), while the direct effect remained significant (B = -.08, SE = .04, CI95% 

= [-.15; -.004]). Using the same model, but with the four-item measure of the perceived 

degree of consensus again yielded a significant indirect effect (B = -.18, SE = .02, CI95% = [-

.23; -.13]) while the direct effect of the ratio on perceived credibility became non-significant 

(B = -.04, SE = .03, CI95% = [-.11; .03]). Finally, using the same model, but with the explicit 

measure of perceived degree of consensus again yielded a significant indirect effect (B = -.09, 

SE = .02, CI95% = [-.14; -.05]), while the direct effect again remained significant (B = -.13, 

SE = .04, CI95% = [-.20; -.06]). Overall, the mediations showed that, independent of the 

measure of perceived degree of consensus, this variable negatively mediated the effect of the 

ratio on perceived credibility of the post.  

Alternative explanations. We conducted another mediation model (Model 4, NBootstraps 

= 10,000) that included all potential alternative explanations as additional mediators in 

addition to the four-item measure of the perceived degree of consensus. The indirect effect via 

degree of consensus remained significant (B = -.06, SE = .01, CI95% = [-.09; -.04]) while at 

the same time, the indirect effect via perceived source credibility was significant (B = -.14, SE 

= .03, CI95% = [-.19; -.08]). The direct effect became non-significant as well (B = -.02, SE = 

.02, CI95% = [-.06; .03]). All other indirect effects were non-significant, even with using 

other measurements of perceived consensus (see Tables 4, 5, and 6 in Web Appendix 4). 

While source credibility arguably is closely related to the overall credibility (and thus was 

likely to turn out as a significant mediator) none of the other constructs mediated the effect of 

ratio on perceived credibility. This provides strong evidence for the degree of consensus as an 

explanation for the lower perceived credibility of the social media post.  
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Discussion 

Study WA3 provides evidence that the perceived degree of consensus caused a high 

ratio to be less credible than a low ratio. The study also provides evidence that when the 

comment-to-like ratio exceeds a certain level, perceived credibility is reduced significantly, 

while up to an equal number of comments and likes, the perceived credibility does not 

decrease. This study also rules out several alternative explanations, i.e., sentiment of the post, 

involvement with the post, and ambiguity.  
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Web Appendix 4: Table of indirect effects (from Study WA3) 

Table 4 

Indirect effects for the four-item measure of perceived consensus 

  B SE 95% Lower 95% Upper 

Total  -.20 .04 -.27 -.13 

Indirect Four-item consensus -.06 .01 -.09 -.03 

 interest .01 .01 -.01 .02 

 involvement -.01 .01 -.04 .003 

 PANAS positive .001 .003 -.004 .01 

 PANAS negative -.0001 .001 -.003 .002 

 User credibility -.13 .03 -.19 -.08 

Direct  -.02 .02 -.06 .03 
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Table 5 

Indirect effects for the measure of explicit consensus.  

  B SE 95% Lower 95% Upper 

Total  -.18 .03 -.25 -.11 

Indirect Explicit consensus -.03 .01 -.05 -.01 

 interest .004 .005 -.01 .02 

 involvement -.02 .01 -.04 .001 

 PANAS positive .001 .002 -.004 .01 

 PANAS negative -.0001 .001 -.002 .002 

 User credibility -.14 .03 -.20 -.08 

Direct  -.04 .02 -.09 .003 
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Table 6 

Indirect effects for the measure of implicit consensus.  

  B SE 95% Lower 95% Upper 

Total  -.19 .03 -.26 -.13 

Indirect Implicit consensus -.04 .01 -.07 -.02 

 interest .004 .01 -.01 .02 

 involvement -.02 .01 -.04 .001 

 PANAS positive .001 .003 -.004 .01 

 PANAS negative -.0001 .001 -.003 .002 

 User credibility -.14 .03 -.20 -.08 

Direct  -.03 .02 -.07 .02 
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Web Appendix 5: Stimuli used in Study 3.  

Manipulation of the ratio 

Low ratio  High ratio 

  

  

  

 
 

Manipulatio for “Present Consensus Cue” 
 
 
                    Low Ratio                                                              High Ratio 
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Web Appendix 6: Example of the stimuli used in Study 4.  
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Web Appendix 7: Sample stimuli (Study 5).  

  
High ratio ´ 
feedback 
solicited 

 
High ratio ´ 
Feedback 
not-solicited 

 
Normal ratio 
´ feedback 
not-solicited 

 
Normal ratio 
´ Feedback 
solicited 
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Web Appendix 8: Study WA8 - Effects of the first comment.  

Popular social media platforms like Twitter and Instagram display a single comment, 

typically the most relevant one to the user, below each post on the timeline. In this study, we 

aim to examine whether the presentation of a positive or negative first comment can 

overshadow the ratioing cue, as it may be perceived as a simpler cue compared to the ratio of 

two distinct indicators. This study was also pre-registered at aspredicted.org (Web Appendix 

9) 

Procedure 

We recruited 603 (MAge = 42.1, SDAge = 13.8, 47.6% male) participants from MTurk 

in exchange for a monetary payment that all participants who completed the study received. 

Participants of the previous studies were also excluded. 

This study employed a between-subjects design of 2 × 3 (high vs. normal ratio) × 

(negative vs. positive vs. neutral first comment). The content, social media platform, and ratio 

manipulations in this study were identical to those in Study 5. However, we added a comment 

under the post to implement the three comment manipulations. As shown below, we used “Is 

there also an IOS app for it?” for the ‘neutral’ condition, “I actually did not like it” for the 

‘negative’ condition, and “I actually liked it” for the ‘positive’ condition as the first comment 

displayed beneath the post. 

Results 

Manipulation Check. A two-way ANOVA with comment and ratio as independent 

variables and perceived valence of the comment as dependent variable, showed a significant 

effect between our manipulation and the valence perception (F(2,597) = 448.21, p < 001, η2 = 

.60). This result shows that our manipulation in this study worked. It is worth mentioning that 

for measuring the perceived valence of the comments, we used a one-item Likert-type scale, 
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asking the participants to indicate to what extent they believe that the comment under the post 

was supportive toward it. (from 1= “Totally disagree” to 5= “Totally agree”). 

Perceived credibility. A two-way ANOVA with comment and ratio as independent 

variables and perceived credibility as dependent variable (MHighRatio_NegativeComment = 4.20, SD = 

1.29, MHighRatio_NormalComment = 4.73, SD = 1.09, MHighRatio_PositiveComment = 4.83, SD = 1.07 

MNormalRatio_NegativeComment = 4.62, SD = .92, MNormalRatio_NormalComment = 5.11, SD = .87, 

MNormalRatio_PositiveComment = 5.21, SD = .82) showed that the presence of the first comment on 

the post has no significant moderation effect on the effect of ratio on perceived credibility 

(F(2, 597) = .02, p = .98, η2 = <.001). Ratio (F(1, 597) = 21.49, p < .001, η2 = .03) and 

presence of the first comment had a significant main effect (F(2, 597) = 24.13, p < .001, η2 = 

.06). The results are shown in Figure 14.  

 
Fig. 14. The Ratioing Effect on Perceived Credibility Is Robust Against the First Comment of 

the Post. 
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Discussion 

This study demonstrates that our model remains robust against the first comment, 

whether it is positive, negative, or neutral. The comment did not have any boundary effect on 

the proposed model regarding ratioing. This study once again underscores that despite the 

availability of simpler cues, people are inclined to rely on ratioing as a more robust (albeit 

more complex) cue. 
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Web Appendix 9: Links of all pre-registered studies.  

 

Study Pre-Registration Link 

Study 2 https://aspredicted.org/3BC_RRG 

Study Web Appendix 3 https://aspredicted.org/BGY_78W 

Study 3 https://aspredicted.org/F75_WYG 

Study 5 https://aspredicted.org/NZD_K95 

Study Web Appendix 8 https://aspredicted.org/45Z_Q22 

 

  

https://aspredicted.org/3BC_RRG
https://aspredicted.org/BGY_78W
https://aspredicted.org/F75_WYG
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Web Appendix 10. Analysis of all five conditions (Study 2).  

A two-way ANOVA using the ratio and the formats as independent variables and 

degree of consensus as dependent variable was significant (FInteraction(4, 992) = 9.86, p < .001, 

η2 = .04, FFormat(4, 992) = 5.46, p < .001, η2 = .02, FRatio(1, 992) = 43.98, p < .001, η2 = .04, 

MNumberOfComments_High = 4.14, SD = 1.19, MNumberOfLikesAndComments_High = 3.14, SD = 1.43, 

MNumberOfCommentsLikesAndRatio_High = 2.71, SD = 1.23, MNumberOfLikes_High = 3.79, SD = 1.74, 

MRatio_High = 3.38, SD = 1.55, MNumberOfComments _Low = 3.95, SD = 1.48, 

MNumberOfLikesAndComments_Low = 4.11, SD = 1.38, MNumberOfCommentsLikesAndRatio_Low = 4.21, SD = 

1.52, MNumberOfLikes_Low = 4.15, SD = 1.61, MRatio_Low = 3.76, SD = 1.55). Planned contrasts 

showed that the effect of the high ratio was significant in the ‘number of likes and comments’ 

(t = -4.72, p < .001) and ‘number of comments, likes, and ratio’ (t = -7.36, p < .001) 

conditions, marginally significant for ‘ratio’ (t = -1.78, p = .07) and ‘number of likes’ (t = -

1.69, p = .09)) conditions, while it was insignificant for the ‘number of comments’ (t =.94, p = 

.35) condition.  

Another two-way ANOVA using the ratio and the formats as independent variables 

and perceived credibility as dependent variable was significant (FInteraction(4, 992) = 5.63, p < 

.001, η2 = .02, FFormat(4, 992) = 4.35, p = .002, η2 = .02, FRatio(1, 992) = 24.82, p < .001, η2 = 

.02, MNumberOfComments_High = 4.90, SD = .92, MNumberOfLikesAndComments_High = 4.36, SD = 1.08, 

MNumberOfCommentsLikesAndRatio_High = 4.35, SD = 1.17, MNumberOfLikes_High = 5.05, SD = 1.10, 

MRatio_High = 4.45, SD = 1.27, MNumberOfComments _Low = 4.96, SD = .96, 

MNumberOfLikesAndComments_Low = 4.86, SD = 1.05, MNumberOfCommentsLikesAndRatio_Low = 5.10, SD = 

1.00, MNumberOfLikes_Low = 4.91, SD = 1.10, MRatio_Low = 4.89, SD = .89). Planned contrasts 

showed that the effect of the high ratio was significant in the ‘number of likes and comments’ 

(t = -3.40, p < .001), ‘number of comments, likes, and ratio’ (t = -5.14, p < .001), and ‘ratio’ (t 

= -2.88, p = .004) conditions, while it was insignificant for the ‘number of comments’ (t = -
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.49, p = .65) and ‘number of likes’ (t =.92, p = .36) conditions. These results show that having 

either the number of likes or the number of comments may not affect the perceived 

credibility, while having the ratio (explicitly or implicitly) can affect the perceived credibility 

of the post through the mediation channel of perceived degree of consensus. 
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Web Appendix 11. Descriptive Statistics of the Studies.  

 
Study Construct Min Max Mean SE 
Field Study Number of likes 0 151700 1248.04 197.41 

Number of comments 1 19200 55.02 14.64 
Ratio .001 96 .25 .07 
Degree of consensus 1 9 6.39 .05 

Study 1 Perceived credibility 1 7 4.49 1.59 
Study 2 Perceived credibility 1.4 7 4.79 .03 

Perceived consensus 1 7 3.74 .05 
Study 3 Perceived credibility 1 7 5.22 .05 

Perceived consensus 1 7 4.31 .08 
Purchase intention 1 7 4.07 .08 

Study 4 Perceived credibility 1 7 5.36 .02 
Choice Intention 0 1 .51 .02 

Study 5 Perceived credibility 1 7 4.75 .06 
 Degree of consensus 1 7 3.78 .07 
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Web Appendix 12. Decision Tree Analysis 

To unravel the hierarchy of importance among the various potential predictors of a 

post's perceived credibility, we conducted a comprehensive decision tree analysis utilizing our 

field data. Our analysis encompassed all coded parameters of the tweets, encompassing 

factors such as the number of likes, comments, retweets, URLs, hashtags, media, as well as 

the application of linguistic analysis through the LIWC, PARA, and Harvard dictionaries. 

Furthermore, we fine-tuned the Complexity Parameter (CP) by evaluating the Root Mean 

Square Error (RSME) across different CP values, specifically .001, .01, .1, .2, .5, and 1. This 

approach allowed us to systematically assess the impact of various predictors on perceived 

credibility. The decision tree with depth of 12 levels can be found in Figure 15. 

 

Fig. 15. Hierarchical Predictors of Level of Agreement (Depth Limited to 12 Levels) 
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Web Appendix 13: Links of all pre-registered studies.  

Study Pre-Registration Link 

Study 1 https://aspredicted.org/T7J_85R 

Study 2 https://aspredicted.org/R9W_MLD 

Study 3 https://aspredicted.org/MYV_QRH 

Study 4 https://aspredicted.org/FB4_2DJ 

Study 5 https://aspredicted.org/2HF_7QQ 

Study 6 https://aspredicted.org/C8M_QGH 

Study WA1 https://aspredicted.org/MXV_HKB 

 

  

https://aspredicted.org/C8M_QGH
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Web Appendix 14. Descriptive Statistics of the Studies.  

 
Study Construct Min Max Mean SE 
Field Study Attitude (RA1) 0 10 6.26 .10 

Attitude (RA2) 0 10 5.99 .09 
Likes 0 53880 735.20 203.70 
Comments 0 3089 38.93 12.45 
Retweets 0 11660 162.20 42.67 
Quote-Retweets 1 2459 17.57 6.67 

Study 1 Perceived Censorship 1 7 3.24 .12 
 Suspicion 1 6.89 3.97 .08 
 Attitude Toward the brand -.4 5.4 2.83 .08 
Study 2 Perceived Censorship 1 7 3.71 .13 

Suspicion 1 7 4.79 .09 
Attitude Toward the brand -.6 5.2 2.03 .10 

 Consistency 1 7 4.62 .10 
 Customer-responsiveness 1 7 3.93 .10 
 Perceived cyberbullying 1 6.2 3.25 .09 
Study 3 Perceived Censorship 1 7 4.39 .09 

Suspicion 1 7 4.97 .06 
Attitude Toward the brand -.6 5.4 1.75 .07 

Study 4 Perceived Censorship 1 7 4.59 .08 
Suspicion 1 7 4.71 .06 

 Attitude Toward the brand -.6 5.4 2.50 .06 
Study 5 Perceived Censorship 1 7 3.98 .09 
 Suspicion 1 7 4.72 .07 
 Attitude Toward the brand -.6 5.4 1.88 .07 
Study 6 Perceived Censorship 1 7 4.21 .08 
 Suspicion 1 7 4.44 .05 
 Attitude Toward the brand -.6 5.4 2.29 .05 
Study WA1 Perceived Censorship 1 7 3.40 .09 
 Suspicion 1 7 4.17 .06 
 Attitude Toward the brand -.6 5.4 2.56 .06 
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Web Appendix 15. Stimuli Used in the Study 1 

Restricted Condition: 

  

Control Condition: 
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Web Appendix 16. Stimuli Used in the Study 2 

Restricted Condition: 

 

Control Condition: 
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Web Appendix 17. Stimuli Used in the Study 4 

 Restricted x High Within-Consistency Conditions 

 
Control x Low Within-Consistency Conditions 
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Web Appendix 18. Analysis of the Pre-Study 

In a preliminary exploratory study conducted on MTurk (N=100, MAge=36.3, 

SDAge=10.8, 59% male), individuals were exposed to a social media post (a tweet) featuring a 

new product. Notably, the tweet had restricted commenting capabilities. Subsequently, 

participants were prompted to provide their insights into the reasoning behind the brand’s 

decision to restrict comments through an open-ended question. 

Participants were then queried about whether they had initially noticed the comment 

restriction when they first viewed the tweet. Following this, we asked participants to elaborate 

on their emotions and perceptions toward the brand that imposed these comment restrictions. 

Lastly, we prompted participants to envision a scenario in which limiting comments might 

positively influence their perception of the brand. Additionally, we collected demographic 

information, including age, gender, and participants’ level of experience in using Twitter.  

For coding the responses to the open-ended questions, we used the help of a TA, 

blinded to the hypothesis. 

Results 

Firstly, the attention-check question assessed whether participants noticed the visual 

cue indicating that commenting was restricted on the tweet. The results showed that 70% of 

participants became aware of the comment restriction upon viewing the tweet, suggesting that 

the visual cue of this act is quite visible and strong, at least on Twitter. 

Furthermore, the analysis of coded responses reveals that a majority of participants 

believe that the primary reasons for limiting comments are either trolling and hate speech or 

censorship. Specifically, 35% of responses cited trolling and hate speech, while 33% 

mentioned censorship. As for the question concerning perceptions and attitude shifts toward 

the user who restricted comments, 28% indicated no change in their feelings toward the post, 

23% reported growing suspicious, 19% became disinterested, and 10% felt censored. 
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Intriguingly, when asked about identifying a positive aspect of comment limitations, 47% 

could not think of a beneficial scenario, while only 8% cited privacy concerns and 7% 

mentioned defense against trolls and hate speech. 

This study suggests that although users recognize various reasons for comment 

restrictions—such as information privacy, trolling, and hate speech—they generally harbor 

negative feelings toward such actions. 
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Web Appendix 19. Study WA1 

This study shifts its focus to exploring another potential moderator, which may align 

with our theoretical model. Specifically, this study examines whether the importance of social 

media posts could moderate the relationship between restricting the ability to comment on 

social media posts on consumers’ suspicion and attitude toward the brand.  

Essentially, we aim to determine whether there is an acceptable scenario in which 

restricting the comments for posts of lesser importance does not result in negative 

consequences. 

Procedure  

We recruited 400 participants (MAge = 40.6, SDAge = 12.4, 43.0% male) from Amazon 

Mechanical Turk (“MTurk”) in exchange for monetary compensation. Moreover, individuals 

who had taken part in any of the preceding studies were deemed ineligible for participation in 

this study. Employing a 2´2 between-subjects design, the study encompassed two 

independent variables: Status (Restricted vs. Control) and the level of importance of the topic 

(Low vs. High). 

The study’s design closely resembles the previous study, revolving around the 

promotional content of the “Aqua-Z” brand. However, participants were randomly allocated 

to either the ‘High’ or ‘Low’ importance group. In the low-importance group, participants 

came across a tweet from Aqua-Z introducing their new smartwatch, emphasizing the 

product’s aesthetic features. Conversely, in the high-importance group, the tweet from Aqua-

Z highlighted the health monitoring features of the same smartwatch which may save the life 

of users. Importantly, it is noteworthy that the posts were randomly distributed across both the 

‘Restricted’ and ‘Control’ conditions regarding the comment section status. 
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Measures  

All measurements utilized in this study remain aligned with those employed in Study 

5. These encompass attitude toward the brand (Cronbach’s α = .91), suspicion (Cronbach’s α 

= .93), perceived censorship, age, gender, level of experience in using social media, and a 

manipulation check tied to the restriction of the comments. Additionally, an extra 

manipulation check was introduced to gauge the effectiveness of the manipulation concerning 

the level of importance of the tweet. Participants were prompted to indicate their agreement 

with the statement: “The user’s post (Aqua-Z) held significant importance for me,” using a 

scale ranging from totally disagree (0) to totally agree (7). All descriptive statistics for this 

study can be found in Appendix 14. 

Results 

Manipulation checks  

A two-way ANOVA with the status manipulation (Restricted vs. Control) and level of 

importance (Low vs. High) as the independent variables, and the importance manipulation 

check as the dependent variable (MRestricted_HighImportance = 2.83, SD = 1.51, MControl_ HighImportance 

= 3.34, SD = 1.50, MRestricted_ LowImportance = 2.45, SD = 1.34, MControl_ LowImportance = 2.28, SD = 

1.30), reveals the effectiveness of the manipulation on the level of importance of the topic in 

this study, evident through the significant influence of the level of importance on its 

associated manipulation check (F(1, 396) = 25.65, p < .001, η2 = .06). 

Another two-way ANOVA was executed, using our status manipulation (Restricted 

vs. Control) and level of importance (Low vs. High) as the independent variables, while 

utilizing the status manipulation check as the dependent variable (MRestricted_HighImportance = 3.75, 

SD = .78, MControl_ HighImportance = 2.87, SD = 1.37, MRestricted_ LowImportance = 3.65, SD = .87, 

MControl_ LowImportance = 2.60, SD = 1.39). The results showed that the status manipulation also 

worked as intended (F(1, 396) = 72.78, p < .001, η2 = .15). 
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Moderation of level of importance 

 Conducting a two-way ANOVA, where the status manipulation and level of 

importance served as the independent variables, and perceived censorship as the dependent 

variable (MRestricted_HighImportance = 4.08, SD = 1.75, MControl_ HighImportance = 2.36, SD = 1.25, 

MRestricted_ LowImportance = 4.42, SD = 1.84, MControl_ LowImportance = 2.70, SD = 1.43) shows no 

significant moderation effect of the level of importance on perceived censorship (F(1, 396) = 

.00, p = .99, η2 < .001). However, the main effect of the post’s status remains significant (F(1, 

396) = 116.85, p < .001, η2 = .23). In the high-importance conditions, restricting the 

comments significantly increased perceived censorship (t = 7.66, p < .001), and this effect 

remained significant in the low importance conditions (t = 7.66, p < .001) as well. 

Another two-way ANOVA with our status manipulation and level of importance as the 

independent variables, and suspicion as dependent variable (MRestricted_HighImportance = 3.99, SD 

= 1.06, MControl_ HighImportance = 3.52, SD = 1.00, MRestricted_ LowImportance = 4.67, SD = 1.09, 

MControl_ LowImportance = 4.49, SD = 1.16), again reveals no significant moderation effect of level 

of importance (F(1, 396) = 1.74, p = .19, η2 = .004) on suspicion, while the main effect of 

post’s status remains significant (F(1, 396) = 8.79, p = .003, η2 = .02). In the high importance 

condition, limiting the comments had a significant effect on suspicion (t = 3.08, p = .002), 

while in the low important condition this effect was non-significant (t = 1.22, p = .22). 

In the final two-way ANOVA, where the status manipulation and level of importance 

served as the independent variables, and attitude toward the brand as the dependent variable 

(MRestricted_HighImportance = 2.63, SD = 1.07, MControl_ HighImportance = 2.98, SD = 1.12, MRestricted_ 

LowImportance = 2.18, SD = 1.10, MControl_ LowImportance = 2.46, SD = 1.33), the results are as 

follows. The analysis again indicates that there is no significant moderation effect of the level 

of importance on attitude toward the brand (F(1, 396) = .08, p = .77, η2 < .001). However, the 

main effect of the post’s status remains significant (F(1, 396) = 7.19, p = .008, η2 = .02). In 
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the high-importance conditions, restriction of the comments significantly influenced attitude 

toward the brand (t = -2.13, p = .03), while this effect became partially insignificant in the low 

importance conditions (t = -1.72, p = .09). 

Discussion 

This study underscores the robustness of the effect between comment restriction and 

attitude toward the brand, regardless of the level of importance attributed to the post’s topic. 

The findings from this study indicate that the drawbacks of limiting the comments are not 

confined solely to important and contentious topics. 

  



 

 190 

Web Appendix 20. Stimuli Used in the Study 6 

Restricted 

Before Posting 

 

Restricted After 

Posting 

Without Any 

Comments  

Restricted After 

Posting With 

Negative 

Comments 

 

Control 

Without Any 

Comments 
 

Control With 

Negative 

Comments 

 

 




