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Abstract
Scientific evidence has become increasingly important for the decision-making processes 
in contemporary democracies. On the one hand, research dealing with the  utilization of 
scientific knowledge  in the political process has pointed out that decision-makers learn 
from evidence to improve policies to solve problems. On the other, scholars have under-
lined that actors learn from evidence to support their political interests regardless of how 
it affects the policy problem. One conventional insight from the policy learning literature 
is that higher salience of a policy issue makes it much less likely that decision-makers 
use evidence in an “unpolitical” way. Nevertheless, only few studies have investigated sys-
tematically how differences regarding issue salience between policy fields impact on how 
decision-makers learn from evaluations at the individual level. Using multilevel regression 
models on data from a legislative survey in Switzerland, this paper shows that salience 
and technical complexity of policy issues do not automatically lead to less policy learning 
and to more political learning from policy evaluations. Nevertheless, this article’s empiri-
cal analysis also points out that issue salience increases policy learning from evaluations 
if the policy issue is technically complex. Our findings contribute to research on policy 
learning and evidence-based policy making by linking the literature on policy evaluation 
and learning, which helps analyzing the micro-foundations of learning in public policy and 
administration.
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Introduction

A very important research question for public policy analysis is how decision-makers 
learn in the policy process. In the literature, scholars have identified policy evaluations as 
a source of information that provides decision-makers with material to learn about how 
to modify legislations1 (Head, 2016; Pattyn et al., 2018; Stephenson et al., 2019). In this 
context, scholars often refer to the term evidence-based policy making that describes the 
utilization of scientific evidence to create or change public policies. Implementing exper-
tise in public policy comes along with three main challenges. Firstly, decision-makers face 
the temptation to use information in a way that fits their political goals, even if this prac-
tice comes at the cost of taming and solving a policy problem. Secondly, learning from 
expert positions is difficult in the post-truth era where ignoring facts becomes somewhat 
normalized (Perl et al., 2018). Thirdly, in a context of limited time and resources, decision-
makers use heuristics to process information more effectively (Cairney, 2016; Kamkhaji & 
Radaelli, 2017; Perl et al., 2018).

This article contributes to analyzing the first one of these challenges, which is the strate-
gic political usage of expertise by decision-makers at the expense of policy efficacy. There-
fore, this paper examines how salience and technical complexity of policy issues are linked 
to policy learning and political learning from evaluations. Specifically, the paper combines 
two strands of research:

Firstly, the article harks back to research on policy evaluation to understand how sci-
entific evidence influences policy making (Weiss, 1979; Weiss et al., 2005, Daviter, 2015, 
Newman et al., 2016, Schlaufer et al., 2018). Notably, researchers have focused on scien-
tific evaluations of public policies, which members of parliament can demand from the 
administration (Jennings & Hall, 2012; Bundi, 2016). According to the literature, parlia-
mentarians appreciate evaluations (Boyer & Langbein, 1991; Demaj & Summermatter, 
2012; Hird, 2009) and use them in different ways (Boyer & Langbein, 1991; Tabuga, 2017; 
Whiteman, 1985). On the one hand, evaluations produce independent evidence about the 
implementation of a policy, which is why they are an instrument for parliamentary over-
sight that decision-makers use to ensure accountability of the administration to elected offi-
cials (Bundi, 2018). On the other, decision-makers can learn whether a policy works as 
intended, or, if it has different effects using evidence (Alkin & King, 2017; Eberli, 2019; 
Henry & Mark, 2003).

In this literature, scholars have also separated analytical from political uses of policy 
evaluations (Eberli, 2019; Frey, 2012; Shulock, 1998; Weiss, 1989). Researchers have 
pointed out that policy- and politically oriented uses of evaluation cannot be considered 
completely detached from each other as they can occur simultaneously or sequentially 
(Amara et al., 2004; Frey, 2012; Whiteman, 1985). Therefore, we should expect that any 
uses of policy evaluation have some political motives attached to it (Frey, 2012). Neverthe-
less, there is little evidence on determinants of policy-oriented and political uses of evi-
dence and learning at an individual level and how differences between policy issues impact 
on different uses of policy information. What is more, only a few studies have examined 
different forms of evaluation use in parliament and linked this to learning in the policy pro-
cess (Amara et al., 2004; Nutley et al., 2007, p. 67).

1  In this article, we are interested in evaluation use and learning for legislation purposes. However, evalu-
ation can also be for other purposes such as accountability (Bundi 2018; Zwaan et al., 2016) or budgetary 
decisions (Van der Knaap 2000).
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Secondly, this paper builds on the policy learning literature. Therein, scholars have 
repeatedly asserted that learning in public policy can follow political goals rather than only 
be focused on how to deal with a policy problem (Bennett & Howlett, 1992; Biesenbender 
& Tosun, 2014; Boswell, 2009; Cairney & Oliver, 2017; Dunlop et al., 2018; Greenhalgh 
& Russell, 2009; Pierson, 2000; Vagionaki & Trein, 2020; Zito & Schout, 2009). The com-
plexity of social and political institutions makes learning about evidence a social experi-
ence (Ammons et al., 2008; Hall, 1993). Decision-makers mix political ideas and agendas 
with information from policy research and experiences (Gilardi, 2010; Gilardi et al., 2009; 
May, 1992). Cognitive limitations and bounded rationality reinforce this mix because deci-
sion-makers use cognitive shortcuts to satisfy limited rationality and uncertainty (Braun & 
Gilardi, 2006; Simon, 1947). Against this background, scholars have theorized that learn-
ing can entail political negotiation and happen in the context of hierarchies (Dunlop & 
Radaelli, 2018). Others have emphasized that decision-makers use research above all if the 
results fit their dominant political narrative (Boswell, 2009; Henry & Mark, 2003). Empiri-
cal research has shown that decision-makers introduce legislations on issues that are salient 
but only if scientific uncertainty about these issues is limited (Bromley‐Trujillo & Karch, 
2019), and, decision-makers tend to maintain their policy positions against the background 
of scientific findings (Heikkila et al., 2020). Nevertheless, policy learning research focuses 
often on policy change (Heikkila & Gerlak, 2013) but requires more analyses of the micro-
foundations of policy learning (Dunlop & Radaelli 2017).

This article draws on research focusing on policy evaluation and policy learning to dis-
tinguish (a) policy learning from evaluations and (b) political learning from evaluations. 
The paper then proceeds to analyze how these two forms of learning from evaluations are 
linked to salience (Baumgartner & Jones, 2010; Jones & Baumgartner, 2005) and technical 
complexity of the policy issue (Eshbaugh‐Soha, 2006; Gormley, 1983; Trein & Maggetti, 
2020). The empirical analysis in the paper uses a survey on evaluation use by members of 
parliament in Switzerland as a proxy to examine policy learning and political learning at 
the individual level of analysis.

In using multilevel regression models, the paper shows that issue salience alone nei-
ther increases policy learning nor political learning from evaluations. If policy issues are 
technically complex, decision-makers are more likely to use evaluations for policy learn-
ing and political learning. Nevertheless, once issue salience (attention to the policy issue) 
increases, decision-makers employ evaluations for policy learning, but not for political 
learning if they deal with a technically complex policy issue. This paper contributes to 
the literature by unpacking microlevel dynamics of the learning process regarding policy 
aspects and political aspects of policy making (Dunlop & Radaelli, 2017, p.306–307). 
Notably, this research underlines that decision-makers use evaluations for policy learning 
rather than for political learning if they must deal with salient and technically complex 
issues, which emphasize the problem-solving capacity of democratic governance.

Evaluation use as political—and policy learning

In the literature, scholars have pointed out that decision-makers use evaluations in differ-
ent ways. According to Alkin and King (2017: p. 573), the most common forms of evalu-
ation use are instrumental, conceptual, and symbolic. Instrumental use is defined as the 
utilization of evaluations as a basis for decisions or actions. Conceptual use describes the 
use of evaluations in order to better understand an issue and to gain new perspectives or 
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insights on the topic. Symbolic use refers to a situation when decision-makers utilize evalu-
ations not primarily due to the evaluation findings, but because they expect a benefit for 
including them in their political activities (Knorr, 1977). For example, evaluations can be 
used to persuade others, justify a position, or legitimize an action. Symbolic use is some-
times also called persuasive, legitimizing, tactical, or strategic use of evaluations (Johnson, 
1998). However, despite their conceptual clarity, different forms of evaluation use are not 
always easy to distinguish and to observe empirically. Instrumental and conceptual uses 
differ from symbolic uses, as the former require openness to the assessment and its out-
comes (Frey, 2012). This perspective entails that instrumental and conceptual uses of pol-
icy evaluation contribute to improving policy problem-solving, since they aim at ameliorat-
ing policy measures based on scientific evidence about policy design and policy outcomes. 
Nevertheless, this rational notion of evaluation use for problem-solving is also present to 
some extent in symbolic use where actors mobilize the authority of knowledge for political 
reasons (Boswell, 2009).

Research on policy learning is conceptually similar to the policy evaluation literature. 
A common and parsimonious definition holds that learning is “the acquisition of new rel-
evant information that permits the updating of beliefs [respectively ideas] about the effects 
of a new policy” (Braun & Gilardi, 2006, p. 306). In this context, information about the 
effects of a policy may come from policy evaluations. This definition is based on informa-
tion processing in the Bayesian framework and used in policy process research until today 
(e.g., Nowlin, 2021). Another definition of policy learning is more encompassing. Accord-
ing to Heikkila and Gerlak, policy learning is “(1) a collective process, which may include 
acquiring information through diverse actions (e.g. trial and error), assessing or translating 
information, and disseminating knowledge or opportunities across individuals in a collec-
tive, and (2) collective products that emerge from the process, such as new shared ideas, 
strategies, rules, or policies” (Heikkila & Gerlak, 2013, p. 486).

Like evaluation scholars, who point to different forms of evaluation use, researchers of 
learning have distinguished different forms of learning in political research (Vagionaki & 
Trein, 2020). For example, scholars have defined no learning (the absence of learning), 
blocked learning (lessons learned do not transfer to the organizational level), instrumental 
learning (learning about policy instruments), and political learning (learning about politi-
cal strategies) as some of the main learning forms (Bennett & Howlett, 1992; May, 1992; 
Zito & Schout, 2009). More recently, Dunlop and Radaelli have developed four modes 
of policy learning—epistemic, bargaining, hierarchical, and reflexive—that assume that 
decision-makers are homo discentis, i.e., learning and studying individuals (Dunlop & 
Radaelli, 2018).

Trein and Vagionaki build on this literature and distinguish policy-oriented learning 
from political (power-oriented) learning (Trein, 2018; Trein & Vagionaki, 2021). Policy-
oriented learning entails the updating of ideas to change policy instruments for the better 
(e.g., Bennett & Howlett, 1992; Jenkins-Smith et  al., 2018; May, 1992; Zito & Schout, 
2009). Contrariwise, political learning entails learning with an explicit political motivation 
(Lowi, 1972; Steinmo et al., 1992; Pierson, 1993). Political learning means that decision-
makers update their beliefs to maximize their political returns, even if this comes at the 
cost of implementing ineffective policies (Hertel-Fernandez, 2019; Trein & Vagionaki, 
2021).

This article focuses on the individual level of learning and assesses how elected offi-
cials learn from policy evaluations. This perspective pays attention to the micro-level of 
policy learning as conceptualized by Dunlop and Radaelli in their analysis of the learn-
ing process (Dunlop & Radaelli, 2017). Nevertheless, the article does not focus on how 
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learning changes public policies. Specifically, the paper distinguishes two ways of learning 
from evaluations: firstly, policy learning from evaluations, in which office holders focus on 
the findings of the evaluation for improvement of policy effectiveness; secondly, political 
learning from evaluations in which evaluations are used in a political self-interest manner. 
The paper delineates these two concepts from the literature on policy evaluation as well as 
from research on policy learning. The policy evaluation literature has distinguished ana-
lytical from political uses of evaluations (Alkin & King, 2017; Eberli, 2019; Frey, 2012). 
As Eberli (2019) has pointed out, the two-part distinction between analytical and political 
use refers to the fundamental difference between an analytical–improvement oriented and 
a political–strategic logic of use. However, the two forms of use manifest in different ways. 
Analytical use captures the types of instrumental and conceptual use discussed in the lit-
erature to date, while political use includes all types of symbolic uses, such as persuasive, 
legitimizing or tactical use (Alkin & Taut, 2003). We are aware that some scholars have 
pointed out that these two forms of evaluation use are, to a certain degree, conditional on 
one another, since political-symbolic use unfolds its effect by relying on the instrumental 
problem-solving image of systematically generated knowledge and its use (Boswell, 2009, 
p. 249). Although it is possible that actors use evaluations analytically to obtain policy-
relevant information, elected officials are likely to always have an intention to (possibly) 
use evaluations politically (Frey, 2012), notably, as successful problem-solving is a politi-
cal end in itself.

By distinguishing policy learning from evaluations and political learning from evalu-
ations, we assume that decision-makers learn from an evaluation in one way or the other. 
This assumption is plausible if we analyze decision-makers as homo discentis, i.e., a learn-
ing and studying individual (Dunlop & Radaelli, 2018, p. S53). The logical consequence 
from such a perspective is that evaluation use necessarily results in learning, understood 
as the updating of beliefs. Consequently, policy-oriented learning from evaluations means 
that office holders learn from the findings of the evaluation to improve policy effectiveness 
and to improve the public good. Political learning from evaluations implies that decision-
makers learn from evaluations regarding how to achieve their political self-interest. This 
conceptual separation focuses on learning as a process at the individual level without con-
necting it to learning in relation to policy results (Dunlop & Radaelli, 2018). In connecting 
analytical use of evaluations to policy learning and political use of evaluations to political 
learning, we widen the theoretical interpretation of evaluation use and improve the empiri-
cal grounding of the learning literature.

Policy issues and learning from evaluations

In addition to distinguishing policy learning from evaluations and political learning from 
evaluations, this article is interested in how differences between policy issues impact on 
the two forms of learning. To answer this question, this paper analyzes the effect of two 
explanations. Firstly, it assesses how policy salience impacts on learning from policy eval-
uations. Secondly, the article examines how the technical complexity of policy issues is 
linked to learning from evaluations. Thirdly, the paper examines how these two variables 
interact.

We know from the literature that the salience of policy issues has an impact on the 
production of policy reforms (Lieberherr & Thomann, 2020). If an issue receives a high 
amount of attention by the media and decision-makers, it is likely that there is a measurable 
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change in policies (Baumgartner & Jones, 2010; Jones & Baumgartner, 2005). In case a 
policy issue is salient, it tends to be politicized in formal political arenas. For example, if 
a problem receives considerable attention, such as the remuneration of managers, it will 
be politicized publicly by political parties and not in informal arenas behind closed doors 
(Culpepper, 2010). In such a context, political actors need to take care that they stick to 
their strategic political positions and tend to only follow the recommendations of independ-
ent experts in the limits of the positions of their party.

Against this backdrop decision-makers select evidence that fits their preferred narrative 
(Eberli, 2019). According to Boswell, research does not only inform new policies aiming to 
solve pressing problems, but “… does indeed play an important political function …” that 
is different from an instrumental and problem-oriented use of knowledge. In this context, 
policy information serves the goal to substantiate or legitimize pre-existing policy posi-
tions (Boswell, 2009, p. 7). From the perspective of the learning literature, such practices 
are cases of political learning: based on new knowledge, decision-makers learn (i.e., update 
their beliefs) to adjust and inform their political strategies even if this practice entails 
choosing a policy option that is less effective (Bennett & Howlett, 1992; Boswell, 2009; 
Pierson, 2000; Zito & Schout, 2009), because they can afford to do so (Bandelow, 2008, p. 
746; Deutsch, 1966, p. 111). In case of a highly salient policy issue, decision-makers fol-
low this logic and learn from evaluations in a way that reinforces their political positions. 
Therefore, we hypothesize:

Hypothesis 1a  The more salient a policy issue, the more likely decision-makers learn 
politically from evaluations.

Nevertheless, the discussion in the previous section of the paper has pointed out that 
actors also use evidence and scientific information in a policy-oriented way (Heclo, 1974; 
Budge & Laver, 1986; Strom, 1990; Evans, 2018). This form of evaluation use and learn-
ing captures the policy-seeking and puzzling intentions of decision-makers. In other words, 
it points to the aspiration of actors to solve public problems through policy (Ansell, 2011). 
This way of learning from evidence and evaluation resembles an analytical use of policy 
evaluations (Eberli, 2019; Frey, 2012; Shulock, 1998; Weiss, 1989). In the context of the 
policy learning literature, this form of evaluation use resembles instrumental learning, i.e. 
learning to improve public policies for problem solving (Vagionaki, 2020; Zito & Schout, 
2009). This literature implies that the more public attention an issue receives the more 
likely decision-makers are to learn from evaluations in a policy-oriented way because 
they want to solve pressing problems based on the foundation of expertise. Therefore, we 
hypothesize the following:

Hypothesis 1b  The more salient a policy issue the more likely is policy-oriented learning 
from evaluations.

Policy issues vary in their complexity. According to Sager and Andereggen (2012), 
complex policies are characterized by the use of different policy instruments by multiple 
interactions that makes it difficult to attribute policy effects. In the literature, scholars 
have distinguished between technically complex issues, such as energy policy and health 
policy where decision-makers usually integrate a broad range of policy instruments, 
and less complex issues such as labor market policy. In the case of technically complex 
issues, decision-makers are more likely to consult external experts to better understand 
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how to calibrate different policy instruments. According to one author, “technical com-
plexity is high when a policy problem requires the understanding of a specialist or 
expert, a professional appraisal more than a normative judgment” (Gormley, 1983, p. 
89–90). Admittedly, even technical decisions require normative criteria and judgments, 
but the distinction between technical solutions requiring knowledge and less technical 
ones has been used in the public policy literature (Gormley, 1983, p. 90; Eshbaugh‐
Soha, 2006; Trein & Maggetti, 2020). Contrariwise, other policy issues are not as tech-
nically complex. For example, unemployment policy is a policy field that requires much 
less technical knowledge and insights to design and decide on policy solutions com-
pared to health and energy policy.

These insights imply that decision-makers could either learn in a policy-oriented way 
or in a political way from evaluations if they face technically complex policy issues. On 
the one hand, policy evidence based on research is useful for decision-makers to help 
them satisfy their problem-solving and policymaking intentions. Against the backdrop 
of a scientifically complex issue, decision-makers are therefore more likely to use evi-
dence compared to issues that are of limited technical complexity. On the other hand, 
decision-makers do also have incentives to use scientific evidence to learn about how 
to achieve their political goals. In the context of scientifically complex issues, using 
insights from research will signal competence to voters, even if the actual learning from 
evaluations has political intentions and might be symbolic, as decision-makers will 
carefully ensure that the policy preferences they derive from evidence chime with their 
political goals. Against this background, we formulate the following two hypotheses:

Hypothesis 2a  Technologically complex policy issues make political learning from evalu-
ations more likely.

Hypothesis 2b  Technologically complex policy issues make policy learning from evalua-
tions more likely.

An important question that follows from this discussion is how issue salience and tech-
nical complexity interact regarding their impact on the different usages of evaluations. Do 
decision-makers learn in a policy-oriented or in a political way from evaluations if salience 
increases and they have to deal with a technically complex policy issue? This paper argues 
that issue salience, i.e., public attention to the policy problem, results in policy learning 
from evaluations if the policy issue is technically complex. If a policy problem receives a 
lot of attention from the media, decision-makers want to demonstrate that they seriously 
aim at problem solving and take expert recommendations regarding complex problems 
seriously. Contrariwise, it is unlikely that salience increases the political usage of political 
learning from evaluations in a context of technical complexity. In this situation, decision-
makers face the risk of “being caught” practicing symbolic use of evidence due to public 
attention on the policy process, especially if they do not take advice by experts seriously 
(Feindt et al., 2021; Trein, 2018). Against a background of high issue attention, the usage 
of technically complex policy evidence in a purely political way might result in electoral 
punishment, if voters discover political learning from evaluations that ignores potential 
recommendations for policy improvement. Thus, we hypothesize the following:

Hypothesis H3  Higher issue salience increases the positive effect of technical complexity 
on policy learning from evaluations.
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Empirical analysis

Data and methods

This study is based on an online survey of cantonal and federal members of parliament 
(MPs) in Switzerland conducted between May and June 2014 (Eberli et  al. 2014). MPs 
were asked about their general attitudes toward evaluation, as well as about their habits on 
demanding policy evaluations, the way they use evaluations and how often they employ 
evaluation reports. As MPs have a broad understanding of the term evaluation, we pro-
vided a definition of the concept in the introduction to the poll: "In this survey, evaluations 
are interpreted as studies, reports or other documents, which assess a state’s measure in a 
systematic and transparent way with respect to their effectiveness, efficiency, or fitness for 
purpose.” A total of 1570 MPs took part in the survey, which corresponds to a response 
rate of 55.3%. Compared to similar surveys among Swiss parliamentarians this percentage 
is relatively high.2

In order to measure the dependent variables–policy learning and political learning from 
evaluations–MPs were asked whether they had used evaluation in specific ways during the 
last four years. To operationalize different types of evaluation use, the paper employs four 
variables: MPs were asked whether they use evaluation in order to make a decision (instru-
mental use) or learn about policies (conceptual use) respectively whether they use them to 
justify a decision (legitimizing) or convince others (persuasive use) (Alkin & King, 2017; 
Eberli, 2019). On this basis, the paper builds two indexes. Table 1 shows the different ques-
tions and how they correlate with each other:

The independent variables were collected through an expert survey in 2015, as the 
hypotheses do not only focus on individual characteristics of MPs, but also on differences 
across policy fields. Fischer and Sciarini (2016) show that cross-sectional comparisons are 
important for the decision-making process. Hence, we collected a data set on the character-
istics of policy fields with an expert survey of Swiss political scientists in order to obtain 
information on the characteristics of a policy field (Bundi, 2018).3 Hooghe et al., (2010, 
p. 692) suggest that expert interviews are appropriate when reliable information is more 
likely to be found among experts than in other documentation sources. Since no data are 
available for the attributes of policy fields in Switzerland, experts were asked to assess the 
attributes of various policy fields. The survey provides the same list of policy fields with 
keywords that was also included in the survey of Swiss MPs. Moreover, the attributes of 
the policy fields were pre-defined and experts asked to rate the attribute on a scale from 
0 to 10. In order to be able to compare the experts’ ratings with each of the other policy 
fields, the ratings were standardized to a standard deviation of one and a mean value of 
zero and manually added to the first data set. To match the MPs with salience in a pol-
icy domain, we used their parliamentary committee affiliation. Specifically, we linked the 
value of salience and complexity of a policy domain (as assessed by experts) with the com-
mittee membership of a specific MP. This strategy is appropriate as the Swiss parliament 

2  In a survey on performance reporting in the context of new public management, Brun and Siegel (2006) 
achieved a response rate of 21.3%. Focusing only on the federal level, Bütikofer (2014) was even able 
to collect 65% in the lower house and 70% in the upper house. Freitag et  al. (2019) conducted a survey 
amongst local office holders, in which almost 50% of the decision-makers responded.
3  Table  6 in the appendix presents the different policy domains used in both the parliamentary and the 
expert surveys.
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is considered as a working parliament with a strong committee system where legislative 
projects are predominantly elaborated the committees and where evaluation use happens in 
the committee meetings (Dann, 2003; Eberli, 2019).4

Next to the independent variables that operationalize the above-discussed hypotheses, 
the analyses include several influential variables: age, gender, education, urbanization, 
party membership,5 membership of the Executive Committee,6 legislative professionali-
zation and evaluation demand. Moreover, an additional dummy question was created to 
establish whether an MP is a member of an oversight committee, as Bundi (2016) has 
shown that MPs with an oversight committee are more likely to ask for evaluations. On the 
structural level, the analysis includes whether the cantonal or federal constitution entails 
an evaluation clause7 and controls for the size of the parliament and the number of parties. 
The operationalization is summarized in Table 7 in the appendix.

Empirically, the analysis relies on a multilevel logistic regression model, since the 
observations are nested in groups (parliaments) that have the potential to influence learning 
from evaluations. According to Steenbergen and Jones (2002, p. 219–220), ignoring the 
clustering of the data structure could lead to distorted standard errors that would overes-
timate the importance of the effects. A robust variance estimation not only allows for the 
relaxation of the assumption that the error terms are identically distributed, but also clus-
tering allows for further relaxation of the assumption that our observations are completely 
independent. Hence, we use a random intercept model to test variables at the two levels 
(MPs and parliaments).

Fig. 1   Policy learning, political learning, and evaluation demand. Histogram (kernel density function) of 
the share of policy- and political learning in the sample, split by cases between MPs who demanded an 
evaluation and between MPs who do not

4  However, even though we have carefully proceeded the expert survey, their evaluation of complexity and 
salience might still differ from the parliamentarians’ perception. Maestas (2016) provides a useful discus-
sion of the validity of expert surveys.
5  The following parties are considered center parties: Liberals, Christian Democratic People’s Party, Green 
Liberals, Conservative Democratic Party, Evangelical People’s Party and Christian Social Party.
6  The Parliamentary Executive Committee is responsible for the organization and procedures of the Parlia-
ment and thus has a guiding function.
7  An evaluation clause is a legal instrument that obliges an authority to carry out evaluations and to report 
their results. Bussmann (2005, p. 97–99) distinguishes between four different types of evaluation clauses: 
general, institutionally focused and area-field focused evaluation clauses, as well as evaluation clauses for 
para-state institutions.
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Results

We first give a descriptive overview of the policy- and power-oriented learning from evalu-
ations before presenting estimates that are related to them. Figure 1 illustrates the distribu-
tion of learning from evaluations in the sample. In doing so, the figures show that MPs 
frequently use evaluations in the parliament, but there is a small difference between pol-
icy learning from evaluations (mean 2.84) and political learning from evaluations (mean 
2.68). Hence, MPs rather learn from evaluations to better understand a public policy than 
to convince someone else of their opinion. Nevertheless, this slight difference might also 
be a result of social desirability, as policy-oriented use and learning usually enjoy a higher 
acceptance rate compared to politically oriented use and learning (Bundi et al., 2018). The 
figure shows that those who actually demanded evaluations seem to be more likely to use 
them either for policy learning or for political learning. Nevertheless, these differences are 
not statistically significant. This finding indicates that also those MPs who do not demand 
evaluations use them for both types of learning.

Yet how important are policy field characteristics in explaining policy learning and 
political learning from evaluations, according to the hypotheses discussed in the previous 
sections of the paper? Table 2 presents the estimates analyzing the link between issue sali-
ence and policy learning as well as political learning from evaluations.

Overall, the different models suggest that issue salience neither augments policy learn-
ing from evaluations nor political learning from evaluations, in particular if we control for 
parliament-specific variables. Even though the regression coefficient regarding issue sali-
ence is slightly significant in Models 1 and 3, MPs are only about 8% more likely to learn 
from evaluations in highly salient policy issues compared to non-salient policy domains. 
Moreover, the significance level disappears if structural variables measuring the presence 
of an evaluation clause, the size of parliament, and the number of parties are included 
(Models 2 and 4, Table  2). In contrast, age is positively related to policy learning from 
evaluations, while older MPs are less likely to use evaluations to learn politically. Hence, 
the results suggest rejecting both hypotheses 1a and 1b, which predict that salience aug-
ments policy learning and political learning from evaluations. In addition, female MPs 
are 15% less likely to use evaluations for political learning in comparison to their male 
colleagues.

On the structural level, Models 1 and 3 confirm the positive relationship between evalu-
ation demand and learning from policy evaluations (see Fig.  1). The more often MPs 
demand evaluations, the more often they use evaluations. We also see that the institu-
tionalization of evaluations matters (cf. also Jacob et  al., 2015). In parliaments with an 
evaluation clause in the constitution, MPs are more likely to use evaluations (15.2% for 
policy-oriented use and 19.5% for power-oriented use). Furthermore, Model 2 suggests that 
smaller parliaments are less likely to use evaluations in order to understand public policies 
better, which certainly has to do with their limited resources (Bundi et al., 2017).

Next, Table  3 presents the results for the link between technical complexity of 
policy issues, on the one hand, as well as policy learning and political learning from 
evaluations on the other. In contrast to salience, models 5 to 8 suggest that complexity 
is significantly associated with both forms of learning from evaluations. In case of a 
complex policy issue, those MPs who demand evaluations are also more likely to learn 
from them: 5.8% increase for policy learning and a 6.4% increase for political learning. 
This relationship even remains significant even if structural variables regarding the 
parliament are included in the analysis. Thus, the empirical models provide evidence 
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for hypotheses 2a and 2b, which propose that against the background of a technically 
complex policy issue, decision-makers are more likely to learn from evaluations in a 
policy-oriented sense as well as in a political way compared to policy issues of limited 

Table 2   Issue salience and learning from evaluations

Results are from a multilevel logistic regression model for parliaments. Standardized regression coefficients 
shown with robust standard errors in parentheses
*p < 0.1, **p < 0.05, ***p < 0.01

Policy learning 
individual

Policy learning 
structural

Political learning 
individual

Political 
learning 
structural

(1) (2) (3) (4)

Salience 0.093* 0.086 0.090* 0.088
(0.048) (0.048) (0.053) (0.054)

Age 0.004** 0.004**  − 0.006***  − 0.006***
(0.002) (0.002) (0.002) (0.002)

Female  − 0.015  − 0.005  − 0.185***  − 0.172***
(0.042) (0.043) (0.047) (0.048)

Education 0.003 0.003  − 0.007  − 0.007
(0.009) (0.009) (0.010) (0.010)

Urban  − 0.020  − 0.023 0.055 0.040
(0.042) (0.042) (0.047) (0.048)

Left party  − 0.082  − 0.060  − 0.076  − 0.075
(0.063) (0.064) (0.071) (0.071)

Right party  − 0.055  − 0.038  − 0.049  − 0.039
(0.051) (0.052) (0.059) (0.059)

Executive committee  − 0.048  − 0.107  − 0.011  − 0.052
(0.052) (0.055) (0.059) (0.061)

Professionalization 0.105 0.235 0.280* 0.252
(0.131) (0.143) (0.154) (0.168)

Evaluation demand 0.175*** 0.143*** 0.193*** 0.164***
(0.037) (0.039) (0.042) (0.044)

Evaluation clause 0.154*** 0.195***
(0.048) (0.054)

Parliament size  − 0.001**  − 0.001
(0.001) (0.001)

Number of parties  − 0.027 0.021
(0.029) (0.035)

Constant 2.564*** 2.780*** 2.988*** 2.992***
(0.120) (0.162) (0.137) (0.191)

N 1123 1085 1110 1073
Log. Likelihood  − 1059.74  − 1021.11  − 1173.80  − 1126.04
Wald chi2 35.45 55.62 59.33 75.62
P > chi2 0.000 0.000 0.000 0.000
Aic 2145.47 2074.22 2373.61 2284.09
Bic 2210.78 2154.05 2438.77 2363.74
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technical complexity. Furthermore, the results are similar regarding the variables at the 
individual and structural levels compared to the models including issue salience. As a 
consequence, the analysis reveals few differences between the two forms of learning 

Table 3   Technical complexity and learning from evaluations

Results are from a multilevel logistic regression model for parliaments. Standardized regression coefficients 
shown with robust standard errors in parentheses
*p < 0.1, **p < 0.05, ***p < 0.01

Policy learning 
individual

Policy learning 
structural

Political learning 
individual

Political 
learning 
structural

(5) (6) (7) (8)

Complexity 0.120** 0.121** 0.137** 0.135**
(0.058) (0.059) (0.066) (0.066)

Age 0.004** 0.004**  − 0.006***  − 0.006***
(0.002) (0.002) (0.002) (0.002)

Female  − 0.014  − 0.006  − 0.185***  − 0.172***
(0.042) (0.043) (0.047) (0.048)

Education 0.003 0.003  − 0.006  − 0.007
(0.009) (0.009) (0.010) (0.010)

Urban  − 0.025  − 0.030 0.051 0.035
(0.041) (0.042) (0.047) (0.048)

Left party  − 0.082  − 0.061  − 0.078  − 0.077
(0.063) (0.064) (0.071) (0.071)

Right party  − 0.054  − 0.036  − 0.046  − 0.036
(0.051) (0.052) (0.059) (0.059)

Executive committee  − 0.048  − 0.107*  − 0.011  − 0.052
(0.052) (0.055) (0.059) (0.061)

Professionalization 0.130 0.247* 0.312** 0.269
(0.130) (0.142) (0.154) (0.167)

Evaluation demand 0.171*** 0.139*** 0.189*** 0.159***
(0.037) (0.039) (0.042) (0.044)

Evaluation clause 0.163*** 0.204***
(0.048) (0.054)

Parliament size  − 0.001**  − 0.001
(0.001) (0.001)

Number of parties  − 0.027 0.022
(0.031) (0.035)

Constant 2.569*** 2.781*** 2.995*** 2.999***
(0.120) (0.161) (0.137) (0.190)

N 1123 1085 1110 1073
Log. Likelihood  − 1059.55  − 1020.61  − 1173.07  − 1125.28
Wald chi2 35.87 56.67 60.98 77.44
P > chi2 0.000 0.000 0.000 0.000
Aic 2145.11 2073.22 2372.14 2282.57
Bic 2210.41 2153.05 2437.30 2362.22
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Table 4   Issue salience, technical 
complexity and learning from 
evaluations

Results are from a multilevel logistic regression model for parlia-
ments. Standardized regression coefficients shown with robust stand-
ard errors in parentheses
*p < 0.1, **p < 0.05, ***p < 0.01

Policy learning Political learning
(9) (10)

Salience 0.172** 0.119
(0.071) (0.048)

Complexity 0.228*** 0.183*
(0.086) (0.080)

Salience*complexity 0.414** 0.220
(0.188) (0.211)

Age 0.004**  − 0.006**
(0.002) (0.002)

Female  − 0.008  − 0.173***
(0.043) (0.048)

Education 0.003  − 0.007
(0.009) (0.010)

Urban  − 0.035 0.033
(0.042) (0.048)

Left party  − 0.065  − 0.080
(0.064) (0.071)

Right party  − 0.041  − 0.041
(0.052) (0.059)

Executive committee  − 0.108**  − 0.051
(0.055) (0.061)

Professionalization 0.232 0.259
(0.143) (0.168)

Evaluation demand 0.145*** 0.163***
(0.039) (0.044)

Evaluation clause 0.160*** 0.200***
(0.048) (0.054)

Parliament size  − 0.001** 0.001
(0.001) (0.001)

Number of parties  − 0.026 0.023
(0.029) (0.036)

Constant 2.821*** 3.018***
(0.162) (0.193)

N 1085 1073
Log. Likelihood  − 1017.45  − 1124.18
Wald chi2 63.34 79.49
P > chi2 0.000 0.000
Aic 2070.89 2284.37
Bic 2160.70 2373.98
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from evaluations. Thus, does it matter to distinguish these two forms of learning from 
evaluations in empirical analyses?

The regression models shown in Table 4 demonstrate that it is indeed important to dis-
tinguish policy learning and political learning from evaluations. While Model 9 shows a 
positive and significant interaction effect between issue salience and complexity for policy 
learning from evaluations, the analyses do not reveal any statistical relationship for the 
same interaction related to political learning from evaluations.

This result implies that a high degree of policy salience has a positive effect on policy 
learning from evaluations for policy issues that have high levels of technical complexity. 
This finding suggests that MPs tend more frequently to learn from evaluations in a policy-
oriented way if the policy domain is technically complex and salient. Figure 2 illustrates 
this relationship graphically, in demonstrating how the increase in complexity augments 
the impact of salience on policy learning from evaluations.8

Discussion

The results that are presented in this paper have theoretical implications for public policy 
analysis. The first implication is related to issue attention (salience). On the one hand, dif-
ferent strands of literature imply that decision-makers tend to learn politically if the pol-
icy issue is salient because they have already defined their position and follow political 
goals (Boswell, 2009; Deutsch, 1966; Strøm, 1990). On the other hand, researchers have 
pointed out that decision-makers are policy seekers and want to improve policies (Zito & 
Schout, 2009). Consequently, they should learn from evaluations in a policy-oriented sense 

Fig. 2   Marginal effect of salience on policy learning for issue complexity.  Moderating effect of complexity 
on the relationship between salience and policy learning from evaluations in parliament. The plot is based 
on Table 3, model 9

8  In addition, we estimated fixed effects for models 9 and 10 (see Table 9 in the appendix). They show that 
the results are mostly robust, with the exception of the salience variable that becomes statistically signifi-
cant at the 10 percent level in the fixed effects models.
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to demonstrate their ability and willingness to improve such policies, especially if an issue 
is salient (Ansell, 2011). The results of the analysis in this paper show however that issue 
salience alone does not explain higher levels of policy learning or political learning from 
evaluations amongst decision-makers. Therefore, scholars should refute the hypothesis that 
issue salience alone increases directly how MPs learn from policy evaluations.

Nevertheless, the analysis in this paper shows also that issue salience is important for 
learning from policy evaluations in conjunction with the technical complexity of policy 
issues. Results in this article show that decision-makers learn above all in a policy-oriented 
way from evaluations if they face highly salient and technically complex policy issues. This 
finding supports the argument that elected officials are especially policy seekers and sug-
gests that the “misuse” of evaluations for politically oriented and power-seeking strategies 
is limited (but not absent), particularly against the background of technically complex and 
salient policy problems. For example, if issues such as environmental protection or public 
health become salient, members of parliament will use policy evaluations to improve poli-
cies rather than to seek their proper interests only.

This analysis underlines that political orientations and ambitions of elected officials are 
not necessarily a challenge for the problem-solving effectiveness of democratic governance 
(Ansell, 2011; Scharpf, 2003). Although scholars have recently and correctly emphasized 
that the usage of evidence in public policy follows a political logic (Cairney, 2016; Cairney 
& Oliver, 2017), this does not mean that decision-makers largely ignore research results 
and clearly prioritize politics over problem-solving. Especially if a policy issue is press-
ing and complex, i.e., potential solutions require input from expertise, elected officials are 
more likely to learn from evaluations about how to solve the policy problem rather than to 
only serve their political goals.

However, we should be careful in the interpretation of our results. First, our research 
design does not allow causal inference. In this study, we presented possible factors that 
prior studies have shown to be correlating with evaluation use (Johnson et  al., 2009). 
Moreover, we feel very confident that learning from evaluations does not influence our 
main independent variables, since individual behavior can hardly affect how a policy is 
perceived. Second, our findings only provide limited implications for policy learning and 
other forms of evidence use. Yet, this might be a very interesting future research avenue.

Conclusion

This paper aims at explaining how issue salience and technical complexity affect how 
elected officials learn from policy evaluations. By using a survey amongst 1500 members 
of national and subnational Swiss parliaments, this article demonstrates that decision-mak-
ers engage in policy learning rather than political learning from evaluations especially if 
the policy issue is salient and technically complex. The findings do not confirm the con-
ventional assumption that issue salience increases political learning and decreases policy 
learning amongst MPs. The empirical material in this paper also shows that political and 
policy learning from evaluations increase the more technically complex a policy issue is.

Findings from this research have theoretical implications for public policy analysis 
as they underline the importance of policy learning from evaluations by elected offi-
cials. Members of parliament report to learn from evaluations in a policy-oriented 
fashion, especially if the issues are technically complex and salient. Political learning 
from evaluations seems less important in this configuration—although it is not absent 
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since policy learning and political learning from evaluations are correlated with each 
other. This result implies that the problem of selective learning and cherry-picking of 
evaluation findings according to predetermined policy positions is less likely, especially 
against the background of complex problems requiring urgent attention. This is good 
news for the capacity of democracies to solve, or at least tame, complex policy problems 
such as climate change because elected officials overall prioritize “problems over poli-
tics” when it comes to the usage of policy evidence.

The results of this research need to be interpreted by keeping the scope conditions 
of this case study in mind. Switzerland has a multiparty government that comprises all 
the important parties represented in parliament. Thus, decision-makers need to find pol-
icy positions that allow for consensus, especially about important problems. Therefore, 
amongst the next steps are measures to better account for issue polarization and its link 
to policy learning from evaluations. It is possible that political learning from evalua-
tions becomes more likely if the policy problem is not only salient but also highly polar-
ized. Furthermore, this data is based on self-reported information use and learning by 
members of parliament, which might overestimate the importance of policy learning 
from evaluations. Future research needs to work toward how to control for this potential 
caveat.

Furthermore, readers should keep in mind that this article started from the assumption 
that evaluation use entails political or policy learning. This assumption is plausible and 
justifiable based on the micro-foundations of learning as a theory of policy process, which 
conceptualizes the individual as a homo discentis (Dunlop & Radaelli, 2018). From this 
perspective, this paper contributes to a better understanding of the micro-foundations of 
the policy learning process (Dunlop & Radaelli, 2017). Nevertheless, this starting point 
implies for future research that scholars should pay more attention to understanding to how 
individuals learn from policy evaluations in the policy process.

Appendix

See Tables 5, 6, 7, 8, 9 and 10.

Table 5   Definition of policy fields

Policy fields Specification

State People, political institutions, cantons, municipalities, church
Education School system, sciences, research, culture
Security/foreign affairs Military, civil defense, police, international relations
Public finances Taxes, subsidies, cuts
Energy Electricity, water power, nuclear energy, renewable energy
Infrastructure Building, housing, environment, telecommunication private and public 

transport, spacial planning
Health Healthcare provision, food, veterinary, health promotion and prevention
Welfare Family, social insurance, social assistance
Economy Labor, services, industry, trade, craft, agriculture, forestry
Justice/migration Civil and criminal law, immigration, asylum, integration, naturalization
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Table7   Salience, policy- and power-oriented evaluation use (fixed effects)

Results are from a multilevel fixed effects regression model for parliaments. Standardized regression coef-
ficients shown with robust standard errors in parentheses
*p < 0.1, **p < 0.05, ***p < 0.01

Policy-oriented Political-oriented Policy-oriented Political-oriented
(1) (2) (3) (4)

Salience 0.094* 0.096*
(0.050) (0.056)

Complexity 0.097 0.137**
(0.062) (0.069)

Age 0.005**  − 0.006** 0.004**  − 0.006***
(0.002) (0.002) (0.002) (0.002)

Female  − 0.017  − 0.168***  − 0.158  − 0.167***
(0.044) (0.049) (0.044) (0.049)

Education 0.004  − 0.007 0.004  − 0.006
(0.009) (0.010) (0.009) (0.010)

Urban  − 0.050  − 0.001  − 0.051  − 0.019
(0.048) (0.054) (0.048) (0.054)

Left party  − 0.078  − 0.081  − 0.078  − 0.082
(0.065) (0.072) (0.065) (0.072)

Right party  − 0.028  − 0.053  − 0.026  − 0.050
(0.054) (0.060) (0.054) (0.060)

Executive committee  − 0.119**  − 0.056  − 0.112**  − 0.056
(0.057) (0.062) (0.057) (0.062)

Professionalization 0.203 0.303 0.213 0.317
(0.214) (0.238) (0.214) (0.238)

Evaluation demand 0.148*** 0.158*** 0.142*** 0.152***
(0.040) (0.045) (0.040) (0.044)

Constant 2.513*** 2.980*** 2.513*** 2.988***
(0.136) (0.152) (0.136) (0.152)

Fixed effects ✓ ✓ ✓ ✓
N 1085 1073 1085 1073
F 4.15 5.96 4.05 6.06
p > F 0.000 0.000 0.000 0.000
Sigma U 0.126 0.165 0.121 0.163
Sigma E 0.624 0.691 0.625 0.691
Rho 0.039 0.054 0.036 0.052
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Table 8   Issue salience, technical 
complexity and learning from 
evaluations (fixed effects)

Results are from a multilevel fixed effects regression model for parlia-
ments. Standardized regression coefficients shown with robust stand-
ard errors in parentheses
*p < 0.1, **p < 0.05, ***p < 0.01

Policy learning Political learning
(9) (10)

Salience 0.195*** 0.136*
(0.073) (0.081)

Complexity 0.123** 0.193*
(0.090) (0.100)

Salience*Complexity 0.452** 0.257
(0.196) (0.218)

Age 0.005**  − 0.006**
(0.002) (0.002)

Female  − 0.018  − 0.168***
(0.044) (0.049)

Education 0.004  − 0.007
(0.009) (0.010)

Urban  − 0.057  − 0.005
(0.048) (0.054)

Left party  − 0.082  − 0.085
(0.065) (0.072)

Right party  − 0.032  − 0.055
(0.054) (0.060)

Executive committee  − 0.121**  − 0.056
(0.057) (0.062)

Professionalization 0.206 0.313
(0.214) (0.238)

Evaluation demand 0.150*** 0.156***
(0.040) (0.045)

Constant 2.548*** 3.012***
(0.136) (0.153)

Fixed effects ✓ ✓
N 1085 1073
F 4.02 5.34
F > chi2 0.000 0.000
Sigma U 0.125 0.164
Sigma E 0.623 0.691
Rho 0.039 0.054
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Table 9   Bivariate correlations between variables

Policy learn-
ing

Political 
learning

Salience Complexity Age Female Education Urban

Policy 
Learning

1.000

Political 
Learning

0.455 1.000

Salience 0.054 0.048 1.000
Complexity 0.059 0.049 0.296 1.000
Age 0.061  − 0.087  − 0.057 0.007 1.000
Female 0.012 0.127  − 0.003  − 0.05  − 0.059 1.000
Education 0.014 0.022 0.047 0.021  − 0.121 0.015 1.000
Urban  − 0.010 0.051  − 0.019 0.031  − 0.001 0.075 0.236 1.000
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