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Background. Metabolic complications, including cardiovascular events and diabetes mellitus (DM), are a major
long-term concern in human immunodeficiency virus (HIV)–infected individuals. Recent genome-wide association
studies have reliably associated multiple single nucleotide polymorphisms (SNPs) to DM in the general population.
Methods. We evaluated the contribution of 22 SNPs identified in genome-wide association studies and of
longitudinally measured clinical factors to DM. We genotyped all 94 white participants in the Swiss HIV Cohort
Study who developed DM from 1 January 1999 through 31 August 2009 and 550 participants without DM. Analyses
were based on 6054 person-years of follow-up and 13,922 measurements of plasma glucose.
Results. The contribution to DM risk explained by SNPs (14% of DM variability) was larger than the contribution to DM risk explained by current or cumulative exposure to different antiretroviral therapy combinations
(3% of DM variability). Participants with the most unfavorable genetic score (representing 12% and 19% of the
study population, respectively, when applying 2 different genetic scores) had incidence rate ratios for DM of 3.80
(95% confidence interval [CI], 2.05–7.06) and 2.74 (95% CI, 1.53–4.88), respectively, compared with participants
with a favorable genetic score. However, addition of genetic data to clinical risk factors that included body mass
index only slightly improved DM prediction.
Conclusions. In white HIV-infected persons treated with antiretroviral therapy, the DM effect of genetic variants
was larger than the potential toxic effects of antiretroviral therapy. SNPs contributed significantly to DM risk, but
their addition to a clinical model improved DM prediction only slightly, similar to studies in the general population.
Diabetes mellitus (DM) is a major long-term concern
in human immunodeficiency virus (HIV)–infected
persons [1, 2], given their increased risk for accelerated atherogenesis and premature cardiovascular disease [3, 4] and the pathogenetic association of DM
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with these conditions. The pathogenesis of DM in
HIV-infected persons is incompletely understood. DM
risk factors that are well documented in the general
population, including advancing age, male sex, nonwhite ethnicity, and obesity, are also DM risk factors
in HIV-infected persons [5–8]. Additional factors that
may contribute to insulin resistance and DM in HIVinfected persons include dyslipidemia, lipodystrophy,
advanced immunosuppression [5, 8], and the exposure to certain antiretroviral therapy (ART) agents [6].
Both the cumulative and current exposure to thymidine analogue nucleoside reverse-transcriptase inhibitors (NRTIs) and protease inhibitors (PIs) have
been associated with an increased DM risk, whereas
tenofovir, abacavir, and nonnucleoside reverse-tran-

Table 1. Baseline Characteristics of the Study Participants
Participants
All
(n p 644)

With new
onset DM
(n p 94)

Without new
onset DM
(n p 550)

Age, median (IQR), years
BMI, median (IQR)

40 (35–48)
23.2 (20.8–25.9)

45.5 (38.3–54)
25.8 (23.1–27.5)

39 (34–46)
22.8 (20.6–25.2)

Male sex
Presumed mode of HIV transmission

512 (79.5)

81 (86.2)

431 (78.4)

Men who have sex with men
Heterosexual

292 (45.3)
191 (29.7)

36 (38.3)
35 (37.2)

256 (46.5)
156 (28.4)

Injection drug use
Unknown or other

137 (21.3)
24 (3.7)

18 (19.1)
5 (5.3)

119 (21.6)
19 (3.5)

101 (15.7)

12 (12.8)

89 (16.2)

77
227
198
41

15
40
18
9

Characteristic

ART group
No ART
NRTI only
NRTI+PI
NRTI+NNRTI
NRTI+NNRTI+PI
Value during follow-up period
CD4+ T cells, median (IQR), cells/mL
HIV viral load !400 copies/mL
Hepatitis C virus coinfection

(12)
(35.2)
(30.7)
(6.4)

540 (368–763)
427 (66.3)
185 (28.7)

(16)
(42.6)
(19.1)
(9.6)

385 (250–594)
49 (52.1)
24 (25.5)

62
187
180
32

(11.3)
(34)
(32.7)
(5.8)

562 (400–782)
378 (68.7)
161 (29.3)

NOTE. Data are no. (%) of participants, unless otherwise indicated. ART, antiretroviral therapy; BMI, body
mass index; DM, diabetes mellitus; HIV, human immunodeficiency virus; IQR, interquartile range; NNRTI, nonnucleoside reverse-transcriptase inhibitors; NRTI, nucleoside reverse-transcriptase inhibitors; PI, protease
inhibitor.

scriptase inhibitors (NNRTIs) have not been linked to DM
risk, in longitudinal, observational studies [5, 6, 8, 9].
DM is known to have a strong heritable component [10].
Recent genome-wide association studies (GWAS) have provided a comprehensive inventory of common single nucleotide
polymorphisms (SNPs) reproducibly associated with DM in
the general population [11–20]. The aim of the present study
was to examine the contribution of 22 SNPs identified in GWAS
of the general population to the risk of DM in HIV-infected
individuals. Because these GWAS have been conducted almost
exclusively in the white population, our study population included only participants self-identified as white. We assessed
the quantitative impact of genetic background and relevant
clinical factors, most notably body mass index (BMI) and ART
exposure, on DM risk and compared the relative importance
of SNPs and clinical factors.
MATERIALS AND METHODS
Participants, DM diagnosis, and ART and other medication
exposure. Study participants were followed up in the Swiss
HIV Cohort Study (SHCS) [21] during the study period (1
January 1999 to 31 August 2009). The SHCS Genetics Project
was approved by the ethics committees of participating centers.

Participants gave written, informed consent for genetic testing.
The genotyped study population (n p 644 ) consisted of all 94
white SHCS participants who developed new-onset DM during
the study period, the majority of whom were included in a
previous DM epidemiological study [8], and 550 randomly
selected white SHCS participants with 12 years of ART exposure
who did not develop DM. Participants were previously genotyped for a genetics-dyslipidemia study [22]. DM was diagnosed
in accordance with the criteria of the Expert Committee on
the Diagnosis and Classification of DM [23], with confirmed
plasma glucose level cut-off values of 17.0 mmol/L (fasting) or
111.1 mmol/L (nonfasting) [8, 24].
SHCS participants have routine biannual follow-ups with
measurements of weight, waist and hip circumference, serum
lipids, and glucose. Antiretroviral agents are recorded with start
and stop dates in the SHCS database. ART exposure was assessed at the time of DM diagnosis or, for participants without
new-onset DM, at the end of the study period. Current exposure to the following ART groups was assessed as described
in a previous analysis of the SHCS [8]: (1) NRTI only, (2) NRTI
plus PI, (3) NRTI and NNRTI without PI, and (4) NRTI and
NNRTI with PI. In an a priori defined sensitivity analysis, cumulative exposure in years to each of the 4 ART groups was
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Figure 1. Influence of single nucleotide polymorphisms (SNPs) on diabetes mellitus (DM) risk with adjustment for nongenetic variables. Results are
represented as the estimated effect and 95% confidence interval on the incidence rate ratio (IRR) of new-onset DM. *SNPs retained in model m1
(n p 4).

considered, normalized to each participant’s follow-up duration [5, 6, 9].
Genetic variants and genotyping. The 22 genetic variants
selected for the study were associated with DM in GWAS that
were conducted in the general population and that were published as of February 2009: GCKR, FTO, HNF1B, TCF7L2,
SLC30A8, HHEX, EXT2/ALX4/LOC387761, CDKN2A/B,
IGF2BP2, CDKAL1, KCNJ11, PPARG, WFS1, KCNQ1, JAZF1,
CDC123/CAMK1D, TSPAN8/LGR5, THADA, ADAMTS9,
NOTCH2, MTNR1B (2 SNPs) (Table A1, online only). Genotyping was performed by TaqMan allelic discrimination with
TaqMan SNP genotyping assays predesigned by Applied Biosystems. Results were entered in the central SHCS genetic database without knowledge of glucose values or DM status.
Statistical analysis. The incidence rate of new-onset DM
was defined as the number of cases divided by the total number
of person-years of follow-up. Follow-up was from the first
SHCS visit after 1 January 1999 (baseline) to the date that DM
was first diagnosed, death, or last SHCS visit, whichever occurred first. The incidence rate was analyzed by means of a
Poisson regression model with log-link function. In a basic
model, we considered clinical variables only. Variables were either time dependent, including ART group, BMI category
1092 • CID 2010:51 (1 November) • HIV/AIDS

(!18.5, 18.5–25, or 125), CD4+ T cell count (square root of
cells/mL) [8], serum high-density lipoprotein (HDL)–cholesterol (mmol/L), and triglycerides (mmol/L), or time fixed, including sex and age (per 10 years) at baseline. Time-dependent
variables entered the model as the most recent information
available at each follow-up visit. Each SNP was treated as a
categorical variable having 2 levels (2 reference alleles versus
⭓1 variant allele). We assumed an additive mode of inheritance.
Two separate genetic model–building strategies were compared.
First, starting with the basic model and adding the SNPs stepby-step, a final multivariable model 1 (m1) was selected by
forward stepwise regression based on the Akaike information
criterion. Second, given the prior validation of the SNPs in
GWAS [11–20], all SNPs were added to the basic model to
build model 2 (m2).
The relative contribution of clinical and genetic variables to
DM risk at the level of the study population was assessed by
analyzing deviance, a measure for goodness-of-fit when assessing categorical end points, such as DM [25]. To assess the
cumulative contribution of SNPs to DM risk at the level of the
individual study participant, a genetic score was generated on
the basis of the number of DM risk alleles carried. Study participants were then distributed as evenly as possible into 4 risk

Figure 2. Impact of genetic and key nongenetic variables on new-onset diabetes mellitus (DM) in the final, multivariable analysis (model m1).
Results are represented as the estimated effect and 95% confidence interval on the incidence rate ratio (IRR) of new-onset DM for the genetic variants
(black dots), clinical variables (gray triangles), and type of antiretroviral therapy (ART) (gray squares). The estimated effects are relative to a 41.7year-old woman with normal body mass index (18.5–25), CD4+ T cell count of 484 cells/mL, no treatment with ART, a serum high-density lipoprotein
(HDL)–cholesterol of 1.23 mmol/L, serum triglycerides of 2.62 mmol/L, and reference alleles at all genetic loci tested. The age effect is with respect
to an increase of 10 years, and the CD4 effect is with respect to a unit increase of the number of CD4 cells/mL on the square root scale. Serum
HDL and triglyerides are with respect to a unit increase (original scale). NNRTI, nonnucleoside reverse-transcriptase inhibitors; NRTI, nucleoside reversetranscriptase inhibitors; PI, protease inhibitor.

groups, according to the number of risk alleles. The genetic
score was computed separately for m1 and m2, and the DM
incidence rate ratio according to genetic score was adjusted for
the variables contained in the basic model. Improvement in
area under the receiver operating characteristic (ROC) curves
was assessed after adding genetic information to the basic model
[26]. For this, new-onset DM was predicted at each time point
during the study period by considering clinical variables and
the genetic background, which was entered as either the 4 SNPs
retained in m1, all 22 SNPs (m2), or the calculated genetic
score.
Additional sensitivity analyses included the consideration of
current and cumulative azidothymidine (AZT) and stavudine
(D4T) exposure as the treatment variable instead of ART group,
and hepatitis C virus (HCV) coinfection, defined as a positive
serology or detectable HCV RNA during follow-up. All statistical analyses were performed using R, version 2.9.2 [27].
RESULTS
Characteristics of participants, ART, and SNPs. Of 661 study
participants, those with unsuccessful genotyping (n p 4 ) or
with prevalent DM at the beginning of the study period
(n p 13) were excluded. Results are therefore based on 644
participants whose characteristics are shown in Table 1. There
were 94 participants with new-onset DM. They were older and

more likely to be men and they had a higher baseline BMI and
a lower CD4+ cell count, compared with the 550 participants
without new-onset DM, as previously reported [8]. In addition,
they were more likely to be treated with PI-containing ART
and less likely to be receiving NNRTI-containing ART. The
median number of plasma glucose measurements per participant was 19 (interquartile range [IQR], 15–26), and the median
number of ART modifications per participant was 5 (IQR, 3–
8), during a median follow-up duration of 9.7 years (IQR, 8.6–
9.9 years). Cumulative follow-up for all participants was 6054
person-years, and 13,922 measurements of plasma glucose were
analyzed. At the time of DM diagnosis, 12 participants (12.8%)
had never been exposed to ART and 11 previously ART-treated
participants (12%) were not receiving ART. Minor allelic frequencies were similar to previous reports in ethnically similar
populations (Table A1, online only). All SNPs in the participants without DM (n p 550) were in Hardy-Weinberg equilibrium (P 1 .001).
Factors contributing to new-onset DM. Increasing BMI,
age, and triglycerides were associated with DM risk (P 1 .001),
as were decreasing HDL-cholesterol (P ! .01 ) and CD4+ cell
count (P p .02). The DM effects of the 22 interrogated SNPs
are shown in Figure 1. In the final, multivariable model m1,
adjusted for all clinical and genetic variables, 4 SNPs were retained (rs5219, rs8050136, rs7903146, and rs1801282) (Figure
HIV/AIDS • CID 2010:51 (1 November) • 1093

Figure 3. Distribution of diabetes mellitus (DM) risk alleles in participants with new-onset DM (black bars) and participants without DM
(white bars). A, results according to model m1 in which 4 single nucleotide
polymorphisms (SNPs) were retained. B, results according to model m2
in which all 22 SNPs were considered.

2). Sensitivity analysis showed essentially unchanged results
when considering cumulative instead of current ART exposure
(Appendix A, online only).
Relative contribution of genetic and clinical factors.
In the basic model, 30% of reduced residual deviance was explained by BMI, 19% by age, 9% by the CD4+ cell count, 15%
by serum HDL-cholesterol, 9% by serum triglycerides, and 3%
by the ART group. Adding the 4 SNPs retained in m1 to the
basic model further reduced the residual deviance by 14%
(P ! .001). Results were similar when all 22 SNPs were added
to the basic model (model m2; data not shown).
DM risk according to genetic score. Two separate genetic
scores were calculated on the basis of the number of DM risk
alleles carried by each participant. First, applying model m1 (4
SNPs), the genetic score ranged from 0 to 8 for a diploid
genome. Participants were divided into 4 risk groups according
to their genetic score, which corresponded to the presence of
0–3, 4, 5, or 6–8 DM risk alleles (Figure 3A). Applying model
m2 (22 SNPs), the genetic score groups corresponded to the
presence of 0–22, 23–24, 25–26, or 27–44 risk alleles (Figure
3B). With use of either genetic score, participants with new1094 • CID 2010:51 (1 November) • HIV/AIDS

onset DM were more likely to be in the upper 2 genetic score
groups.
With use of the m1-based genetic score, and compared with
participants with 0–3 DM risk alleles (reference; incidence rate
ratio [IRR] of 1), participants with 4 risk alleles had an IRR
of DM of 2.22 (95% confidence interval [CI], 1.27–3.88; P !
.01), participants with 5 alleles had an IRR of DM of 2.24 (95%
CI, 1.22–4.11; P ! .01), and participants with 6–8 risk alleles
had an IRR of DM of 3.80 (95% CI, 2.05–7.06; P ! .001) (Figure
4A). With use of the m2-based genetic score, participants in
the 2 intermediate risk groups had an only slightly increased
DM risk (23–24 risk alleles: IRR 1.15; 95% CI, 0.61–2.16;
P p .67; and 25–26 risk alleles: 1.69; 95% CI, 0.93–3.07;
P p .09), whereas participants with 27–44 risk alleles had an
IRR of DM of 2.74 (95% CI, 1.53–4.88; P ! .001) (Figure 4B).
DM prediction using area under the ROC curve. The inclusion of genetic data together with clinical risk factors slightly
improved the area under the ROC curve (Figure 5). Prediction
of DM was similar, regardless of how the genetic data was added
to the basic model (area under the ROC curve [AUC], 0.75)—
that is, whether considering the 4 SNPs retained in m1 (AUC,
0.78), all 22 SNPs (m2; AUC, 0.77), or the genetic score (AUC,
0.77) (Figure A1, online only).
Alternative models that consider exposure to thymidine analogue reverse-transcriptase inhibitors and HCV coinfection.
In a further sensitivity analysis, current and cumulative exposure to AZT and D4T as well as HCV coinfection were considered instead of ART group. Current exposure to AZT was
associated with DM risk in the basic model (P p .02), whereas
current D4T exposure (P p .92) and cumulative exposure to
AZT (P p .76) and D4T (P p .60) were not associated with
DM risk. However, assessment of the relative contribution of
genetic and nongenetic factors, DM risk according to m1- or
m2-based genetic score, and DM prediction using area under
the ROC curve showed essentially unchanged results when
considering current AZT exposure rather than ART group
(Appendix A, online only).
HCV coinfection (Table 1) did not contribute significantly
to DM risk in the basic model (P p .25). In addition, HCV
coinfection explained no residual deviance, and DM risk according to m1- or m2-based genetic score was essentially unchanged when HCV coinfection was included in the models
(Appendix A, online only).
DISCUSSION
In the present study, we found that common SNPs associated
with DM in GWAS in the general population also influenced
DM risk in HIV-infected individuals. Four SNPs were retained
in the fully adjusted, multivariable analysis. These SNPs are
known DM loci identified in multiple GWAS: FTO (rs8050136),
KCNJ11 (rs5219), TCF7L2 (rs7903146), and PPARG (rs1801282)

Figure 4. Incidence rate ratios (IRRs) of diabetes mellitus (DM) in participants according to genetic score. A, Results according to m1 in which 4
single nucleotide polymorphisms were retained. The reference group comprises participants carrying 0–3 DM risk alleles (n p 239 ). B, Results according
to model m2. The reference group comprises participants carrying 0–22 DM risk alleles (n p 180).

[13–16, 19, 20, 28, 29]. These 4 loci also showed the most
statistically significant DM association in a large study that
assessed 16 genetic variants together with key clinical variables
[26]. The SNP effects in our study changed little after adjustment for clinical factors. For example, the DM effect of
rs8050136 (FTO), which in GWAS correlates with its effect on
obesity [14, 28], remained independently associated with DM
after adjusting for BMI in the present data set.
At the level of the study population, the contribution of
common SNPs to DM risk was similar to the effect of other
well-established DM risk factors, such as older age, but the
effect of the SNPs was smaller than the effect of BMI. It is
notable that the effect of SNPs on DM risk was larger than the
potential toxic effects of ART on DM risk. Whether long-term
exposure or the acute effect of certain ART agents is more
important in regard to DM risk is currently being debated [5,
6, 8, 9]. Importantly, the SNP effects on DM risk were little
affected when we considered either current or cumulative ex-

posure to ART groups previously defined in the SHCS [8] and
other studies [6, 9, 30] or current and cumulative exposure to
thymidine analogue NRTIs.
We followed the trend toward summarizing the effects of
multiple SNPs into a single, clinically useful genetic score [31,
32]. Consistent with the results from GWAS, the DM risk attributable to an individual risk allele was modest, whereas the
combination of multiple unfavorable SNPs contributed substantially to DM risk. Applying either of 2 genetic scores, participants with the most unfavorable genetic background had
⭓2.7-fold increased DM risk. In model m1, only those 4 SNPs
with a strong DM association were retained. We also applied
an alternative model m2, in which all SNPs were considered
(including some with weak DM associations), because the goal
of the study was to study all SNPs with a previously identified
DM association in the general population. Therefore, m2 was
more likely than m1 to assign relatively high genetic scores to
participants without DM. However, irrespective of the genetic
HIV/AIDS • CID 2010:51 (1 November) • 1095

Figure 5. Area under the receiver operating characteristic curve (AUC) for basic and basic-plus-genetic models predicting new-onset diabetes mellitus
in individual study participants.

model applied, and consistent with previous cohort studies
from the general population [26, 33], the addition of genetic
data to clinical risk factors increased DM prediction only
slightly. The main reason for this is likely that the non-DM
control subjects in this study and in reports from the general
population [26, 33] may have undiagnosed impaired glucose
tolerance without meeting formal DM diagnostic criteria. This
notion is consistent with the much stronger predictive capacity
of SNPs (AUC p 0.86 for a 15-SNP basic-plus-genetic model)
observed in a recent study in the general population that compared DM participants with highly selected control groups of
patients who had normal glucose tolerance [34].
Strengths of this study include the prospective, longitudinal
data collection; the analysis restricted to SNPs previously identified in GWAS; exploration of different modeling strategies;
and inclusion of all participants who developed new-onset DM
during enrollment in an established, large observational study
over a median follow-up period of 19 years. Our study was
limited mainly by sample size. Not all evaluated SNPs were
retained in the final multivariable model, most likely because
of the generally small effect estimates of the genetic variants.
Previous GWAS have relied on the exploitation of data from
thousands of individuals to document such modest genetic
effects [11–20]. However, several SNPs not retained in the final
1096 • CID 2010:51 (1 November) • HIV/AIDS

model m1 were associated with DM in only one GWAS. We
have observed in a previous genetic-dyslipidemia study [22]
that SNPs identified in GWAS were more likely to be replicated
in HIV-infected participants according to the number of GWAS
that independently confirmed their effect [35]. Therefore, large
data sets will be important in future genetic-DM studies in
HIV-infected individuals. This should also permit the stratification of participants according to genetic score and exposure
to individual antiretroviral drugs, as in genetic-dyslipidemia
studies [22, 36, 37]. Additional limitations of the current study
include the relatively small number of women (25% of study
participants). Because previous GWAS were conducted in essentially white populations, we restricted our study to white
SHCS participants. Because of differences in the tagging characteristics of the array SNPs, however, our findings may not
be applicable to other populations.
In summary, our study explored GWAS-identified SNPs that
contribute to new-onset DM, a major metabolic complication
in HIV-infected individuals. It is likely that some of the DM
heritability unexplained by GWAS-identified SNPs can be uncovered [35, 38] by interrogating additional common SNPs
associated with DM [39] and with fasting plasma glucose levels
[11, 14, 40, 41] or by identifying rare variants through extensive
resequencing of the loci identified in GWAS. The potential for

comprehensive genetic and pharmacogenetic prediction of key
outcomes of clinical HIV care is now emerging, including prediction of viral load set point and CD4 decline, dyslipidemia,
antiretroviral hypersensitivity, response to chronic HCV infection treatment, and lipodystrophy. We are currently conducting
a multicohort, GWAS-based genetic study of acute coronary
artery disease end points in HIV-infected individuals [35].
Appendix A, online only, provides further details of our study
[42–56].
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Weber, and S. Yerly.
Acknowledgments
We are grateful to Dr Marcel Zwahlen for helpful statistical discussions.
Financial support. SHCS, which is financed by the Swiss National
Science Foundation.
Potential conflicts of interest. All authors: no conflicts.

References
1. Carr A, Samaras K, Burton S, et al. A syndrome of peripheral lipodystrophy, hyperlipidaemia and insulin resistance in patients receiving
HIV protease inhibitors. AIDS 1998; 12:F51–F58.
2. Hadigan C, Miller K, Corcoran C, Anderson E, Basgoz N, Grinspoon
S. Fasting hyperinsulinemia and changes in regional body composition
in human immunodeficiency virus–infected women. J Clin Endocrinol
Metab 1999; 84:1932–1937.
3. Friis-Moller N, Reiss P, Sabin CA, et al. Class of antiretroviral drugs
and the risk of myocardial infarction. N Engl J Med 2007; 356:1723–
1735.
4. Triant VA, Lee H, Hadigan C, Grinspoon SK. Increased acute myocardial infarction rates and cardiovascular risk factors among patients
with human immunodeficiency virus disease. J Clin Endocrinol Metab
2007; 92:2506–2512.
5. Brown TT, Li X, Cole SR, et al. Cumulative exposure to nucleoside
analogue reverse-transcriptase inhibitors is associated with insulin resistance markers in the Multicenter AIDS Cohort Study. AIDS 2005;
19:1375–1383.
6. De WS, Sabin CA, Weber R, et al. Incidence and risk factors for newonset diabetes in HIV-infected patients: the Data Collection on Adverse Events of Anti-HIV Drugs (D:A:D) study. Diabetes Care 2008;
31:1224–1229.
7. Justman JE, Benning L, Danoff A, et al. Protease inhibitor use and the
incidence of diabetes mellitus in a large cohort of HIV-infected women.
J Acquir Immune Defic Syndr 2003; 32:298–302.

8. Ledergerber B, Furrer H, Rickenbach M, et al. Factors associated with
the incidence of type 2 diabetes mellitus in HIV-infected participants
in the Swiss HIV Cohort Study. Clin Infect Dis 2007; 45:111–119.
9. Tien PC, Schneider MF, Cole SR, et al. Antiretroviral therapy exposure
and incidence of diabetes mellitus in the Women’s Interagency HIV
Study. AIDS 2007; 21:1739–1745.
10. Souren NY, Paulussen AD, Loos RJ, et al. Anthropometry, carbohydrate
and lipid metabolism in the East Flanders Prospective Twin Survey:
heritabilities. Diabetologia 2007; 50:2107–2116.
11. Bouatia-Naji N, Rocheleau G, Van LL, et al. A polymorphism within
the G6PC2 gene is associated with fasting plasma glucose levels. Science
2008; 320:1085–1088.
12. Gudmundsson J, Sulem P, Steinthorsdottir V, et al. Two variants on
chromosome 17 confer prostate cancer risk, and the one in TCF2
protects against type 2 diabetes. Nat Genet 2007; 39:977–983.
13. Saxena R, Voight BF, Lyssenko V, et al. Genome-wide association analysis identifies loci for type 2 diabetes and triglyceride levels. Science
2007; 316(5829):1331–1336.
14. Scott LJ, Mohlke KL, Bonnycastle LL, et al. A genome-wide association
study of type 2 diabetes in Finns detects multiple susceptibility variants.
Science 2007; 316:1341–1345.
15. Sladek R, Rocheleau G, Rung J, et al. A genome-wide association study
identifies novel risk loci for type 2 diabetes. Nature 2007; 445:881–885.
16. Steinthorsdottir V, Thorleifsson G, Reynisdottir I, et al. A variant in
CDKAL1 influences insulin response and risk of type 2 diabetes. Nat
Genet 2007; 39:770–775.
17. Unoki H, Takahashi A, Kawaguchi T, et al. SNPs in KCNQ1 are associated with susceptibility to type 2 diabetes in East Asian and European populations. Nat Genet 2008; 40:1098–1102.
18. Yasuda K, Miyake K, Horikawa Y, et al. Variants in KCNQ1 are associated with susceptibility to type 2 diabetes mellitus. Nat Genet 2008; 40:
1092–1097.
19. Zeggini E, Weedon MN, Lindgren CM, et al. Replication of genomewide association signals in UK samples reveals risk loci for type 2
diabetes. Science 2007; 316:1336–1341.
20. Zeggini E, Scott LJ, Saxena R, et al. Meta-analysis of genome-wide
association data and large-scale replication identifies additional susceptibility loci for type 2 diabetes. Nat Genet 2008; 40:638–645.
21. SCHS home page. http://www.shcs.ch. Published 2000. Updated 31
August 2010. Accessed 13 September 2010.
22. Rotger M, Bayard C, Taffe P, et al. Contribution of genome-wide significant single-nucleotide polymorphisms and antiretroviral therapy to
dyslipidemia in HIV-infected individuals: a longitudinal study. Circ
Cardiovasc Genet 2009; 2:621–628.
23. Genuth S, Alberti KG, Bennett P, et al. Follow-up report on the diagnosis of diabetes mellitus. Diabetes Care 2003; 26:3160–3167.
24. Young J, Glass TR, Bernasconi E, et al. Hierarchical modeling gave
plausible estimates of associations between metabolic syndrome and
components of antiretroviral therapy. J Clin Epidemiol 2009; 62:632–
641.
25. Agresti A. Categorical data analysis. New York, NY: Wiley, 2002.
26. Lyssenko V, Jonsson A, Almgren P, et al. Clinical risk factors, DNA
variants, and the development of type 2 diabetes. N Engl J Med
2008; 359:2220–2232.
27. Team DC. R: a language and environment for statistical computing.
Vienna, Austria: R Foundation for Statistical Computing, 2009.
28. Genome-wide association study of 14,000 cases of seven common diseases and 3000 shared controls. Nature 2007; 447:661–678.
29. Grant SF, Thorleifsson G, Reynisdottir I, et al. Variant of transcription
factor 7–like 2 (TCF7L2) gene confers risk of type 2 diabetes. Nat
Genet 2006; 38:320–323.
30. Brown TT, Cole SR, Li X, et al. Antiretroviral therapy and the prevalence and incidence of diabetes mellitus in the multicenter AIDS
cohort study. Arch Intern Med 2005; 165:1179–1184.
31. Aulchenko YS, Ripatti S, Lindqvist I, et al. Loci influencing lipid levels
and coronary heart disease risk in 16 European population cohorts.
Nat Genet 2009; 41:47–55.

HIV/AIDS • CID 2010:51 (1 November) • 1097

32. Kathiresan S, Voight BF, Purcell S, et al. Genome-wide association of
early-onset myocardial infarction with single nucleotide polymorphisms and copy number variants. Nat Genet 2009; 41:334–341.
33. Meigs JB, Shrader P, Sullivan LM, et al. Genotype score in addition to
common risk factors for prediction of type 2 diabetes. N Engl J Med
2008; 359:2208–2219.
34. Cauchi S, Meyre D, Durand E, et al. Post genome-wide association
studies of novel genes associated with type 2 diabetes show gene-gene
interaction and high predictive value. PLoS One 2008; 3:e2031.
35. Tarr PE, Rotger M, Telenti A. Dyslipidemia in HIV-infected individuals:
from pharmacogenetics to pharmacogenomics. Pharmacogenomics
2010; 11:587–594.
36. Arnedo M, Taffe P, Sahli R, et al. Contribution of 20 single nucleotide
polymorphisms of 13 genes to dyslipidemia associated with antiretroviral therapy. Pharmacogenet Genomics 2007; 17:755–764.

1098 • CID 2010:51 (1 November) • HIV/AIDS

37. Tarr PE, Taffe P, Bleiber G, et al. Modeling the influence of APOC3,
APOE, and TNF polymorphisms on the risk of antiretroviral therapy–associated lipid disorders. J Infect Dis 2005; 191:1419–1426.
38. Manolio TA, Collins FS, Cox NJ, et al. Finding the missing heritability
of complex diseases. Nature 2009; 461:747–753.
39. Dupuis J, Langenberg C, Prokopenko I, et al. New genetic loci implicated in fasting glucose homeostasis and their impact on type 2
diabetes risk. Nat Genet 2010; 42:105–116.
40. Orho-Melander M, Melander O, Guiducci C, et al. Common missense
variant in the glucokinase regulatory protein gene is associated with
increased plasma triglyceride and C-reactive protein but lower fasting
glucose concentrations. Diabetes 2008; 57:3112–3121.
41. Sabatti C, Service SK, Hartikainen AL, et al. Genome-wide association
analysis of metabolic traits in a birth cohort from a founder population.
Nat Genet 2009; 41:35–46.

