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1 Introduction and Main Results

Let &€ = (&1,...,&4) be a centered Gaussian random vector in R%, d > 2, with covariance matrix B, B;; = E&¢;. Let
h:R% = R be a homogeneous function of order o > 0, that is, h(xt) = 2h(t) for all z > 0 and t = (t1,...,t;) € R
Simple examples for h are h(t) = H?Zl [t:]7* of order a =~1 + ...+ v4 and h(t) = 2?21 [t;|* also of order a.

We say that the random variable h(¢) is a Gaussian chaos of order «.. In the literature, the term Gaussian chaos of
integer order « is traditionally reserved for the case where g is a homogeneous polynomial of degree a—this case goes
back to Wiener (1938) where polynomial chaos processes were first time introduced—and by this reason it is spoken
about as Wiener chaos in the Gaussian case. Here we follow the extended version of the term Gaussian chaos.

This contribution is concerned with the asymptotic behavior of the tail distribution of Gaussian chaos h(¢) and its
density at infinity. We suppose that h is not negative, that is, for some @, h(z) > 0, otherwise our problem is trivial.
The important contributions in this area are Hanson and Wright (1971) where an upper rough bound is obtained for
the tail of h(€) in the case of polynomial h of degree 2, Borell (1978, Theorem 2.2), Arcones and Giné (1993, Corollary
4.4), Janson (1997, Theorem 6.12), and Latata (1999, 2006) where some lower and upper bounds are derived in the case
of polynomial h of general degree a@ > 2 (see also Lehec (2011)). A closely related study is devoted to the derivation
of lower and upper bounds for the distribution of the multiple Wiener—It6 integrals with respect to a white noise, see
Major (2005, 2007). In all these papers the estimation of the distribution tail of h(€) is based on upper bounds for
the moments of h(¢); clearly this technique cannot help with exact asymptotics for the tails.

In this contribution we shall focus on the Gaussian framework, so the random vector £ introduced above is equal
in distribution to v/ Bn where the coordinates of n = (11,...,74) are independent with standard normal distribution.
Thus for any = positive

P{h(§) >z} = P{h(VBn) >z} = P{g(n) > =}, (1)

with g(u) = h(v/Bu). The function g : R? — R is homogeneous of order « as h is. In this standard way the problem
for a general covariance matrix may be reduced to that with identity matrix.
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The distribution of g(n7) may contain an atom at zero point, P{g(n) = 0} > 0. Remarkably, the distribution of
g(n) restricted to R\ {0} always possesses a density function py,)(z), = # 0, and the following representation

Py () =~ (E{Inll*5 g(m) > 2} — d - B{g(m) > 2}) 2)

is valid for any x« > 0, see Lemma 5 below.

Motivated by (1) and (2), in the following we shall formulate our results for the Gaussian chaos g(n).

For the Gaussian chaos, at least two approaches are available for the asymptotic analysis of the tail distribution.
The first approach is based on the asymptotic Laplace method and the second one exploits the rotation invariance
of the standard normal distribution in R? and may be regarded as a probabilistic approach. In the present paper
we follow the probabilistic approach which is particularly convenient for study of the elliptic chaos, see Theorem 3
below. Earlier in our short note [20], we suggested to follow the asymptotic Laplace method in order to derive tail
asymptotics for g(n). Notice that the Laplace method gives less information on the most probable event where chaos
large deviations occur. The advantage of the Laplace method is that it is easily applicable to so-called Weibullian
chaos; the corresponding results will be presented in a forthcoming paper.

So, in this contribution our analysis is based on the rotation invariance of the standard normal distribution. That
is, for a d-dimensional centered Gaussian random vector i with identity covariance matrix, the polar representation

n<x¢ (3)

holds in distribution where x and ¢ are independent, x? = Z?Zl n? has x2-distribution with d degrees of freedom and
¢ is uniformly distributed on the unit sphere S;_; C R%. Hence by the homogeneity property of h for any = > 0 we
have

P{g(n) > 2} =P{x"g(¢) > =}. (4)

In the sequel g is assumed to be continuous, so that g(¢) is a non-negative bounded random variable. The random
variable x has the density function

1 md/a7167z2/°‘/2’ x>0, (5)

pxe(z) = WF(d/Z)

of Weibullian type with index 2/« which is subexponential density if a > 2, see e.g., Foss et al. [14, Sect. 4.3]. By
this reason, the tail behaviour of the product x“g(¢) heavily depends on the maximum of the function g on the unit
sphere S;_1. Denote
§:= max g(v) and M:={veS;_1:g9() =g}
vESq—1

‘We shall consider two different cases of the structure of the set M:

(i) M consists of a finite number of isolated points.
(ii) M is a sufficiently smooth manifold of positive dimension m, 1 < m < d — 2, on the unit sphere.

In the second case we assume that M has no boundary which particularly assumes that m # d — 1. This restriction
comes from the observation that the existence of a boundary of the set of the points of maximum M strongly contradicts
the condition that the function g is at least twice continuously differentiable with non-degenerate approaching of its
maximum.

1.1 The case of finite M

Here we consider a homogeneous continuous function g : R? — R of order a > 0 such that M consists of a finite
number of points, say
M = {vl,...,vk}.

Let in the following g € C?(R%\ {0}). For every point v € Sy_1, denote by ¢/j_, (v) a Hessian matrix at point v of
the function g restricted to the hyperplane tangent to the sphere S;_; at point v, that is, restricted to the hyperplane
v+ L where £L = {u € R? : (u,v) = 0}. More precisely, we fix an orthogonal system of vectors in £, say ui, ...,

ug_1 and consider the function gg_1(t1,...,tq-1) := g(v + t1w1 + ... + tg_1ug_1) whose Hessian matrix is denoted
by gg—1(v).
Assume that for every j =1, ..., k
1
v
det(gd;gj) - Id_l) <0, (6)
ag

where I, stands for the identity matrix of size n. As follows from Lemma 6,
/! ~
9d—1(vj) — galg—1

is just a Hessian matrix of the function g along the unit sphere at point v;; the latter is explained in more detail
after Theorem 1. The condition (6) says that v; € S4_; is the point of non-degenerate maximum of the function g
restricted to Sy_1. Then the following result holds.
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Theorem 1 Let g € C2+2 (]Rd \ {0}) for some r > 0. Then the following asymptotical ezpansion takes place, as T — co:

K
Blaln) > 5} = (o/a) 20/ (g 4 3T ofamI) ). ™)
i=1
where coefficients ho, ..., hr € R only depend on «, g, and derivatives of g(p) at points @ (the definition of g(p) see below

after (12)); in particular,

ho = led t(gd 1( i) Id71)‘71/2 (®)

Moreover, the density function of g(n) satisfies the following relation, as © — oo:
— 2/ — —
pg(n)(x) _ (m/g)l/a 1 _—(z/g) /2< +Zh 21/04 ( 2T/a)>‘ (9)
i=1

Notice that if @ = 2, then the tail distribution of g(n) is asymptotically proportional to its density function pg () (z)
as x — oo with multiplier 2g.

It is essential assumption that the function g is at least in C? and that its Hessian along the unit sphere is non-
degenerate on M. If it is not so, then the tail asymptotics may be quite specific and requires additional investigation—
especially in the case where g ¢ C?. An example of natural Gaussian chaos with degenerate Hessian along the unit
sphere is discussed below, see Example 9 in Section 2.

Sometimes it is more convenient to pass to some local coordinates on the sphere. Let V; C R? be a neighborhood
of the point v; € M and let h; be a twice differentiable bijection from the open cube (0, 2)d to Vj such that h; is a
bijection from {z € (0,2)%: 24 = 1} to V; NSy_;. Denote by

9*(g o hy)(2)

(go hj):il—l(z) = {W , z€(0, l)dil,

L,z=1,... d—1

i

the Hessian matrix of g o h; restricted to the first d — 1 coordinates—it is a (d — 1) x (d — 1) matrix—and write
zj € (0, 2)4=1 x {1} for a point satisfying hj(z;) = v;. We will prove in Lemma 6 that, at every point v; € M, the
following equality holds:

det(g o hj)q_1(2))
(det J;(z5))*

det(g7—1(v;) = (ag)la—1) = (10)

where J;(u) is the Jacobian matrix of h;. Then the representation (8) for the constant ho can be rewritten in terms
of local coordinates as follows:

1 e & |det J;(z4)]
ho := ——(ag) 2 J : (11)
’ P> et o h)py(25)

A particular example is given by the hyperspherical coordinates, v = (r, ), with Jacobian
det J(r, ) = 1 1 sin? 2oy .. sinpg_o =t det J(1, ),
where J(r, ) stands for the Jacobian matrix, that is,

V1 =T COSp1

vg = rSin 1 COS P2

Vg_1 = rsinei sinsa...sin g _s €S @ _1

vg = rsinpi sings...sinpg_ssinpg_1, (12)
with ¢ = (¢1,...,04-1) € Hg_1 :=[0,7)472 x [0,27) the angular coordinates of v, r = |v||. As usual, the topology
in the set IT;_; is induced by the topology on the unit sphere, in particular, all points of IT;_; are inner points.
Changing in such a way variables, we have (we set g(¢) = g(v/||v]|); the function g(¢) is continuous too; hereinafter
we denote by the same symbol g two formally different functions, on R and on IT;_1, but this hopefully does not
lead to any confusion)

g= max g(p) and My :={p€ls_1:9(p) =3}
pellg_

Denote by ¢” () the Hessian matrix of g(p1,...,94—1). So, in the particular case of hyperspherical coordinates, the
equality (11) implies that

|det J(1, cpJ)|

. (13)
|det g” (¢;)]

k
ho := \/j z::
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Then the condition (6) requires that the maximum of the function g(¢), ¢ € II;_, is non-degenerate at points
P1r- o Ph-

Some results for the case of isolated points of maximum may be also found in Breitung and Richter [9]. It seems
that the proofs of the asymptotic expansions of Theorems 4 and 5 in [9] cannot be considered as self-contained.
For instance, it is only proven in [9, Lemma 3] that y2 = 0. In order to prove their Theorems 4 and 5 as they are
stated, it is necessary to prove that all y2;m—0. In addition, at the beginning of their proofs of Theorems 4 and 5
Breitung and Richter [9] write that all coefficients a; for odd i are zero because of Theorem 4.5 in Fedoryuk [13, p.
82]. This argument does not help because Theorem 4.5 in Fedoryuk [13, p. 82] is not about asymptotic expansion of
F(A; (14 2)'/?) what is required by the authors, so that it is irrelevant to the issue considered.

1.2 The case of a manifold

Now consider the case where M C S;_; is for some m € {1,...,d — 2} an m-dimensional manifold of finite volume
and has no boundary.
Fix some r € ZT. We assume that the manifold M is C?"T2-smooth.

We suppose that the rank of the matrix Ay (v) := gd;;(v) — 141 of size d — 1 is equal to d — 1 — m for every
v € M. Denote by det(gdlgioj”(v) —Ig_q1_ m) any non-zero (d — 1 — m)-minor of the matrix Az (v); notice that all
(d — 1 — m)-minors are equal one to another, by using orthogonal transform and set
1 //_ _ v 71/2
( M ge

where dV is the volume element of M C S;_;.

Theorem 2 Assume that the above conditions on M are fulfilled and that g € C*"2(R?\ {0}). Then the following
asymptotical expansion takes place, as T — oo:

K
m—1 _ §)2/ < —21 -
Plotn) > ) = of) 1012 (g 4 3 a4 o7, 1)
i=1
where coefficients h1, ..., hr € R only depend on «, g, and derivatives of g(¢) on M.

Moreover, the density function of g(n) satisfies the following relation, as © — oo:

Pg(n) (x) = (x/@ = 2/0/2< . Z hi I72l/a + 0( 72r/a)> (16)

Notice that if the manifold M has boundary points, then asymptotic expansion becomes more complicated. In
general, boundary points have no impact on the leading constant hg. Boundary makes strong contribution on further
terms. For instance, if d = 3 and M is a line-segment on the unit sphere Sy, then the term g Ve appears in the
parentheses of the expansions (15) and (16); the corresponding calculations in the neighborhood of the boundary may
be rather specific compared to those in Lemmas 2 and 3 below. The main reason for this comes from the fact that, in
most cases, the function g is not in C? on the boundary; this is clearly demonstrated by the function g(z) = —z? for
x <0 and g(z) =0 for z > 0.

By the same reasons as in the case of finite M we have the following representation for the constant h¢ in terms
of the spherical coordinates:

|det J(1, )|
N

ho :=
(2m) 2 My Jldetgi i ()]

dV‘P? (17)

where dVy, is the volume element of M, C II;_;.

The organisation of the rest of the paper is as follows. In Section 2 we discuss our main results and provide several
examples that concern different cases for the dimension of M. Proofs of the main results are presented in Sections 3
and 4.

In [20], a preliminary version of Theorem 2 was announced. Precisely, the relation

]P’{g(fr]) > x} = (x/g)m(iy_lef(x/gﬁ/a/Q (hO + O(x72/a)) as T — 0o

was stated without proof under the assumption that the function g is three times differentiable. It was suggested to
follow the asymptotic Laplace method in order to derive this relation. One of the goals of the present paper is to
provide a self-contained geometric proof of asymptotic expansion with r+1 terms under correct smoothness conditions.
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1.3 Elliptical chaos

Before presenting several examples we show how our results can be extended for elliptical chaos or more generally for
the chaos of polar random vectors. Consider therefore in the following & such that (22) holds with x > 0 some random
variable being independent of ¢. Crucial properties used in the Gaussian case are a) x has distribution function in the
Gumbel max-domain of attraction, and b) the random vector ¢ has a d — 1 dimensional subvector which possesses a
positive density function. The first property a) means that for any ¢t € R

P{x >z +t/w(z)} ~e 'P{x >z} asztazy, (18)

with w a positive scaling function and x4 the upper endpoint of the distribution function of x (in the Gaussian case
w(z) = z, and z4 = 00). We abbreviate (18) as x € GMDA(w, z4). Condition (18) is satisfied by a large class of
random variables, for instance if x is such that

ez
P{x >z} ~ciz% ?" asz— o0

for some c1, cz, B positive and a € R, then (18) holds with w(z) = Bepz® 1. Notice that cx” is in the Gumbel
max-domain of attraction for any ¢ > 0 and 8 > 0 if and only if x is in the Gumbel max-domain of attraction.
In order to relax the assumption on ¢ note first that in hyperspherical coordinates the random vector ¢ =

(¢1y..-,¢q) € Sg—1 can be written as v = (v1,...,v4_1) € II5_1. Since ¢ is uniformly distributed on the unit sphere
Sg—1 in R?, the density function of the random vector v = (v1,...,v4_1) € II;_1 equals %, pelly_q.

If x is some positive random variable, then ¢ is an elliptically symmetric random vector. When x? is chi-square
distributed with d degrees of freedom we recover as special case of elliptically symmetric random vectors the Gaussian
ones. In particular for the Gaussian case we have

a 1 —2)/a_—z?/
IP{X > I} ~ ml'(d 2)/ (& /2 as r — o0 (19)

implying that x® is in the Gumbel MDA with scaling function w(z) = 2%/*~'/a, z > 0. If we relax our assumption
on the distribution function of x and simply assume (19) our previous results cannot be immediately re-formulated
since the Gaussianity does not hold anymore. It turns out that even the larger class of elliptically symmetric random
vectors for which x satisfies (19) is a strong (unnecessary) restriction for the derivation of the tail asymptotics of
g(n). Indeed, we shall drop in the following the explicit distributional assumption on ¢ assuming only that v possesses
a positive bounded continuous density function, say p,(¢). Next, we present the counterpart of Theorem 2, i.e., as
therein we shall impose the same conditions on M.

Theorem 3 Assume that g € C2(R?\ {0}). If ¢ is such that x* € GMDA(w,z+) and further the random vector v has a
positive bounded continuous density function p, (@), then

ho PO > a/g) (20)

P{ xp~y —
) > e

as x T gx4, where

ho = (27g%) 7 F™ / ple) gy, e (0, 00). (21)
M Jldet gy ()

In particular g(n) € GMDA(w, jz ).

Higher order asymptotic expansions for P{g(n) > z}—when g € C**2 and P{x® > z} possesses a suitable
expansion—can also be derived; the asymptotics of the density of g(n7) can be given in terms of P{g(n) > z} and the
scaling function w if further x* possesses a bounded density function such that P{x® > z} ~ pye(z)/w(z) as z — z4.
We shall omit these results here. Additionally the tail asymptotics of g(n) can be found also (using similar arguments
as in the proofs of Theorem 3) if instead of x in the Gumbel max-domain of attraction we assume that x is in the
Weibull max-domain of attraction, i.e.,

P{x > z4+ —s/z} ~s"P{x > 24 —1/z} asz— oo,

for any s > 0 with v > 0 some given constant. As in the Gumbel max-domain of attraction case, x? is in the Weibull
max-domain of attraction for some 8 > 0 if and only if x is in the Weibull max-domain of attraction, see Resnick
(1987) for details on max-domain of attractions.
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2 Discussion and Examples

In view of Theorems 1 and 2, the Gaussian chaos is a subexponential random variable if o > 2 (under the assumptions
therein). Subexponentiality of random variables is an important concept with various applications, see e.g., Embrechts
et al. [12], Foss et al. [14]. It is possible to show subexponentiality of Gaussian chaos under some weak conditions on
the homogeneous function h. As follows from the polar representation (3), the Gaussian random vector

¢ =vVBn<yWB¢ (22)
has covariance matrix B. Hence by the homogeneity property of h for any z > 0 we have
P{h(¢) > z} = P{x*h(VB¢) > z}. (23)

Assuming that h(v/B¢) is a positive bounded random variable, then in view of Cline and Samorodnitsky [10, Corollary
2.5] the random variable h(€) is subexponential if o > 2 because then x“ has the density function (5) which is of
Weibullian type with index 2/a < 1 and subexponential by this reason.

As follows from the representation (23), for h bounded on Sy_1, that is, h := max{h(u) : |ul| = 1} < oo,

P{n(¢) >z} < P{x* > z/h}

<L /OO d/a=1,-y*"/24 (24)
= 024210(d)2) Jo” v

This upper bound is explicit and valid for any homogeneous function h as determined above. For the special case of
decoupled polynomial chaos, upper bounds are known that are universal in d but less explicit in z, see e.g., Latala [31,
Corollary 1]. See also upper bound by Arcones and Giné [3, Theorem 4.3] where the case of general polynomial chaos
is considered; the corresponding upper bound is not always better in d than (24) and it is less explicit.

If (with necessity discontinuous) a function h is unbounded on the unit sphere S;_;, then it is possible that
P{h(v/B¢) > z} > 0 for any 2. Two cases of interest, which are also simple to deal with are h(v/B¢) is regularly
varying with index v > 0 and h(v/B¢) has a Weibullian tail.

In the first case where the tail of h(v/B¢) is heavier than that of x, by Breiman’s theorem (see [6])

P{n(¢) > z} ~ E{x"*}P{h(VB¢) >z} as z — oo.

Also, in view of Jacobsen et al. (2009) the converse of the above holds, i.e., if h(€) is a regularly varying random
variable, then h(v/B¢) is regularly varying too, with the same index. The second case that h(v/B¢) has a Weibullian
tail can be handled by applying Lemma 3.2 in Arendarczyk and Debicki (2011).

Notice that if the Gaussian vector & with covariance matrix B has a singular distribution, so that det B = 0,
then ¢ is valued in the linear subspace £ := {vBu : u € ]Rd} of lower dimension d* < d. Therefore, it is necessary
to proceed to a Gaussian random vector £€* in £ of dimension d* and to a new function h*(u) := h(u) defined on L.
In this way the problem is reduced to that with non-degenerate Gaussian distribution. For example, let d = 2 and
h(ui,u2) = us — uf/2. Let further n; and n2 be two independent N (0, 1) random variables, and set &, = (1, 72) and
&5 = (n2,m2). Then the tail of h(&;) = h(n1,m2) = 15 —n}/2 is equivalent to that of n3 which is much heavier than the
tail of h(€;) = h(n2,n2) = n3/2.

Example 1. Consider the chaos g(n) = |n1|* + ...+ |ng|® of order a > 0.

If @ = 2, so that we deal with y?-distribution with d degrees of freedom, then § = 1 and M is the whole unit sphere

Sq—1 (which is a manifold of dimension d—1) and as known, the density function of g(n) equals Wmdm_leﬂ”/?
If &« < 2, then the function y‘f/z—l-. . .+yda/2 is concave and, therefore, its maximum on the set y1+...+y4 =1, y; > 0,
is attained at the point y; = ... = yq4 = 1/d. Hence, § = d'=*/2 and M consists of 2% points (£1/Vd,...,+1/Vd)

(which is a manifold of zero dimension). Then, by (9), the density function of g(n) is equal to

1 _gi—2/ep2/a _
cgml/a 1@ di—2/ag2 /2(1—|—O(m 2/a)) as & — 00,

where
a 1 1

ql/a 7 -
" o flaen (- )|

co =

)

where g ;(vj) = %Id_l, j < 2% Therefore,

2d
- ad'/o=1/2\/27(2 — a)(d-1)/2’

Cc2

this is a special case of the result by Rootzén (1987, see (6.1)); see also Theorem 1.1 and Example 1.3 in Balkema
et al. (1993). We see that the power of z in front of the exponent is changing together with the dimension of the
manifold M.

If @ > 2, then g = 1 and M consists of 2d points (0,...,0,%1,0,...,0) (which is again a manifold of zero dimension)
and, by Theorem 1 with r = 1, the density function of g(n) is equal to

03a:1/a_1e_x2/a/2(1+O(a:_2/a)) as T — oo.
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Here the matrix gg_l(vj) is zero at every point v; implying

ho 2d
c3=— =

a aV2r’

In this case |n;|® has subexponential density

2 —1 —g?/e
xl/a l,-x /27

aV 2T

and the density function of g(n) is asymptotically equivalent to d multiple of the density function of |n;|* as z — oo,
see Foss et al. (2011, Chapter 4). Here the observation that M consists of d points (0,...,0,1,0,...,0) is nothing else
than the principle of a single big jump in the theory of subexponential distributions, see Foss et al. (2011, Section
3.1).

An equivalent way is to consider the Lo-norm g(n) = (|n1|*+...4+|nq4|%) /< of Gaussian vector  which delivers an
example of Gaussian chaos of order 1. It may be naturally extended for a general Minkowski functional h : R? - R
where h(n) is again a Gaussian chaos of order 1. Earlier tail behavior of Minkowski’s type of Gaussian chaos was
studied by Pap and Richter (1988).

Example 2. (Product of two Gaussian random variables &; and &2) Here we consider the case d = 2 and assume
without loss of generality that Varé; = Var{s = 1. Denote the correlation coefficient by p, p # —1. Then

- (1) -1

z >0,

‘ e

1/«

p1l 2 11 2 -11
and £ has the same distribution as v/ Bn. We consider the product

h(€1,&2) == &162 = g(n1,m2) = g(n% +m3) + mng,

so that o = 2 and g(u) = p(u? + u3)/2 + uruz. Given u? + u3 = 1, the maximum of wjuz is attained on M =
{(1/v2,1/v2),(~=1/v2,-1/v/2)} and equals § = (1+ p)/2. At both points of the maximum we have g5_;(v;) = p— 1.
Calculating ho we obtain for p # —1, as z — oo,

P{e162 > 2} = %x_l/ze_l/(prp)(l + O(l/m)),

1
Pee, (T) = E

Example 3. (Product of independent Gaussian random variables) Let 7 = (n1,...,7n4) be a standard Gaussian
standard vector, that is, its components are N(0, 1) independent random variables. Taking g(u) = uj ...uq we have
o = d and further § = 1/d%/? since

g2/ (4p) (1+0(/z)).

M = {(£1/Vd,...,+1/Vd) with even number of negative coordinates},

2d7 1

which consists of points (the product u; ...ug should be positive). Further, in the spherical coordinates

g(p) = sin?™ 1y .. singy_; cos @1 ...COS P41

For instance, at the point (1/v/d,...,1/v/d) we have cosp; = |/ g—==7 and sing; = ,/#ﬁp so that det J(1,¢) =
v/ (d— 1)!/d(d_2)/2 at these points. Additional calculations show, at any point ¢ € M,

. 2(d—i+1 L,
Ghei(0) = ~2g(@)d—i+ 1) =~ 2D o) =0 foriz ),

which yields |det g” ()| = 2¢1d!/d%¢=1/2 In this way we get the following answer

d—1)/2
Prr..ma(T) = 72( / g/d—1—da?"/2 (1+ O(xiQ/d)) as & — 00.
2nd
The intuition behind this asymptotic behaviour is the following (see e.g., Sornette (1998)): asymptotically, the tail of
the product is controlled by the realisations where all terms are of the same order; therefore py),...n,(x) is, up to the
leading order, just the product of the d marginal density functions, evaluated at 21/,

Example 4. (Product of components of a Gaussian vector) Let &€ = (£1,...,&;) = vV Bn be a Gaussian vector with
mean zero and with covariance matrix B and consider h(u) = uj ...u4. Further, decompose the symmetric positive-
semidefinite matrix vB as v’B = QT DQ where Q is an orthogonal matrix (the rows of which are eigenvectors of v/B),
and D is diagonal (having the eigenvalues of v/B on the diagonal). Making use of the representation (3) we deduce

h(€) = h(VBn) = x*h(VB¢) = x*h(Q" DQC).

Since Q is orthogonal the random vector ¢* := Q¢ is uniformly distributed on the unit sphere S;_;. Therefore, D¢* is
distributed on the ellipsoid F with the semi-principal axes of lengths equal to the diagonal elements of D. The product
of coordinates of QTv on v € E has only finite number of points of maximum; as above, denote this maximum by g.
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It is not clear how to identify the set M and the constants g and hg explicitly, in terms of the covariance matrix B,
but we may guarantee that, by Theorem 1 with r =1

pe,..e,(x) = const - g d=1e=(/*%/2 (1+ O(x_2/d)) as r — oo.

Example 5. (Quadratic forms of independent N(0,1) random variables) Let n = (n1,...,714) be as in the previous
section and let g(n) = Z?Zl a;n? where the constants a; € R are such that

a1 <az<...<ag_m <Gg_mt1=...=ag=a, a>0.

If m = d, then g(n)/a is a chi-square random variable. So we consider the case m < d — 1. Since

d—m d
2 2
gw)= > aui+a D 4
=1 i=d—m+1

and all a; < a for ¢ < d—m, the maximum of g(u) given ||u|| = 1 is attained at any point u such that u37m+1+. ctud =

land u; = ... =ug_pm = 0 implying § = a. We have further
d—m
glp) = a1 cos? w1+ Z a; sin? ©1 ... sin? Pi—1 cos? wi + asin? Q1 ... sin? Pd—m-
i=2
The set My, of dimension m—1 is the sub-parallelepiped of IT;_1, namely, My, ={p € IIj_1:p1 = ... = o4_m = 7/2}
for m > 2, its inverse image M is a unit sphere S,,—1; in the case m = 1 it consists of two points (7/2,...,7/2,7/2)
and (7/2,...,7/2,37/2). For ¢ € My, the matrix gj_;(¢) is diagonal with first entries 2(a; —a) fori=1,...,d—m

and zeros on the rest of diagonal, so
d—m
| det g (@) = 27" ] (@~ a)
i=1

does not depend on ¢ € M. Therefore,

/ |det J(1, )] dve, — mes M
M,

d

Y — —m d— N
|det gt . (¢)| 2= [Ii"va—a

Taking into account that mes M = mesS,,—1 = 27rm/2/F(m/2) we finally deduce, as x — oo

d—m

B 1 1 m/2—1_—z/2a
ng:1 ai’?? (:C) - a2m/2F(m/2) };[1 m(m/a) e (1 + O(l/m))7 (25)

which agrees (for the first order asymptotics) with Hoeffding (1964) (see also Zolotarev (1961), Imkeller (1994),
Piterbarg (1994, 1996), Hiisler et al. (2002)).
Example 6. (Scalar product of Gaussian random vectors) Closely related to Example 5 is the scalar product of

two independent Gaussian random vectors, namely we consider the Gaussian chaos g(n,n*) = Zle a;mim; with n;,
7y, i < d, independent N(0,1) random variables. Indeed, since 7;n; coincides in distribution with

miEnfni =0 nf =0

V2 V2 2

we have the equality in distribution
A d
2 2
g(n,m") = 5(2 ainf =Y ain )
1=1 1=1
Therefore, if
lar| <laz2] < ... <l|ag—m| < l@g—m+1l = ... =lag] =a, a>0,

then the asymptotics of the density given by (25) is applicable, and we have as z — oo

1 il 1 m/2—1_—x/a
Patnin) () = gy 1L r=gazaa /o™ e+ 01/2))

We note that results for the scalar products of Gaussian random variables are derived in Ivanoff and Weber (1998)
and Hashorva et al. (2012).

Example 7. (Determinant of a random Gaussian matrix) Let A = [A;;];";_; be a random square matrix of order
n whose entries A;; are independent N(0,1) random variables. Then its determinant is the following function of A;;:

det A = Z sgn(o) ﬁ Aioys

oESy i=1
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where Sy, is the set of all permutations of the set {1,2,...,n} and sgn(o) denotes the signature of o € Sy,. Clearly, the
determinant g(A) := det A is a continuous homogeneous function of order a = n. Here we have d = n?.

The determinant of the matrix A represents the (oriented) volume of the parallelepiped generated by the vectors

Ai = (Aila"'aAin)7 1= ]., ceey N Given
n
S lad? =1,
i=1

the maximal volume of this parallelepiped is attained on orthogonal vectors A; which are of the same length, that is,
on the n-dimensional cube with side of length 1/1/n. Therefore,

g:= max det A =n""/2.
AP A% =1

i,5=1“Yij
The manifold consisting of points where the maximum g of g(A), A € S,2_;, is attained, that is,
M:={A:detA>0,|A1]| =...=|An|]| =1/v/n and Ay, ..., A, are orthogonal }

has dimension m = (n? — n)/2. Therefore, by Theorem 2,

n—1 1

n—1_ 1 _nm2/n/2 _2/n
P{det A >z} =czx 2 “ e (1+0(= )) asz — oo, (26)

for some ¢ = ¢(n) > 0; the computation of this constant is questionable. This answer agrees with Theorem 10.1.4(i)
by Barbe (2003) in the exponential term and gives the correct power term.
Another way to show this result is to recall from Prékopa (1967, Theorem 2) that

det AL ]2 (27)

i=1

where x2, ..., x2 are independent random variables and X? is chi-square distributed with ¢ degrees of freedom. In the
case n = 2 it easily follows by conditioning on n; and ns3:

d d
det 4% £ (mm2 + 773774)2 = ?7%(773 + 77%) =: X%X%

where 11, ..., n7 are independent N(0,1) random variables. The representation (27) provides an alternative way of
deducing the tail asymptotics of det A, since we can readily apply Lemma 3.2 in [1].

Example 8. (Gaussian orthogonal ensemble) Now let A = [A;;];";_; be a random square symmetric matrix of
order n whose random entries A;; are independent for 1 <i < j <n. Let A;; = n;; for j >4 and A;; = ony; where 7;;
are independent standard random variables and ¢ > 1. In the special case o = v/2 the matrix A is called the Gaussian
orthogonal ensemble.

Here the determinant g(A) := det A is again a continuous homogeneous function of order o = n; d = (n? + n)/2.
Due to the coefficients ¢ > 1 on the diagonal, the maximal volume of the corresponding parallelepiped is attained on
the orthogonal vectors (+o//n,0,...,0), ..., (0,...,0,4+0/\/n) with even number of minuses. Hence, j = (o2 /n)"/2.
Since M is finite, we apply Theorem 1 and deduce that

P{det A > z} ~ cg~V/mena®/" /207

as  — oo, for some ¢ = c¢(n) > 0.

An alternative approach for computing asymptotics of the tail of the Gaussian orthogonal ensemble (where o = v/2)
is to make use of the fact that the joint density function of the eigenvalues A1(A) < ... < Ap(A) is known and is equal
to

e WPy, < < yn} 11w — v,
i<j
with some explicitly known normalising constant ¢’ = ¢/(n) > 0, see e.g., Theorem 2.5.2 in Anderson et al. (2010).
Clearly this approach is more complicated from computational point of view because of the singularity of the product
Hz‘<j(yj —y;) on the diagonal y1 = ... = yn.

Indeed, there are Gaussian chaoses where Theorems 1 and 2 are not straightforward applicable because of degen-
eracy of their Hessian on the set M of extremal points. This is exactly the case of diameter of a random Gaussian
chaos which is discussed next.

Example 9. (The diameter of a random Gaussian cloud) Let n, = (ng1,---,Mkm), k=1, ..., n, be i.i.d. random
vectors in R™; here i, k=1, ..., n, 1l =1, ..., m, are independent N(0,1) random variables. The set of random
points {n;,k < n} may be called the Gaussian cloud. The problem is how to approximate the distribution of its
diameter

Dy = ma - .
n 1SkSlXSnH77k ulll
In [29], Matthews and Rukhin study limit behavior of D3 as n — oo. Here we discuss the problem of estimation of
the tail of Dy, for a fixed n. First of all notice that it is equivalent to tail estimation of g(n,...,n,) := D? which
represents a smooth Gaussian chaos of order a = 2, with d = mn. Since the cases m = 1 and m > 2 are different,
consider them separately.
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First consider the case of dimension 1, m = 1. For any k # [, introduce T}, as the set of all vectors (v1,...,vn) € R"
such that v; = 0 for all i & {k,l}, v, = —v; and v}, = £1/v/2. Then, given v? + ...+ 712 = 1, the maximal value § of D2
is attained on M = Uy T}y; this set consists of n(n — 1) points. In particular,

g = _ max max_ (vg —v;)° = (1/vV2 - (-1/v2))* = 2.

Yr_, vi=11<k<I<n
Therefore, by Theorem 1,
P{DZ >z} = ho(z/2) 2 /4 (1 + O(1/2)) as z — oo,

where

1 ggfl(vl,...,vn) -1/2
o= L e (Besl )y
=ty . -

(V150 00) €EUE, 1 T

The latter sum consists of n(n — 1) equal terms. Consider a typical representative, Vo := (1/v/2,-1/v/2,,0,...,0),

which contains n — 2 zeros. Consider the following orthogonal system of vectors Ei, ..., E,_; in the hyperplane
L:={V cR":(V,Vy) =0}: the vector E; := (1/v/2,1/+/2,0,...,0) € R” plus an orthogonal system Es3, ..., E,_1
in {(0,0,v3,...,vn) € R"}. Since the function g(v1,...,vy) is equal to (v1 — v2)? in some neighborhood of the point

Vo, the Hessian of the function g at point Vg is the following square matrix of size n

2-20...0
-2 20 ...0
=] 0 00 ...0
0 00...0
Then the Hessian of the function g restricted to the hyperplane Vo + L is zero square matrix of size n — 1, because
its entries are equal to (¢" E;, E;). Hence we conclude that ho = \/%n(n — 1), so that in dimension 1
P{D, > z} = P{D2 > 2*} = nn — 1)e*g’fz/‘*u +0(1/2%) asz— occ.

VTx

Next, we show that in dimension greater than 1 the situation is more complicated. For any k # [, introduce T}; as
the set of all vectors (v1,...,vn) € R™" such that v; =0 € R™ for all i € {k,l}, vi, = —v; € R™ and vy; = +1/v2m
for all + < m. Then, given

2 2
[oall” + ..+ flonl” =1,
the maximal value § of D? is attained on M = Ug1Tk; this set consists of 2"’@ points. In particular,
m
g= max max v — v :Z(l/\/2m—(—1/\/2m))2 =2

) 2 _
k=1 ity vg,=11<k<I<n i=1

independently of m and n. In order to apply Theorem 1, we need to compute the following constant

" .o, Un —1/2
ot (J2 o) g

1
ho ::E Z

(V1,0 00) EUR 1 T
The latter sum consists of equal terms. Consider a typical representative,
Vo:=(1/v2m,—1/v2m,0,...,0),

which contains m coordinates equal to 1/v/2m, m coordinates equal to —1/v/2m, and m(n — 2) zeros.

Consider the following orthogonal system of vectors E1, ..., Emn—1 in the hyperplane £ :={V € R™" : (V, V) =
0}:
E; ey 0 0...0
E-> es 0 0...0
Enpn-—1 en—1 0 0...0
En, =10 el 0...0
Ent1 0 es 0...0
Eom—2 0 en—1 0...0

Eopm_1 1/V2m1/v/2m0...0
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where e, = ,—k,0,...,0) with k£ units and m — k — 1 zeros; plus an orthogonal system Egp,, ..

)

— _(1,...,1
VE(k+1)

En—1 in {(0,0,v2m41,...,Umn) € R™"}. Since g(v1,...,vs) = ||v1 — v2||? in some neighborhood of the point Vo,
the Hessian of the function g at point Vg is the following square matrix of size mn

with m(n—2) zero diagonal entries. Computing the entries of the Hessian of the function g restricted to the hyperplane
Vo+ L via (¢"E;, Ej) we get that

Lnfl‘*Lnfl *Lnfl‘*Lnfl
_Imfl Imfl " 1 _Imfl _Imfl
9a— _
gd—1 =2 0 ; 41_Id71:§ 2
0 -2

Hence we conclude that det(g)]_;/4 — I;_1) = 0 in the case m > 2, so that P{D, > a:}aveg”Q/4 — o0 as & — oo. This
example calls for study of degenerated Hessians but we do not concern this question in the current paper.

Similar examples can be given for spherical chaos by applying our Theorem 3. The calculation of ho therein is
readily obtained using the results of previous examples. Note that the determination of § and the parameter m is
the same as for the Gaussian chaos. In order to avoid repetition we present only the case of Examples 1 and 7; the
remaining cases can be easily extended by studying the next two examples.

Example 10. Let 1 be d-dimensional random vector which is spherically distributed, such that (1) holds with x
a positive random radius. Consider g(n) = |m|® + ... + |ng|® with @ > 0 given and assume that x® has distribution
function in the Gumbel max-domain of attraction with some scaling function w.

If « € (0,2), then by Example 1 we have m =0 and g = dlfo‘/z, hence by Theorem 3 we find that, as x — oo,

P{g(n) > o} ~ ho(ww(z/§)) = P{x* > z/4}

as x 1 gx4, where

_ 222r(d)2)575
- d—1 .

V(a2 —a)) T

ho

In the case a > 2, then § =1 and m = 0 as in Example 1 and we find that

FHdr(d/2)
N

(mw(m))%dﬂb{xa >z} asz — oo.

Plg(n) > 2} ~ (2)

We note in passing that the above results agree with the direct calculations in [16]; the case a = 2 is discussed in [18].

Example 11. (Determinant of a random spherical matrix) Let A = [A4;;]";_; be a random square matrix of order
n and let A* = (a1,...,an) be the n? x 1 vector obtained pasting the rows of 4, i.e., a; = (A;1,...,As) is the ith
row of A. Suppose that A* is a spherically symmetric random vector meaning that

ALy

with x > 0 being independent of ¢ which is uniformly distributed on S,2_;. We consider again g(A) = det A which is
a continuous homogeneous function of order o = n. Note that if x? has a chi-square distribution with n? degrees of
freedom, then A is the matrix in Example 7. Hence for this case, if x* € GMDA(w, z4+) with x4 = oo, say, then since
by Example 7 we have m = (n? —n)/2 and j = n~"/2 4 =n?, then Theorem 3 entails

n24n—2

P{det A > z} ~ c* (a:w(xnn/Q))_ TP > mnn/2} (28)

as z — oo for some constant ¢*, which can be calculated iteratively by applying Lemma 3.2 in [1] as mentioned in
Example 7.
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3 Proof of Theorem 1

The proof is based on the polar representation (3) for a d-dimensional centered Gaussian random vector m with

identity covariance matrix, n 4 x¢, where x and ¢ are independent, x? = Z?Zl 772-2 has x2-distribution with d degrees
of freedom and ¢ is uniformly distributed on the unit sphere S;_; C R?. The tail distribution of the random variable

a(m) £ g(x¢) = x*9(¢)

is equal to

Blo() > ) = | " e 0)P{9(C) > x/y}dy

/9

4 d/oa—1_—y?/*/2
a2d/2—1F(d/2) /;/gy e P{g(¢) > z/y}dy (29)

by the equality (5) and boundedness g(¢)
need to estimate the probability P{g(¢) >
volume of the unit ball B;_; in R~!

< g. In order to compute the asymptotics for the latter integral, we first
g — t} for small positive values of ¢. Hereinafter VolB;_; stands for the

Lemma 1 Under the conditions of Theorem 1

P{g(¢) > gt} = Zgit%“ + O(t%—w) ast |0,

i=0
where
a—1 Vol By_, -1 /2
go=22 mesS,_ 121’dtgd 1(vj) = (@g)lg—1)]
and where further coefficients gi, ..., gr only depend on «, g, and derivatives of g(p) at points P;-
. . (d—1)/2 o
Since VolB,;_; = W and mesS;_; = T(d /2), the expression for the coefficient go may be rewritten in the

hyperspherical coordinates as follows (see (10)):

9d/2-1 F(d/2 b

g [det /(1 ¢)
07 " ar T([d+1)/

_7:1 1/ |detg/l(4p )

Proof Without loss of generality we consider the case where M consists of a single point v;. First prove that

Pﬂ

P{g(¢) > Gt} ~got > astl]O.

Introduce the hyperspherical coordinates of the random vector ¢ = (¢1,...,¢q) € Sq—1 as v = (v1,...,v4_1) €
II;_;. Since ¢ is uniformly distributed on the unit sphere S;_; in R?, the density function of the random vector
v=(v1,...,v4_1) € Ig_1 equals %M, @ € I _q, which implies

1 /
mesSq—1 pEllg_1:9(p)>g—t

P{g(¢) > gt} = |det J(1, ¢)|dep. (30)

Since g is at least twice differentiable and attains its maximum at point ¢,

0@) =i+ 5 (16" + ANl — 01— 1 ),

where all the coefficients of the matrix A(¢) go to 0 as ¢ — ;. Therefore, the inequality g(¢) > g —t is equivalent to

~((6" (1) + Ale) (e~ w1) 0 — 1) <21,
Fix € > 0. There exists 6 > 0 such that
—elj_ 1 < A(p) <ely_; for all ¢ such that || — @] < 6. (31)

Then, for all sufficiently small ¢t > 0, the set {¢ : g(¢) > § — t} is contained in the (d — 1)-dimensional ellipsoid

((—g”(cpl) —elg_1)(p — 1), P — sol) < 2t,

whose volume is
VO] Bd—l d—1

et o) + e o T
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On the other hand, (31) implies that, for all sufficiently small ¢ > 0, the set {¢ : g(p) > g — t} contains the (d — 1)-
dimensional ellipsoid

((79”(991) +elg_1)(p—@1), 0 — @1) < 2t,

whose volume is
VOl Bd -1

Vdet(g" (1) —elg—1)] e

Since € > 0 may be chosen as small as we please, the above arguments yield that the volume of the set {¢ : g(¢) > g—t}
is proportional to

Vol ]Bd—l

|det g (¢1)]
Together with (30) this proves the required asymptotic behavior of the probability P{g(¢) > g — t}.
Next, given that g is differentiable sufficiently many times, the probability P{g(¢) > § — ¢} clearly possesses the

d—1+1

decomposition with terms ¢ 2 . It turns out that in reality all terms with ¢ odd have zero coefficients. So, it remains

(2t)% ast 0.

d— .
to prove that the asymptotic expansion of the integral (30) only contains the terms +“7+% and does not contain terms

of order % + % + 4. It is done in Lemmas 2 and 3 below and the proof of Lemma 1 follows.

Lemma 2 Let a function g(u) : [=1,1] = R possess an asymptotic expansion

2r+42 )
g(u) = Z giv' +o(u* ) asu—0,
=2

where g2 > 0. Let g(u) be strictly decreasing for uw € [—1,0] and strictly increasing for u € [0,1]. For t € (0,g9(—1) A g(1)),
denote by u™ (t) the unique positive value of g~ *(t) and by u™ (t) the negative one. Let a function w(u) possess an asymptotic
expansion

27
w(u) = szul +o(u®")  asu— 0.
i=0

Then
uwhee 2wo - 1/2+4i 1/2+
w)du' = Z=2VE+ Y ugt '+ o(t ") astlO (32)
/u(t) V92 ; ’
and
ut(t) w r+lo
/ [ |w(u)du' = =2t + Z Uit' +o(t"™) ast 0, (33)
u= () 92 =
where coefficients ui, ..., ur and Uz, ..., Ur4+1 only depend on g;’s and w;’s.

Moreover, let © be a parameter set and let, for every fized 0 € O, the functions g(u,0) and w(u,0) satisfy the conditions
stated above. Suppose that

inf
912(_)92(0) >0

and that all coefficients are uniformly bounded on O,
sup |gi(0)] < oo, i€{1,2,...,2r+ 2},
0co

sup |w;(0)| < oo, €{0,1,...,27},
0coO

and the remainder terms are uniform on ©:

2r4+2 )
sup g(u, 0) - Z gi(e)ul = O(u2r+2)7
6co P
2r )
sup |w(u, §) — w; (0)u'] = o(u*"
sup (u,0) ; i(0) (u™)

as u — 0. Then, for
t € (0, ming(~1,6) A min g(1,0 )
€ (0.ming(~1,0) A ming(1,0)
the asymptotic expansion
T 0 / r_ 2wo() - 1/2+i 1/2

/ w(e,0)d’ = 2200 i S (0 4 o(et/ 2 (34)

w= (£,0) g2(0) =1
holds as t | 0 uniformly on © and

/u+(t,0) / / / w0(9) % i +1
|u'|w(u', 0)du’ = t+ > w0t +o(t" ). (35)
u= (t,9) 92(0) =
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Conditions of Lemma 2 almost immediately imply that
2r )
wt () =Yt Lot 2 as it 0,
=0

so that the asymptotic expansion (32), with w(u) = u, is equivalent to the nontrivial property that uj‘ =u,; for odd
i. It is unclear how it may be proven directly, so our proof of (32) is based on a different approach.

Proof The function

f(u) ::u\/g(u)/U’Q? u € [7171]7

is invertible. Here the function g(u)/u? possesses the asymptotic expansion

2r
g(u)/u® = g2 + Zgzurzul +o0(u*) asu— 0.

i=1
Therefore,

2r+1 )

fu) = \/!E(U + ) fit O(uzrﬂ)) as u — 0,

i=2

where f; is a polynomial of g3/g2, ..., gi+1/92. Let f_l(t) be f inverse. It follows that the inverse function possesses

an asymptotic expansion at zero up to order 2r + 1:

2r+41
FHO = t/Va+ Y alt/VaR)' + ot ast—0; (36)
i=2
here ¢; is a polynomial of g3/ga, ..., gi+1/92; the remainder term o(t*"*') may be bounded via the remainder term
in the asymptotic expansion of g and the coefficients in it. Since the function W(u) := fouw(u')du/ possesses an
asymptotic expansion at the origin up to order 2r + 1,
2r+1 )
W(fH(t) = wot/ g2 + Y Ci(t/v/G2) +o(t") ast—0,
i=2
where ¢; is a polynomial of the coefficients g3/g2, ..., gi+1/92, wo, ..., w;i_1; here the remainder term o(t*" 1) may

be bounded via the remainder term in the asymptotic expansions of g and W and the coefficients there. Therefore,
ast— 0,

W(f_l(t)) - W(f—l(_t)) = 2wot/\/g2 + 2252”1(15/\/972)2”1 + 0(t2r+1).

Taking into account that u™ () = f~(v/*) and u™ (t) = f~'(—+/t) we conclude the desired asymptotic expansion (32).

The uniform version of it—(34)—follows by noting that the coefficient g2(6) is bounded away from zero and that all

the coefficients ¢;(6) are polynomials of bounded coefficients g3(0)/g2(0), - .., g2r+2(0)/g2(0), wo(6), ..., war(6).
Concerning (33), denote

W) = /0 Yl

then

ut (1) ut (1) 0
/ v’ |w(u)du' = / u'w(u)du' — / u'w(u)du'
u~ (t) 0 u~ (t)

=Wt (1) +W(u (t).
Since the function W(u) possesses the asymptotic expansion

2r
W (u) = %f + Z w2 4 o(u? ) as u— 0,
i=1

w;
i+ 2
we conclude from (36) that

2r4+2

W(TH0) = 506+ D0 Elt/vE)' + ot ).
1=3

Therefore, as t — 0,

r+1
W)+ W (=) = %# + 3 26i(t/v/52)> + o(t*7 7).
=2

Substituting the equalities u™ () = f~!(v/%) and u™ (t) = f~'(—v/t), we deduce the desired asymptotic expansion (33).
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Lemma 3 Let a function g(u) : By — Rt possess an asymptotic expansion

2r+2
g(u) = (Gau,u) + Z gi(w) 4+ o(|[ul* ™) asu— 0,
i=3

where Gg is a positive definite matriz and g;(u) is a homogeneous polynomial of degree i. For t > 0, denote by B(t) the set
of all u such that g(u) < t. Let a function w(u) possess an asymptotic expansion

2r
= wi(u)+o(|ul*) asu—0,
1=0

where w;(u) is a homogeneous polynomial of degree i. Then

wo Vol By (472 44/2+ d/2+4r
w(u)du = +E + o(t ast ] 0, 37
/B(t) (w) vdet Go o ) (37)
where coefficients ui, ..., ur only depend on coefficients of the polynomials g;’s and w;’s

It is questionable how to extend the previous proof for multidimensional case d > 2. For example, if g(u) =
u||? + u$, then one may think of considering the invertible function
1 y g

f(u) = u/g(u)/|[ull?> = uy/1+ ui/|ul2.

Clearly, the function u3/||u?> doesn’t possesses an asymptotic expansion with respect to w and this observation
blocks the proof available in dimension 1. By this reason we proceed in a different way, by passing to hyperspherical
coordinates which allows to reduce the problem to the case d = 1.

Proof For d =1, VolB; = 2 and the assertion is proven in Lemma 2.

Consider the case d = 2. For 6 € [0, 7), let 1(f) be the line passing through the points (0,0) and (cos#8,sin#). Since
G2 > 0, there exists a tg > 0 such that, for all ¢ < ¢, and 6 € [0,7), the set B(t) NI(#) represents a segment, say
[b=(6,t),b%(0,t)] where bT(0,t) € R x RT. Denote u*(6,t) := ||bT(6,)||. Then passing to the spherical coordinates

(0,u) we deduce the equality
ut(6,t)
/ u)du —/ d0/ |u|w(ucos @, usinB)du (38)
B(t) (6,t)

2r
w(ucosf,usinf) = wo + Z w;(cos 0, sin )u’ + o(u®"),
i=1

We have

so that Lemma 2 is applicable and we conclude that

+(0,t) w T+l ,
/ u|w(ucos B, usin 0)du = —2 ui (0)t" + o(t" 1)
u=(0,0) 92(0) =

as t | 0 uniformly on [0, 7) where
g2(0) = (G2(cos ,sinb), (cos b, sin b)).

Taking into account that

4 do T
/0 (G2(cos@,sinh), (cosh,sinf)) ~ /det G
and VolBs = 7, we finally come to (37) for d = 2.
In the same way we may proceed with an arbitrary d > 3. First we pass to the hyperspherical coordinates

ut(6,t)
/ w(u)du = / det J(1,9)d9/ |4 w(u, 8)du,
B(t) [0,m)d—1 u=(6,t)

then integration along the radius which is covered by Lemma 2. Final integration with respect to angles completes
the proof of the asymptotic expansion and the lemma follows.
We also need the following version of Watson’s lemma.

Lemma 4 Fiz v € R and positive yo, B, ¢ and §. Then, for any r > 0, the integral

I(z): = /OO e (yo — z/y)°dy

z/Yo

possesses the expansion
Lh- 498 r »
I(z) = (y ) el /y0)” (Z Lz P 4 O(afﬂ(ml))) as & — oo,
0 :
=0

where Ip = I'(1 + 5)yg/(cﬂ)l+6'
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Proof Denote A := c(z/yo)?. Changing variable y := (z/y0)z"/? we find that

Wyl [ a1 5 —Az
-1
I(z) = (yo) 5 z B (2 )%e”**dz

_ 14y 48 —A/OO a1 B —1/8Y6 —Au
_(yo) Gt | 4w (1= (1 +u) By,

Ifr>VT#—2—5then7 for all u > 0,

1 — —1/B\9 T .
’(14_ )ﬂfl(&) —i—i-Zc;uz <

u

/ /
for some ¢; and ¢’ < co. Hence,

14+ .
‘I(m) - (—) e Z I; / wTe M duy
where I} = y5/81% and I} = ¢/y3/8 for i > 1. In its turn,

> WMy, = ré+i+1) I(6+i+1) (i)fﬁ(lmﬂ)
0 ALHO+i T 140+ %0 5

oo
< I’:z:”"’e_’\/ WO LN g,
0

which completes the proof.
Let us proceed with the proof of Theorem 1. Substituting the result of Lemma 1 into (29) we deduce that, as
T — 00

P{g(n) >z} ~ : i )
Voral((d+1)/2) = | /et g (,)]

X/Oo d/oa—1 —yz/“‘/Q( x/y)(d—l)/Qdy.
/9

Now we apply Lemma 4 with yo := g, v:=d/a—1, f:=2/a, c:=1/2 and § := (d — 1)/2 we deduce from that the
following asymptotics, as x — oo:

5 ldet J(1, )] a\—1/a _, oere
Pla(n) > o} ~ (20 DL ()70 w2
T 214 /ldetg” (@;)] MY

which completes the proof of the tail asymptotics.
Next, we prove the claim in (2) which shows a tractable expression of the density of g(n) in terms of tail charac-
teristics of g(n).

Lemma 5 The density function pgy,) of distribution of g(n) restricted to R\ {0} exists and possesses the representation
(2). Moreover,

1

1 o0 a1 —y2/o
Py(m) (@) = (an/Z’lF(d/z)/ Yyt RRLG(¢) > 2 /y}dy

—d-Plg(n) > x}), (30)

where ¢ 1s uniformly distributed on Sg_1.

Proof Since m is a standard Gaussian random vector,

d “1/a
Py(m) (z) = *@P{g(w Yepy > 1)

_ _d<xd/”‘/ a2/ o] /de)
dx \ (2m)d/2 {vERd:g(v)>l}

d wd/oz

oz (2m)/? /{vERd:g(v)>1}
x2/o¢—1 xd/a

_ 2/« vll2/2
v lv|2e™® 1017/2 44,
@ (27r)d/2 /{vERd:g(v)>1}

_ 2/ 2
e LI

Therefore,

2/a—1
E{||lz~*n||%; g(z~"/*n) > 1},

d —1/a
Py(m) (2) = ——Plg(x Vopg)y> 13+ 2
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which implies (2).
Similarly to (29), we derive from (5) the equality

E{nl|*; 9(n) > 2} = E{E{(x*)**I{g(¢) > =/x*}} | x}

= / h v* “pye (y)PLg(¢) > z/y}dy

/9

1 T (d+2)/a—1 —y?/* /2
= e’ P > z/ytd
an/Q—lp(d/Q) /z/gy {9(¢) /y}dy
establishing thus the proof.
Further application of Lemmas 1 and 4 completes the proof of the density function asymptotic expansion.
In the Gaussian case, yet another approach for estimating the tail of Gaussian chaos seems to be applicable.
Consider n independent copies 1y, ..., n,, of n, then

P{g(n) >z} = P{g(%) > x} :P{g(Th + n +17n) > n:/Q }

Therefore, considering = = tn®/?, we have

Plg(n) > o} = P{g( ) 5 ¢,

Hence, this reduces the problem of the tail behavior as x — oo to that of large deviation as n — oo. Then one may
try to apply some results on asymptotic expansions in large deviations, for the distribution as well as for the density,
see e.g., Borovkov and Rogozin [8]. We just mention that it is easily seen that the integration over a domain of the
asymptotic expansion for the large deviation probabilities is not simpler than our integration related to a chi-squared
distribution.

We conclude this section with the proof of the equality (10) which follows from the following result.

Lemma 6 Under the conditions of Theorem 1 at every point v; = hj(z;) € M, z; € (0, 2)471 % {1}

(T () (g0 hy)i—1(z)J; M (z5) = gli—1(v5) — gadg_y.

Proof Indeed, since v; is the point of the maximum of the function g, Taylor’s expansion at this points reads as
follows: with v = h;(z),

3 (90 )ioa (=) (= — %), 2 = 25) + olllw — ;1)
3 (90 h)ia () (17 () — B 0)),h5 () — 7 (2)) + oo — 511)

as v — v;. Since
hit(v) = byt (vy) = J; (=) (0 = v;) + o([[lv — v;]),
we obtain that

g(v) =g+ 1((9 o hy)"(25) 5 (25) (v — v5), J; H(2) (v = ;) + o(Jv — v;]|*)

\V]

(40)

as v — v;. Consider the projection u of the point v onto the hyperplane (u1 — (v;)1)(v;)1+...4 (ug— (v;)q)(v;)a = 0.
The equalities

lv—ul| =1-(v,v;) = (v,v—v;)
=(v—v;+v,v—v;)
=|v- 'uj||2 + (vj,v) -1
yield that
v = ull = [lv - v;]1%/2 = l[u = v;]%/2 + o(flu — v,[| ). (41)

Applying this in (40) we deduce that

g(v) =g+ %((Jfl(zj))T(g o hj)d-1(25)J; (2) (w = v;), u = v;) + of||lu — v;|%).

(42)
On the other hand, again by Taylor’s expansion
.1
g(u) = g+ 5(gd-1(v;)(u—v;),u —v;) + o||u — vil?)  asu— ;. (43)

In addition

g(u) + (Vg(u),v — u) + O(|lv — u|?)
= g(u) + (Vg(v;),v — u) + O(||u — v;||*) (44)

9(v)
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because Vg(u) — Vg(v;) and v — u = O(||u — v;||?). Since v; and v — u are collinear,

9(vj +=v;) — g(v5)

(Vg(o;),0 —w) = [l u| lim ;
By the homogeneity of the function g,
. A ) @
lim 9(v; +ev;) = 9(v;) = g(v;) lim Ate-1 = —ga,
e—0 € e—=0 €

so that we have

(Vg(vj),v —u) = —galjv —u

1.
= —giau = vju—v;) +ofllu - v;*),

by the equality (41). Combining (42), (43) and (44) we conclude the desired equality of the matrices.

4 Proof of Theorem 2

Since M is C?"T2-smooth manifold in S;_;, there exists some neighborhood U of M in R? such that it may be
partitioned into a finite number of disjoint sets Ui, ..., Un such that, for every 1 < j < n, the manifold M N U;
is elementary, that is, there exists some bijection h; : [0,2] — cl (U;) (the closure of U;) which is 2r + 2 times
differentiable, non-degenerate and such that

h;([0,2)97 x {1}) = Sg_1 Nl (U;) and  hj([0,2]™ x {1}*7™) = M N cl (U;).

It is non-degenerate in the sense that its Hessian is non-zero at every point z € |0, Q]d.
The proof of Theorem 2 follows the lines of the previous one. The main difference consists in the estimation of the
probability P{g(¢) > g — t} for small values of ¢ > 0. Because of this, we only need to show the following result.

Lemma 7 Under the conditions of Theorem 2

T
P{g(¢) > g—t} = Zgitdﬂ‘fm” Tt ast o,
i=0
where VolB
_ gd=i=m Volbg_1_ " A —1/2
go=27 Wd_lm /M‘det(gdflfm(v) —(@g)lg—1-m)| TV

p(d—1-—m)/2 ond/2
I'((d+1—m)/2) r(d/2)’
constant go, in terms of the hyperspherical coordinates:

2d/2-1 I(d/2) |det J(1, )]
(2m)+m)/2 T((d + 1 —m)/2) dVe.
Mo [ldet gy ;. (o)l

Since VolBy_1_,, = and mesSy_1 = we have the following alternative representation for the

go =

det J; d—
rncles ?del(:‘l)[]‘])’ zc [07 2} 1’

where J;(z) is the Jacobian matrix of the function h; restricted to the first d — 1 coordinates. Then h;(v;,1) has the
uniform distribution on the set S4_; N U;.
Let ¢ > 0 be so small that the t-neighborhood of M is contained in the set U. Consider the following decomposition:

Proof For every j < n, consider a random vector v; valued in [0, 2]%~! with density function

M=

P{g(¢) > g -1t} = ) P{g(¢) >g—1t,¢ €Sa1 NUj;}

.
Il
=

mes (Sq_1 NUj)
mesSy_q

[
tgs

{9(hj(v;,1)) > gt}

1

.
Il

and compute the asymptotic behaviour of the jth term on the right. Since h;([0,2]™ x {1}97™) = M N cl(U;), we
have g(h;(s,1,...,1)) = g for every point s € [0,2]™. The function g(h;(s,,...,-,1)) of d — 1 —m arguments is 2r + 2
times differentiable. Then the same arguments as in Lemma 1 yield the decomposition

T
. d—1-m , . d—1-m
P{g(hj(v;,1)) > g—t|v; € {s} x[0,2]7 7"} = gji(s)t- 7 4ot =z )
=0

as t | 0 where
w VOle—l—m |detJj(s,1,...,1)|
mes (Sg—1 NUj) /[ det(g o hy)"(s,1,...,1)]

gjo(s) =2
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where the Hessian of g o h; is taken with respect to the last d — 1 — m arguments. Integration over s € [0,2]™ finally
implies that

P{g(hj(v;,1)) > g —t} = Zgﬂ ot )
1=0

as t | 0 where
d—12—m VolBg_1—_m |det J'(S,17...,1)|

mes(gd_lﬂUj) [OQNL \/|det(goh ) (871,.4.71)‘

gjo =2 ds,

which proves the lemma.

5 Proof of Theorem 3

The crucial step of the proof is again to find the tail asymptotics of g(¢). As in the proof of Lemma 7 we have

—1—n

d n
P{g(¢) > g—t} ~got 2 ast |0,

where
(2m
90 = ((d+1—m)/2) /MS‘, /|detgd A (45)
Next—here we follow a simplified version compared to Hashorva (2012)—
P{g(n) > 2} = P{x"g(¢) > «}
= [ P{st0> s fpne esli+an
o o X o E dy
= [, Mo G B0 G - wm)
_ @ x o ~ gQ Yy
=Fx >’§}K;Hﬁg“>>g"mw%@)1+y@@w@v@}
dy ° T
IP{X €= + (x/g) > 5}. (46)
Since zw(z) — co as x — oo,
~2 2 d—1—m

Plo©1> - ol i)~ e

as z — oo uniformly on any y-compact set. In addition,

P{g(() >9- xw?x/ﬁ) 1+ yg/iw(x/g)} : P{Q(C) = _a:wy(gx/g)}
<(aterm)

for some ¢ < oco. The latter asymptotics and upper bound allow to apply Lebesgue’s dominated convergence theorem
in (46) and to conclude that, as z — oo,

P{g(n) >z}

92 =5 o T * amiom a T dy o x
go(iA) ]P){X > 7}/ y 2 IFD{X € =+ = ’X > 7}-
zw(z/g) 91 Jo g w(x/g) g
It follows from the Davis—Resnick tail property—see [11, Proposition 1.1]—that, for any fixed v > 0, there exists a
c1 < oo such that for all u, v >0

P{x® > u+v/w(u) | x* >u} <ec1/v”.

This ensures the following convergence of moments

Rl —1—m
/ y P{xa€§+ dy_ X
Jo g w(m/g)

and hence the first claim follows.
Since further the scaling function w(-) is self-neglecting (see e.g., Resnick (1987)) i.e.,

w(t+s/w(t)) ~w(t) ast?t oy

locally uniformly in s, then g(n) is also in the Gumbel max-domain of attraction with the same scaling function w as
x%. Thus the second claim follows.
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